
 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

WHAT IS THE EFFECT OF 

PARTITIONING A SHOPPING CART ON 

CONSUMERS’ HEALTHY PURCHASE 

BEHAVIOR: A FIELD STUDY 
 

 

Word count: 15.981 

 

Wouter Eeckhout 
Student number : 01301232 

Eva Vansteenkiste 
Student number : 01308533 

 

Supervisor: Prof. dr. Iris Vermeir 

 

Master’s Dissertation submitted to obtain the degree of: 

 

Master of Science in Business Economics 

 

Academic year: 2016  -  2017  



 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

WHAT IS THE EFFECT OF 

PARTITIONING A SHOPPING CART ON 

CONSUMERS’ HEALTHY PURCHASE 

BEHAVIOR: A FIELD STUDY 
 

 

Word count: 15.981 

 

Wouter Eeckhout 
Student number : 01301232 

Eva Vansteenkiste 
Student number : 01308533 

 

Supervisor: Prof. dr. Iris Vermeir 

 

Master’s Dissertation submitted to obtain the degree of: 

 

Master of Science in Business Economics 

 

Academic year: 2016  -  2017  



 

 

 

PERMISSION 

 

We declare that the content of this Master’s Dissertation may be consulted and/or reproduced, 

provided that the source is referenced. 

 

Wouter Eeckhout & Eva Vansteenkiste 

 

 



  

I 

 

Foreword 

 

Writing this master dissertation taught us a lot about how to do academic research. We were both 

very interested in in-store characteristics and we were glad to get the permission to do research in 

this field. Through a shared passion for marketing and a good team work, we further developed our 

skills in the marketing research domain. However, we could not have accomplished this thesis 

without the help of several people. In the next paragraph, we would like to thank everyone who 

helped us during the writing of this thesis. 

 

Firstly, we would like to thank our supervisor, prof. dr. Iris Vermeir, who helped us to complete the 

challenging task of writing a master dissertation. She provided us with correct guidance and was 

always ready to answer our questions. We thank her for her input during the many appointments.  

 

Secondly, we sincerely thank everyone who participated in the experiment. We especially want to 

thank Charlotte Laureijs, for providing a suitable and willing store to conduct the experiment. We 

are also grateful for the acquired help from Pieter Deurinck and the store employees, for the 

cooperation and for allowing us to conduct the experiment in the store.  

 

Thirdly, the experiment could never have succeeded without the help of Charlotte Laureijs, Matthias 

De Roover and Johan Garré. We thank them for assisting us during the actual field experiment. 

 

Lastly, we would like to thank our family and friends for supporting us throughout the whole process 

of writing this thesis.  

 

Wouter Eeckhout & Eva Vansteenkiste 

 

 

 

 



 

II 

 

Table of Contents 
 

1. Introduction .................................................................................................................................. 1 

1.1 Context ..................................................................................................................................... 1 

2. Literature study ............................................................................................................................ 3 

2.1 Nudging ................................................................................................................................... 3 

2.1.1 What is a nudge? ............................................................................................................... 3 

2.1.2 Nudges and their influence ............................................................................................... 5 

2.1.2.1 Sensory based nudges ................................................................................................ 6 

2.1.2.2 Label and graphical nudges ....................................................................................... 8 

2.1.2.3 Position based nudges ................................................................................................ 8 

2.1.2.4 General in-store nudges ............................................................................................. 9 

2.1.2.5. Social norms ........................................................................................................... 10 

2.1.2.6 Verbal information nudges ...................................................................................... 10 

2.1.2.7 Partitioning ............................................................................................................... 11 

2.1.2.7.1 What is partitioning? ......................................................................................... 11 

2.1.2.7.2 Equal allocation theory ..................................................................................... 12 

2.1.2.8 Defaults .................................................................................................................... 12 

2.1.3 Research fields ................................................................................................................ 13 

2.1.4 Criticism .......................................................................................................................... 15 

2.1.5 Other behavior influencing techniques ........................................................................... 16 

2.2 Hypotheses ............................................................................................................................. 19 

3. Methodology ............................................................................................................................... 22 

3.1 Research design ..................................................................................................................... 22 

3.2 Procedure ............................................................................................................................... 22 



 

III 

 

3.2.1 Store ................................................................................................................................ 22 

3.2.2 Experiment ...................................................................................................................... 23 

3.2.3 Questionnaire .................................................................................................................. 24 

3.3 Sample ................................................................................................................................... 25 

3.4 Results .................................................................................................................................... 26 

3.4.1 Introduction ..................................................................................................................... 26 

3.4.2 Descriptives .................................................................................................................... 26 

3.4.3 Healthy bill percentage ................................................................................................... 27 

3.4.4 Handy .............................................................................................................................. 28 

3.4.5 Fun .................................................................................................................................. 28 

3.4.6 More healthy ................................................................................................................... 30 

3.4.7 More unhealthy ............................................................................................................... 33 

3.4.8 Partition influence ........................................................................................................... 34 

3.4.9 Partition more healthy ..................................................................................................... 35 

3.4.10 Partition more unhealthy ............................................................................................... 35 

3.4.11 Equal allocation ............................................................................................................ 36 

3.4.12 The use of partitioning .................................................................................................. 37 

4. Conclusion................................................................................................................................... 38 

4.1 Covariate influence ................................................................................................................ 38 

4.2 Main findings ......................................................................................................................... 39 

4.3 General conclusion ................................................................................................................ 44 

5. Discussion .................................................................................................................................... 45 

5.1 Limitations and future research ............................................................................................. 47 

5.2 Implications ........................................................................................................................... 48 

6. References ................................................................................................................................. VII 



 

IV 

 

7. Appendices ............................................................................................................................... XIII 

7.1 Additional photos ................................................................................................................ XIII 

7.2 Questionnaire and cover story ............................................................................................. XV 

7.3 SPSS output ..................................................................................................................... XVIII 

7.3.1 Frequencies ............................................................................................................... XVIII 

7.3.2 Descriptives .................................................................................................................. XX 

7.3.3 Two-way Anova: Healthy bill percentage .............................................................. XXXII 

7.3.4 Two-way Anova: Handy ............................................................................................... XL 

7.3.5 Two-way Anova: Fun .................................................................................................... LII 

7.3.6 Two-way Anova: More Healthy ............................................................................ LXXIX 

7.3.7 Two-way Anova: More unhealthy ............................................................................. CXX 

7.3.8 Two-way Anova: Partition influence ...................................................................... CXXX 

7.3.9 Two-way Anova: Partition more healthy .............................................................. CXLVII 

7.3.10 Two-way Anova: Partition more unhealthy ........................................................... CLVII 

7.3.11 Two-way Anova: Equal allocation ..................................................................... CLXVII 

7.3.12 Crosstabs for photo validation and condition ................................................. CLXXXIII 

 

 

 

 

 

 

 



 

V 

 

List of used abbreviations 

E.g.: exempli gratia (for example) 

I.e.: id est (in other words) 

M: Mean 

POPAI: Point Of Purchase Institute 

SD: Standard Deviation 

 

 

 

 

 

 

 

 

 

 

 



  

VI 

 

LIST OF TABLES 

TABLE 2.1 RESEARCH FIELDS OF NUDGING (EGAN, 2013) ............................................................................ 13 

TABLE 3.1 3*2 BETWEEN SUBJECTS RESEARCH DESIGN ................................................................................ 22 

TABLE 3.2 N-VALUE PER BETWEEN SUBJECTS CONDITION ........................................................................... 25 

TABLE 3.3 DESCRIPTIVES PER BETWEEN SUBJECTS CONDITION (M & SD) ................................................... 27 

TABLE 3.4 SIGNIFICANT INDEPENDENT T-TESTS FOR THE VARIABLE FUN .................................................... 30 

TABLE 3.5 SIGNIFICANT INDEPENDENT T-TESTS FOR THE VARIABLE MORE HEALTHY ................................. 32 

TABLE 4.1 COVARIATE INFLUENCE ............................................................................................................... 38 

TABLE 4.2 MAIN FINDINGS OVERVIEW .......................................................................................................... 44 

 

List of Figures 

FIGURE 2.1 HYPOTHESIS 2: INFORMATION AS MODERATOR ......................................................................... 21 

FIGURE 3.1 INTERACTION EFFECT OF PARTITIONING AND INFORMATION FOR MALES: FUN ......................... 29 

FIGURE 3.2 INTERACTION EFFECT OF PARTITIONING AND INFORMATION FOR FEMALES: FUN ...................... 29 

FIGURE 3.3 INTERACTION EFFECT OF PARTITIONING AND INFORMATION: MORE HEALTHY………………...31 

FIGURE 3.4 INTERACTION EFFECT OF PARTITIONING AND INFORMATION FOR MALES: MORE HEALTHY……31 

FIGURE 3.5 INTERACTION EFFECT OF PARTITIONING AND INFORMATION FOR FEMALES: MORE HEALTHY .. 33 

FIGURE 3.6 INTERACTION EFFECT OF INFORMATION AND GENDER: PARTITION INFLUENCE ......................... 34 

FIGURE 3.7 INTERACTION EFFECT OF PARTITIONING AND GENDER: EQUAL ALLOCATION ............................ 36 

file:///C:/Users/woute_000/Documents/1_Master_Marketing/MASTERPROEF/MASTERPROEF_12.docx%23_Toc484463808
file:///C:/Users/woute_000/Documents/1_Master_Marketing/MASTERPROEF/MASTERPROEF_12.docx%23_Toc484463809
file:///C:/Users/woute_000/Documents/1_Master_Marketing/MASTERPROEF/MASTERPROEF_12.docx%23_Toc484463810
file:///C:/Users/woute_000/Documents/1_Master_Marketing/MASTERPROEF/MASTERPROEF_12.docx%23_Toc484463811
file:///C:/Users/woute_000/Documents/1_Master_Marketing/MASTERPROEF/MASTERPROEF_12.docx%23_Toc484463812
file:///C:/Users/woute_000/Documents/1_Master_Marketing/MASTERPROEF/MASTERPROEF_12.docx%23_Toc484463813


  

1 

 

1. Introduction 

In this part of the master dissertation, the context of the subject in current research, and the 

objective and purpose of the thesis will be covered. This chapter will be closed with a short 

description of the structure and the different topics that will be presented in this dissertation.  

 

1.1 Context 

The marketing mix is widely known across the marketing community. The 4 P’s, price, product, 

promotion and place (McCarthy, 1960), have become an essential part of the research domain 

within marketing. After reconceptualization, the 4 P’s were defined as 4 C’s: concept, cost, 

channel and communication (Wasmer, Williams, & Stevenson, 1997). We can clearly deduct 

that channel and place are more or less the same and are of great importance in the field of 

marketing. Of course, both the terms place and channel are very broad and do contain much 

more than just the physical store. Place includes modes of transportation, distribution channels, 

warehousing facilities, etc. (Singh, 2012). Channel can be divided in an offline and an online 

version. An increasing amount of shoppers use the Internet as an alternative (Chu, Arce-Urriza, 

Cebillada-Calvo, & Chintagunta, 2010), and therefore the existence of physical stores might be 

threatened. In this paper however, we will not go further into the online market, but we will 

focus on offline channels, i.e. a physical supermarket. Nowadays, an important element of a 

grocery store is the shopping cart or trolley, buggy. It all started on the 4th of June 1937, with 

the invention of the shopping cart by Sylvan Goldman (Grandclément, 2006). Before that time, 

customers always used baskets when they went grocery shopping. However, Goldman 

recognized that those baskets weren’t sizeable enough. How could he develop a bigger basket 

that customers were able to carry in order to satisfy their needs? After a long process of 

analyzing different options, Goldman finally came up with an excellent, more simplistic idea. 

He assembled the first trolley based on three materials: the basket, a folding chair and wheels. 

Although his invention didn’t immediately appeal to the big public, he eventually became a 

multimillionaire after a few marketing tricks (Grandclément, 2006). Through contributions 

made by Orla Watson, like the rear swinging door feature called ‘nesting’ (Grandclément, 

2006), i.e. allowing carts to be stacked into one another, the shopping cart we still know today 

was created. The latest developments in the shopping cart domain were in 2012, done by 

Microsoft. Project sk8 or ‘the smarter cart’ uses Windows Kinect technology in combination 
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with software on a Windows 8.1 tablet (McMillan, 2012). But the project wasn’t ready for the 

big public. As you can read, the shopping cart of today is actually very similar to the original 

shopping cart back in 1937. Isn’t it time for a change? These last few years, we’ve been 

observing a trend to eating healthier food. According to USA Today (Horovitz, 2015), younger 

consumers are getting a healthy-food-obsession. Additionally, consumers are even willing to 

pay more for it (Gagliardi, 2015). We need to avoid to fall back on junk food, which is a huge 

temptation for people today. It is the product makers’ and retailers' responsibility to create and 

promote healthy products to the new generations. Therefore, it might be interesting for 

supermarkets to use this knowledge as an advantage and influence the healthy buying behavior 

of shoppers. According to a report by POPAI (2014), 82% of the decisions are made in-store. 

To specify, unplanned purchases are purchases of product categories that you did not pre-

consider to buy, or purchases for which the brand is not specified. If you would, for example, 

plan to buy milk, but you haven’t pre-assumed a certain brand, the milk is also recognized as 

an in-store decision. While looking at POPAI’s (2014) definition of unplanned purchases, it is 

clear that the proposed 82% might be a little too high. The overall message of this report is that 

a lot of decisions are made in-store. Therefore, the physical store is able to influence those 

decisions. The latter can be gained through what Kotler (1973) likes to call store atmospherics, 

which he defines as “the effort to design buying environments to produce specific emotional 

effects in the buyers that enhance their purchase probability” (Kotler, 1973, p. 50). Examples 

are the organization of the shelves, how the products are placed on those shelves, how that 

discounts catch the customer’s eye, and so much more. Basically, the grocery stores can nudge 

their customers in their own favor. The empirical research in this field has been severely limited, 

although a few studies show an existence of the idea that physical attributes, present in stores, 

induce emotional states which can likewise affect the behavior of the consumer (Donovan & 

Rossiter, 1982). However, little research is conducted concerning shopping carts. In 

“Partitioned shopping Carts: assortment Allocation cues that increase fruits and vegetable 

purchases” by Wansink, Soman, Herbst and Payne (2011), they conduct an experiment where 

a shopping cart is divided into two parts by a piece of duct tape. The research showed an 

increase of 200% in sales of fruits and vegetables. This significant increase makes further 

research on partitioning extremely interesting. When taking all this information into account, 

and on the grounds of the research of Wansink et al. (2011), it seems relevant to examine 

whether and to what extent healthy buying behavior of shoppers can be influenced, with using 

our own adapted shopping cart, i.e. a shopping cart that will be partitioned into two departments.  
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2. Literature study 

 

This chapter will elaborate on the different fields this experiment will cover. By describing, 

connecting and summarizing what has been written, hypotheses will be formed at the end of 

this chapter. 

 

2.1 Nudging 

 

2.1.1 What is a nudge?  

 

The word nudge is not easy to define, which accompanies the fact that the term can be explained 

or represented in several ways. According to Thaler and Sunstein (2008), a nudge is “any aspect 

of the choice architecture that alters people’s behavior in a predictable way without forbidding 

any options or significantly changing their economic incentives. To count as a mere nudge, the 

intervention must be easy and cheap to avoid. Nudges are not mandates. Putting fruit at eye 

level counts as a nudge. Banning junk food does not.” (Thaler & Sunstein, 2008, p. 6). To 

clarify, choice architecture is about the fact that a choice can have several presentations. A 

nudge can thus be summarized as a cheap but effective way of suggesting something. Or 

explained in another way, a nudge is “a function of any attempt at influencing people’s 

judgment, choice or behavior in a predictable way that is motivated because of cognitive 

boundaries, biases, routines, and habits in individual and social decision-making posing barriers 

for people to perform rationally in their own self-declared interests, and which works by making 

use of those boundaries, biases, routines, and habits as integral parts of such attempts” (Hansen, 

2016, p. 4).  

 

Nudging can be placed into the framework of behavioral economics. Behavioral economics is 

based on the assumption that there exist variables that influence our decision making. Humans 

make mistakes, and all those details that seem irrelevant, e.g. placing a product at eye level, 

might lead us towards making those errors. This behavioral psychology is about being biased 

when accomplishing decisions (Lusk, 2015). Bazerman and Moore (2013) give a simple 

example to elucidate the latter. Research shows that once an earthquake occurred, the chances 
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of it occurring again slim down. However, people are more likely to purchase an insurance for 

such a natural disaster after they just experienced it, instead of acquiring the insurance before 

this type of disaster takes place. Why is that? Because they are biased. So, nudging might lead 

people to a certain direction, and could result in them being biased.  

 

Now that nudging is defined, the next step would be to declare how it actually works. In order 

to do that, three terms can be introduced, i.e. Libertarian paternalism, priming and framing. 

Libertarian paternalism can be comprehended into the behavioral economics context, and is a 

term used for the phenomena where the government tries to affect the behavior of people while 

respecting the freedom of choice (Thaler & Sunstein, 2003). The term Libertarian implies the 

freedom of choice part of the description, while paternalism refers to the influencing character 

on people’s choices in order to ameliorate their decisions. The end result will be better than the 

original and will also be judged better by the people themselves. Sunstein and Thaler (2003) 

also wrote a journal article to defend the concept and prove that it isn’t oxymoronic. An example 

of this concept is the “opt-out” system for donor registration in Belgium (Van Horenbeek, 

2012). In this system, everyone is an organ donor except if you request to opt out. There is a 

drastic shortage of organ donors, so the government has to take action and make sure that there 

are enough of them. By applying the opt-out policy they guarantee the freedom of choice and 

increase the number of organ donors. 

 

Secondly, another way to carry out nudging is through priming. Priming is about “facilitative 

effects of some event or action on subsequent associated responses” (Molden, 2014, p. 3), 

meaning that if some effect or stimulus is provided, it can alter a response to another stimulus. 

Priming was first discovered by Meyer and Schvaneveldt (1971) in the seventies. Their original 

research and experiments indicated that the participants could recognize a series of letters as a 

word quicker when the previous word was associatively or semantically related (Meyer & 

Schvaneveldt, 1971). A famous example of priming applied in a marketing setting would be 

the music and wine experiment. The experiment was conducted in a grocery store with French 

and German wines in the assortment. During several days, typical French music was playing in 

the wine aisle. On other days, typical German music was playing in the same aisle. Following 

your intuition, the results were indeed that when French music was playing, more French wines 

were sold and the same was noticed for German music in combination with German wines 

(North, Hargreaves, & McKendrick, 1999). In this example the prime was auditory and the 

consumers weren’t consciously aware of it. This research indicates that if we will use words 
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like healthy, fruits and vegetables, fit, etc., this will influence the minds of the consumers. Their 

minds will be set in advance and will be more prone to healthy food. There are many kinds of 

priming. A particular interesting form of priming is positive priming. The term refers to the 

phenomena when priming affects the processing speed of our brains. A positive prime enhances 

the processing speed in contrast to a negative prime, which lowers the processing speed 

underneath unprimed values, or the neutral condition (Mayr & Buchner, 2007). 

 

As mentioned earlier through behavioral economics, people’s decisions can be influenced. The 

latter could be reached when framing a certain choice into an elected context. The way of 

presenting a choice influences what a decision-maker will finally choose. Thus, the 

psychological principles that are influencing the perception of decision based problems and the 

evaluation of probabilities and results produce predictable deviances of preference when the 

same problem is framed in different ways (Tversky & Kahneman, 1981). In this thesis, we will 

not elaborate on the cognitive bias and prospect theory (Tversky & Kahneman, 1981) that are 

linked to the framing effect. Those theories focus more on gain-loss situations, which are not 

the essence of this dissertation. This short introduction to framing is necessary to understand 

what consumers do when confronted with a guideline or nudge. We could, for example, frame 

the nudge as follows: Part A is for healthy food. Or we could frame it otherwise: Part B is for 

unhealthy food. The framing of those two nudges can severely influence the behavior of 

consumers. Priming also plays an important role here. Framing and priming are combined in 

this example. In the first sentence, the consumer will be primed on healthy food. The research 

chose to frame the question in that way. In the second sentence, the consumer’s mind is set by 

unhealthy food and the consumer will think about that during his shopping.  

 

2.1.2 Nudges and their influence  

 

In the previous section, it was made clear that there exist several definitions of nudging. 

Therefore, there also remains some discordance between which specific incentives are seen as 

a nudge and which are not. The ones explained below, are purported to be comprehended under 

the latter. As the goal of this master dissertation is to examine the healthy shopping behavior 

accompanied with a nudge, the most relevant nudges that fit into this context will be exhibited.  
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Thaler and Sunstein (2008) introduced the term choice architecture, meaning that a choice has 

several possible presentations. Consequently, this portrayal of a choice can, and probably will 

influence the choice that will finally be made. Nudging plays a role in this choice description. 

If we can describe the choice clearly, appealing, etc., this will have a bigger impact on the minds 

of consumers. Slabbinck, Vandenbroele, Van Kerckhove and Vermeir (2016) divide nudges 

into four pertinent themes, i.e. sensory based, label and graphical, position based and general 

in-store nudges. Even though this division will be used to present different kinds of nudges, the 

approach of this dissertation (promoting healthy food) will be slightly different compared to the 

paper by Slabbinck et al. (2016) (promoting durable products). Nudges that are sensory based 

are about a person’s senses, like sight, hearing, taste, smell and touch. Influences can also occur 

through portraying products with labels or graphical elements. Thirdly, a product can be 

positioned in a way that suggests people what to buy. Supermarkets could use a planogram, a 

diagram that displays where and how retail products should be placed on retail shelves. It is 

designed to mislead the shopper and change the customer’s attempt to spend as little as possible 

into the supermarkets goal, to let those customers defray as much as possible (Kendall, 2014). 

General in-store nudges could have a significant impact on healthy buying behavior through 

changing certain store characteristics. Fifthly, we devote special attention to social norms and 

nudges in the form of literally giving information. Norms can nudge people to change their 

behavior and it is relevant in the context of giving information and partitioning. When people 

are verbally informed, moreover, in a cheap way, the freedom of choice is preserved and their 

economic incentives aren’t drastically changed. This leads to qualify the verbally giving of 

information as a nudge. Additionally, partitioning, a rather new nudge, is also discussed 

together with a short expansion on the equal allocation theory (Johnson et al., 2012). Finally, 

one more nudge will be added, i.e. defaults, which does not belong specifically to one of the 

previous mentioned groups. The following nudge types are based on the paper by Slabbinck, 

Vandenbroele, Van Kerckhove and Vermeir (2016). When other information is added or used, 

the reference will be stated. 

 

2.1.2.1 Sensory based nudges 

 

Letting shoppers taste something can evoke their interest in a product. Some supermarkets have 

acquired this knowledge, and create booths where people can grab something to eat. In order to 

promote healthy products, supermarkets can display fresh fruits for example. An alternative of 
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the latter is to use priming by giving people samples, preferably at the beginning of the store, 

to make the effect even greater. If the goal is to promote fresh fruits and vegetables, there is one 

significant barrier to overcome. When shoppers shop hungry, they tend to turn to unhealthy 

consumables. The title of Tal and Wansink’s research (2013) confirm the latter, “Fatting 

Fastening: Hungry Grocery Shoppers Buy More Calories, Not More Food”. 

 

Slabbinck et al. (2016) also mention some attractive nudges based on the sight-sense. Putting 

food on a turning platform or displaying food on a screen keeps customers’ attention. These 

two examples increase the perceived freshness of food, making it more appealing to buy the 

product. Even spraying some drops of water on, for example, a tomato, can boost the freshness 

perception. Other sight nudges are the use of colors, glossy elements and mirrors. Research 

about traffic light labelling (red-orange-green color quoting on food packages) showed that 

avoiding red colors is more important for a shopper than choosing green, whereas green colors 

were associated more with healthy food than red (Scarborough et al., 2015). So, this would 

suggest that retailers have to use a red code for unhealthy products, in order to increase sales 

for healthy ones.  

 

A third sense, hearing, also has a nudging role. Volume, music style, music pace, origin, it can 

all influence our buying attitude. A perfect example would be the aforementioned wine 

experiment in section ‘2.1.1 What is a nudge?’.  

 

A pleasant smell can sell your product. When a person smells something, the sense of smelling 

cannot be turned off and it immediately creates emotional responses (Bradford & Desrochers, 

2009). Have you ever walked by a Belgian waffle store without recognizing that appealing 

smell? Consequently, were you triggered to buy a waffle? Grocery stores can benefit from this. 

Instead of creating a scent of an unhealthy product, e.g. chocolate, they should give life to a 

healthy scent, e.g. the odor of fresh strawberries or oranges.   

 

Touching something can create an ‘ownership’ feeling, and therefore lead to more sales (Peck 

& Shu, 2009). It is related to the endowment effect, meaning that consumers who own something 

value it more than something they have no ownership of. Or in other words, in order for them 

to abandon something they own, they would ask much more in return compared to what they 

would be willing to give concerning the acquisition of the same object (Kahneman, Knetsch, & 

Thaler, 1991). In general, papers concerning the touching sense focus rather on objects like a 
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mug or a lottery ticket, not really on food. Consequently, the nudges accompanied with this 

sense are less relevant for this dissertation.  

 

2.1.2.2 Label and graphical nudges 

 

The way a product is presented to a customer in terms of labels and graphical elements, can 

turn out to have a great influence on customers’ purchases. Attractive descriptive labels, i.e. the 

labels stated on your product, decide how notable your product is and can even palter with your 

senses. If customers would have the choice between the labels ‘apples’ and ‘freshly picked 

apples’, they would probably prefer the latter. Even using symbols could have an impact. Levin 

(1996) used hearths in a research to ameliorate low-fat entree purchases in a cafeteria. The same 

approach can be used to target healthy consumption. Another very appealing way to bolster the 

healthy goal is to use social norms, e.g. mentioning that most people buy fruit in the shop for 

everyday consumption. There are several other label and graphical nudges that can be used, 

such as trusting on the behavior of other people to get to know whether a product is worth 

buying, ‘if a lot of people like it, it must be good’. The grocery store can also propose some 

healthy recipes itself, which could subtly distract customers from their planned purchases or 

give them ideas about what dishes to prepare at home. Healthy products, like cherry tomatoes, 

can be promoted as junk food in order to heighten the confidence in the product’s taste. A final 

example of these sort of nudges is putting negative stamps on a product, e.g. ‘Smokers Die 

Younger’, which leads to a decrease in unhealthy consumption.  

 

2.1.2.3 Position based nudges  

 

When walking through the aisles of a grocery store, customers often just quickly pick something 

out of the shelves. They choose something based on emotion. Therefore, it’s better to put 

healthy products at eye-level or other easy reachable places. Also, put the healthy products in 

the middle of the shelves. According to Rodway, Schepman and Lambert (2012) there exists 

this phenomena called the center stage effect, meaning that customers often tend to grab the 

products that are located in the middle. When products are placed in that position, people 

perceive it to be the most popular ones. Additionally, the ones situated on the left side of the 

shelves are believed to be less expensive in comparison with the ones on the right side. To 

promote healthy products, it might be smart to put them at the entrance of a store. Customers 
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often like to walk around a little bit, with the result that many (maybe not-planned) products 

find a place in their basket. After a while, shoppers start to be pickier due to the fact that they 

start realizing why they really came to the store. Another way to put healthy food products in 

the spotlight is to set those products at the sides of the shelves. People often don’t wish to spend 

more time than necessary in a grocery store, meaning that they don’t walk through every single 

aisle. Therefore, the sides get more attention. A further position influence is the distinction 

between putting the product at the top of the shelves versus placing them at the bottom. The top 

is associated with a high price and quality perception, while the products with less value are 

believed to deserve a place at the bottom. Finally, one more nudge example is about the space 

between two shelves. Don’t make the aisle space too small. When it is broad, customers won’t 

be shooed by other people, instead they can take the time to look to the product offerings.  

 

2.1.2.4 General in-store nudges 

 

One general in-store nudge, the one that is a main topic of this dissertation, is the partitioning 

of a shopping cart. The approach results in a small modification in Sylvan Goldman’s design, 

where the trolley is divided into two parts instead of a classic one-part cart. This will be 

expounded in detail in section ‘2.1.2.7 Partitioning’. Slabbinck et al. (2016) mention several 

more of this type of general nudges. Grocery stores can make use of pictures to create anchors 

for customers, e.g. a photo of a warm dish that highlights the vegetable proportion. Or, they can 

create an appealing sentence, e.g. “Do you eat 2 pieces of fruit every day like most people do?”. 

The latter is an example of an information nudge, which will be further explained in section 

‘2.1.2.5 Social norms’. Consequently, installing those photos or sentences in front of a trolley, 

a place that gets much eye attention, can ameliorate sales of healthy products. For example, 

Payne, Niculescu, Just and Kelly (2015) designed grocery card placards, using a descriptive 

norm to promote ‘produce spending’, which resulted in a wanted increase in the latter 

consumption goods. Produce products imply fresh fruits and vegetables. Payne, Niculescu, Just 

and Kelly (2016) exploited both of the previous mentioned nudges, i.e. images and descriptive 

sentences, together with arrows. To specify, they placed green arrows, combined with pictures 

of produce products and with sentences that stimulate healthy consumption, on the floor. These 

arrows recommended a direction, or in other words, they led customers to the fresh fruits and 

vegetables. Further, general in-store nudges don’t only have to approach nonverbal 

communication. Instead of writing sentences, store employees can just verbally suggest 
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something. For example, they could ask customers whether they would like a fresh bio orange 

at the checkout. Or, another way to advertise healthy products at the cash register, is to replace 

those unhealthy candy bars that are teasing customers while waiting in line with a more healthy 

suggestion. Stores can also change their product placements in general. By participating in the 

latter a few times per year, customers have to search more for their wanted products. Therefore, 

they might recognize more healthy products during their search process. While changing the 

position of the products on the shelves, keep in mind that most customers are right handed, 

meaning that there focus will be more on the right in comparison with the left side.  

 

2.1.2.5. Social norms 

 

The verbally giving of information can also be considered as a nudge. The latter is also 

discussed in “Nudging: a tool for sustainable behavior?” by Mont, Lehner and Heiskanen 

(2014). They state that a norm will only result in an impact on their behavior if that particular 

norm is made clearly visible and vivid for the participant (Cialdini & Goldstein, 2004). 

Furthermore, Cialdini, Reno and Kallgren (1990) discovered that when people are made aware 

of a specific norm, e.g. a healthy humans should drink 1.5 liter water a day, the chance of an 

individual following it, increased significantly. Moreover, an individual is always evaluating 

his actions compared to several norms, which he obtained through his self-identity or cultural 

and social background. The norm that is the most salient at the moment of the decision will 

usually win, i.e. have the biggest influence on the behavioral outcomes in that situation. These 

findings, revealed by Cialdini et al. (1990), suggest that making people aware of a certain norm 

just before they will carry out a specific action, can lead to a change in behavioral outcome in 

the direction of the mentioned norm, because it will be the most salient at that specific time. 

 

2.1.2.6 Verbal information nudges   

 

The giving of mere verbal information before people will make a series of decisions, e.g. 

shopping decisions in a grocery store, can significantly influence the behavioral outcome of the 

participants. This statement can be further illustrated through an experiment conducted by 

Schwartz (2007). In this study, Schwartz targeted two schools. In the first school, the lunchroom 

personnel asked the students if they would like juice or fruit to accompany their lunch. No 

verbal prompt was used in the cafeteria of the second school. The results were obvious. Only 



 

11 

 

40% of the students in the second school (control condition) took some extra fruit or juice with 

their meal compared to 70% of the students in the first school. Even verbally suggesting 

someone to ‘try out the cheap healthy oranges’ at a certain booth, informs that customer about 

the offered fruit. Previous research indicates that providing people with information changes 

their behavior (Coffman, Featherstone, & Kessler, 2015). Therefore, nudging people through 

giving them some information, might increase healthy eating.  

 

2.1.2.7 Partitioning 

 

2.1.2.7.1 What is partitioning?  

As mentioned before, partitioning is a general in-store nudge. As this term is very important for 

this dissertation, it deserves special attention. Partitioning in this thesis refers to adding a 

structure to the traditional shopping cart. One segment could be used for healthy products, while 

the other is reserved for more unhealthy consumables. Little research has been conducted 

concerning this subject, although there does exist a study that conducted an experiment where 

a shopping cart was divided into two equal halves by a line of duct tape. The cart was offered 

to the participants in combination with a healthy food nudge, which had the form of a folder. 

This simple experiment resulted in an exponential rise in sales for fruits and vegetables 

(Wansink, Soman, Herbst, & Payne, 2011). So partitioning a shopping cart can have a 

significant effect on the sales for the targeted product category. In addition, this specific 

partitioning could suggest a norm. If the cart is divided into two equal parts, it could recommend 

that at least half of the customers’ purchases should be healthy. 

 

Multidisciplinary research states that partitioning creates clear categories that can have an 

influence on the allocation of items and also include simultaneous choice making (Wansink, 

Soman, Herbst, & Payne, 2011). Wansink et al. (2011) elaborate on this by describing a small 

example. When employees need to allocate their retirement fund over various investments, they 

tend to do this more evenly over a range of different categories such as real estate, stocks and 

bonds, when all options are separated into categories than when they seemed to be grouped 

together. The same effects have been observed while doing this in a lab-based environment and 

in situations that involved decisions about donations to charity. A substantial amount of 

allocation-based research (i.e. allocate something to different partitions) is directed on settings 

or fields that are rather rare and unfamiliar, meaning that there is a lack of research about 
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allocation in more common and familiar settings like grocery shopping. Furthermore, in these 

unfamiliar experiments, the allocation was fixed (not movable) in combination with a limited 

budget. Nevertheless, in grocery shopping, which is identified as a routine-based activity, the 

budget is often flexible. So, in case of a flexible budget, a short indication of the meaning of 

the partitioning, or thus giving information about the different categories of the partitioning, 

can lead to the creation of a conspicuous healthy food distinction that will support the shoppers 

in thinking more categorically, e.g. fruits and vegetables versus other grocery products, about 

their product selection (Wansink et al., 2011). 

 

2.1.2.7.2 Equal allocation theory  

We will initiate this section of the thesis with a short example. Imagine you visit a chocolate 

store that has an assortment of 4 types of chocolates (white, black, milk and marzipan). You’re 

planning to order 4 chocolates. How are you going to choose? If you are like most people, you 

will choose for one of each flavor. This simple example demonstrates the general psychological 

tendency of preference towards equal allocation (Johnson et al., 2012). This form of “naive 

diversification” most likely arises from a desire for variety seeking or diversification. People 

try to hedge against uncertain or risky outcomes, and minimize the chance of potential regret. 

 

2.1.2.8 Defaults 

 

A final nudge worth mentioning, is a default. It does not belong to any of the previous 

mentioned groups, though it can be a relevant nudge where stores can benefit from if they want 

to increase healthy eating. Defaults can take advantage of people’s laziness. Basically, it means 

that you actively have to do something in order for it to change (Johnson et al., 2012). A typical 

example is the following. Nowadays, customers often have to enable their customer cards 

online if they want to be able to use it in the grocery store. While doing the latter, they’ll 

probably ask for your email address with a pre-checked box under it saying ‘I would like to 

receive the weekly online magazine’. If you don’t uncheck the box, you’ll get that magazine 

that you never asked for. It is a perfect way though for stores to encourage healthy consumption, 

by, for example, offering coupons for the freshly picked apples that customers can use in-store. 

Another example is putting partitioned shopping carts at the entrance versus offering the classic 

shopping carts 100 meters away from the entrance. Which trolley would you chose?  
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2.1.3 Research fields 

 

Like already discussed in the previous sections, nudging can be applied in a broad context. The 

government could use nudging to influence the citizens’ day to day behavior in less invasive, 

cheaper and more effective ways. The government wants a healthier population, because this 

will mean less healthcare costs. If they could realize this through nudging people to buy more 

healthy food, this would have major positive consequences for their annual budget. Together 

with the concrete example of the opt-out option of organ donation, where the government uses 

nudging, this can be classified under the phenomena Libertarian paternalism. Of course there 

are many other fields where nudging is actively used. According to Mark Egan of the Stirling 

Behavioral Science Centre (2013), there is empirical evidence of nudging being used in the 

fields mentioned in table 2.1. 

Table 2.1 Research fields of nudging (Egan, 2013) 

 

Each sector will now be illustrated with a research example. 

 

The first research example covers the field of health and well-being, where the focus lays on 

framing effects. Patients are more willing to take an operation, where the doctor states that 90% 

of the people who had it, are alive after 5 years. They are more reluctant to the operation when 

the doctor states that 10% of the operated people are dead after 5 years (McNeil, Pauker, Sox, 

& Tversky, 1982). 

 

The use of nudging in the eating behavior field can be illustrated by the following experiment.  

The goal of this experiment was to encourage the students to take the healthy food options in 

school lunchrooms through the strategic location of the food. The lunchroom consisted of two 

lunch lines, where one was altered to display healthier food. The healthier line resulted in an 

Health & Well-Being Energy Efficiency 

Eating Behavior Employment & Work Performance 

Savings & Financial Decisions Voting Behavior 

Tax Compliance Charitable Giving 

Education Law Abiding Behavior 
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increase of 18% in sales of healthy food while the grams consumed of unhealthy food decreased 

by a rough 28% (Hanks, Just, Smith, & Wansink, 2012). 

 

In the financial and savings field, nudging was used in an experiment to encourage saving with 

reminders through the use of text messages. The results indicated that goal-specific reminders 

proved to be more effective than the generic ones (Karlan,McConnell, Mullainathan, & Zinman, 

2010). 

 

In Switzerland, a field study about tax compliance tried to discover the effects of letters, which 

contain moral suasion messages like for example “Paying your taxes is the right thing to do”, 

sent to taxpayers. Similarly to other experiments that used moral suasion, the study found that 

the use of the latter has no significant effect on tax compliance behavior (Torgler, 2004). 

A study about nudging applied in an educational context used randomized control trials (RCTs) 

to evaluate the effectiveness of peer mentor outreach and text message reminders on the 

increasing trend of college entry among low-income students. The results of the study showed 

that a campaign to help students remember their required college tasks, which included 

personalized and automated text messaging, increased college enrollment by 4 to 7 percent. The 

effects were concentrated among students who lived in communities with low levels of 

educational achievement (Castleman & Page, 2015). 

 

In a study about energy efficiency, the researchers composed the hypothesis whether people 

tend to use the kind of electricity that is offered to them, more specifically the default. This 

research was supported by 2 natural studies and 2 actual experiments. The results indicated that 

making “green utility” the default could increase the incorporation of it (Pichert & 

Katsikopoulos, 2008). 

 

In the employment and work performance field, framing was used to increase productivity 

among factory workers in a field experiment. The findings showed that conditional incentives, 

which are framed as both gains and losses, have the power to increase productivity for 

individuals as well as teams. Moreover, the study found that teams responded more intense to 

bonuses posed as losses. The size of the effect is approximately 1%: The total team productivity 

is raised by 1% entirely due to framing (Hossain & List, 2009). 
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In 2 “get out the vote” experiments (GOTV), experiments that try to discover which efforts can 

help increase voter turnout during elections, Gerber and Rogers (2009) found that messages 

which emphasized high expected voter turnout were more successful at motivating voters than 

messages that indicate a low expected voter turnout. An important side note is that this only 

measured the willingness of people to vote, not whether they actually voted (Gerber & Rogers, 

2009). 

 

The following experiment describes the effect of the use of an anchor (e.g. specifying a certain 

amount) on charitable donations. 20% of the 640 people that were asked to give a donation, 

donated. Of these 128, the people that were told about the anchor, donated significantly more 

compared to the control condition. They additionally found that adding the simple phrase “Even 

a penny would help” resulted in a more than doubled compliance rate. Consequently, the 15% 

that belonged to the participants in the control condition, raised to 34% (Fraser, Hite, & Sauer, 

1988). 

 

Lastly, in the field of law abiding behavior, an experiment attempted to reduce the theft of 

wooden logs from Arizona’s Petrified Forest National Park. A sign was placed with the 

following descriptive social normative message: “Many past visitors have removed petrified 

wood from the Park, changing the natural state of the Petrified Forest”. Contrary to their 

expectations, the sign led to an increase of roughly 8%. People interpreted the message as “theft 

is ordinary” instead of “theft is wrong” (Cialdini, 2003). 

 

2.1.4 Criticism  

 

In an interesting article of the Harvard Business Review: “Why Nudging Your Customers Can 

Backfire” by Dholakia (2016), a few criticisms on nudging are highlighted. The condescending 

character of the nudge can form a first potential danger. Nudges give an inferior status to the 

motivations and abilities of the consumer. They reflect that consumers would make stupid 

mistakes without them. Secondly, if the nudge works, it may well not achieve its ultimate goal. 

A nudge can accomplish more sales of a particular product category, for example healthy food. 

Whether the final goal is reached remains a question mark. We do not know if people who buy 

healthier, actually eat healthier. Lastly, a nudge often has to be perfect in order to work. They 



 

16 

 

cannot be too weak, because otherwise they won’t cause measurable results. Too strong nudges 

are influencing the freedom of choice.  

 

Additionally, there also exists a lot of criticism from libertarians on Libertarian paternalism, for 

the government intervention. Paternalists on the other hand judge the paternalistic part of the 

concept as being too soft. The biggest point of criticism is related to the “caring government” 

character of the concept. This criticism is supported by the revenues generated by excises on 

cigarettes. If the government was really concerned with the health of the population, it would 

have banned tobacco long ago (Rebonato, 2012). 

 

Priming and framing have their antagonists. The long-term effects of priming aren’t yet 

replicated in a great extent in future academic research. This creates doubt about their 

effectiveness and even questions their existence (Yong, 2012). Nobel Prize winner and 

psychologist Daniel Kahneman has reached out to other priming researchers to check the 

robustness of their outcomes in an open letter aimed at the community (Kahneman, 2012). Other 

critics state that priming studies are suffering from major publication biases (Bower, 2012), 

meaning that studies with negative outcomes are less likely to be published than studies that are 

accompanied with positive results (Begg & Berlin, 1988), and experimenter effect , i.e. the 

influence of the expectations of the experimenter on the outcomes of the study (Doyen, Klein, 

Pichon & Cleeremans, 2012). Additionally, criticism of the field is ignored and not adapted in 

a constructive way (Yong, 2012).  

 

2.1.5 Other behavior influencing techniques  

 

Boosting healthy consumption is the ultimate goal that this dissertation would like to reach. The 

aforementioned nudges already give a clear image of the latter. However, there are other ways 

to accomplish the healthy target.  

There exists an increase in energy intake, but at the same time a decrease in physical activity 

(Swinburn, 2008). Or in other words, humans eat unhealthier while sporting less. According to 

a study conducted in the US (An, 2013), healthy products (or nutrient-rich, low-energy dense 

products as An (2013) described it) are more expensive in comparison with the unhealthy ones. 

Consequently, people that are living with rather limited recourses to pay for the nutrient-rich 

food products will opt for the poor food choice. Healthy consummation can therefore be 
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triggered through diminishing the healthy food price. Thus, fiscal policies can present a 

solution. A first fiscal interaction is to subsidize healthy products. Cobiac, Tam, Veerman and 

Blakely (2017) found that subsidizing fruits and vegetables increases the intake of both fresh 

goods. The same authors also analyzed whether taxation on unhealthy consumables would 

have an effect. Especially a sugar tax seems to ameliorate healthy eating and diminish unhealthy 

purchases. However, these results have to be nuanced. In general, both subsidization and 

taxation in Cobiac, Tam, Veerman and Blakely’s (2017) research are accompanied by negative 

side effects, e.g. a fruits and vegetables subsidy ameliorates fruits and vegetables consumption, 

but at the same time, it has a negative effect on the intake of sodium. To clarify, salt for example 

contains a relevant amount of sodium. Too much sodium intake results in a high blood pressure 

and might develop heart diseases (American Heart Association, 2017). Another example that 

demonstrates the side effects of taxation is the sugar tax that was supposed to be implemented 

into the Belgian market. A first form of the tax was introduced in 2016, through heightening 

soda prices. This was rather an experiment to see whether this tax would be a good concept. 

Instead of a decrease in sweetened beverage consumption, Belgians found other ways to satisfy 

their soda need, e.g. filling their personal soda stock by just purchasing the products abroad. 

Hence, the taxation plan never went through (De Standaard, 2016).  

 

Another way to increase healthy consumption, and also lower the price on a rather one-time 

basis, is by offering economic incentives, e.g. coupons, freebies, discounts, etc. These 

incentives seem to raise healthy eating (Jensen, Hartmann, De Mul, Schuit, & Brug, 2011; 

Kane, Johnson, Town and Butler, 2004). Especially directly diminishing the price of fruits and 

vegetables increases its consumption, according to a study conducted in a school cafeteria 

(Jensen et al., 2011).  

 

Banning certain unhealthy products or unhealthy food stimulations, are a rather drastic, but 

maybe more effective way to create a healthy lifestyle. Swinburn (2008) claims that advertising 

unhealthy products stimulates the creation of obesity. For this reason, the government needs to 

take action and the suggestion would be to ban the marketing of unhealthy food products to 

children. Another rather typical example would be tobacco control. There are barely any 

tobacco advertisements allowed, and smoking in cafés is banned in Belgium. You can now only 

smoke in the provided smoking room.  
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In general, Swinburn (2008) focusses on the role of the government. The government actively 

has to communicate the importance of a healthy lifestyle through for example, role modelling 

healthy behaviors and environments. The children of today are following the unhealthy eating 

patterns of their parents. Schools can intervene and start up campaigns that promote healthy 

consumption.  

 

Finally, an adaptation of customer attitudes is recommended to create more healthy 

awareness. Attitudes are about how a customer perceives or evaluates a product or service. 

Consequently, this evaluation can influence the purchase behavior of shoppers (Dean, 2010). 

The results can be either verbal compliance, simply saying yes to a request, or behavioral 

compliance, where the subject willingly performs the specific request. There are six ways of 

behavioral influence, i.e. reciprocity, social validation, commitment and consistency, liking, 

authority, and scarcity. The latter is also called the six principles of persuasion by Robert 

Cialdini (Kardes, Cronley, & Cline, 2011). First, reciprocation equals the giving back approach. 

If a gift is provided, people will feel indebted to do something in return. Secondly, social proof 

is about looking at the people around you, so they can guide you in certain actions. “If everyone 

buys fruit for everyday consumption, I will do the same”. There exist two types of social norms, 

the first one is descriptive norms. They describe what is done and are based on the principle 

that people can imitate others and are able to make good choices, “everyone does it”. The 

second type of norm are injunctive ones. These imply what should be done and give social 

rewards for good behavior or social punishments for bad behavior. The third principle is 

commitment and consistency. If, for example the government, persuades people to eat healthier, 

people can commit to it. People do not like to back away from their commitments, and they 

even want some consistency in those commitments. Therefore, the healthy eating continues. 

Two simple techniques illustrate the effect of this principle. The first one is called the foot-in-

the-door technique, where a small request is followed by a larger request. For example, when 

people are asked to buy one apple, this can be followed by a request to buy a six pack of apples. 

This technique is very effective due to the fact that people like to be consistent. The underlying 

psychological principle that most likely best explains this behavior is the self-perception theory. 

If people comply with a small request, they perceive themselves as good and helpful citizens. 

When a larger request follows, they experience a strong desire to preserve this current self-

perception, and are willing to continue compliance. The second technique is named the low-

ball technique, e.g. when a consumer signs different documents for a new car, he’s committed 

to buy the car. Often, car salespeople change the deal after that, whereas the car appears to be 
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more expensive than perceived earlier. The consumer will still be committed to buying the now 

less attractive car because of the commitment theory. This theory implies a resistance to change. 

Consumers do not like change and were already committed to buying the car. They want a 

balance and will therefore invest in it. Fourthly, liking stands for agreeing with the ones that 

people like. If the government wants to have persuasive power, they’d better be likeable. 

Fifthly, in order to make people believe something, you must possess authority. This is obtained 

by scoring high on trustworthiness and expertise, e.g. a dentist who advises a certain toothpaste. 

And finally, a scarce product seems to be more valuable (Kardes, Cronley, & Cline, 2011). 

Marketers can play a role in this attitude adaptation. Whether a customer has a positive or 

negative feeling about a consumable product can be influenced through marketing techniques 

that focus on the six aforementioned principles. They have to market healthy food through, e.g. 

healthy campaigns, and not focus on unhealthy products.  

 

All of the above examples that increase healthy food intake have their advantages and 

disadvantages. Taxation and subsidization have their negative side effects, economic incentives 

are rather short-term based (Kane, Johnson, Town, & Butler, 2004), banning something might 

not always be as effective as we think (Troelstra, Bosdriesz, De Boer, & Kunst, 2016) (e.g. 

continuous violation of the smoke restriction in Belgian cafés), the adaptation of consumer’s 

attitudes has many moral implications (e.g. when people are no longer aware of the different 

attitude manipulation techniques, several ethical boundaries can be exceeded), etc. It is not clear 

which one of these alternatives would be best to reach this dissertation’s healthy goal. Nudging, 

however, is rather an implicit suggestion, where customers often don’t realize that they are 

getting and/or following this recommendation. It might feel more as their own choice. While 

taxation or banning regulations belong more to an explicit obligation context. All the available 

ways to ameliorate the number of healthy customers should be used together, in order to have 

the best outcome possible.  

 

2.2 Hypotheses 

 

A nudge can occur in several domains to influence people’s behavior. It can be used for tax 

compliance, in education, for voting behavior, etc. Most importantly, it is a perfect way to create 

a healthier lifestyle and better eating habits. Nudging should be accompanied by other 

techniques, like government policies, to accomplish healthy goals. Its implicit and less 
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noticeable character creates advantages over its alternatives. However, it is important to avoid 

nudges with a condescending meaning (Dholakia, 2016). Additionally, there exist all kinds of 

nudges which can stimulate healthy eating (Slabbinck, Vandenbroele, Van Kerckhove, & 

Vermeir, 2016), whereas one of them is partitioning, i.e. a nudge that has the power to influence 

purchasing behavior by dividing shopping carts. Little research on partitioning shopping carts 

has been conducted, although one specific experiment by Wansink, Soman, Herbst and Payne 

(2011) that did study the latter, resulted in a significant increase in the consumption of fresh 

fruits and vegetables. Social norms are also an appealing way to boost healthy consumption 

(Slabbink et al., 2016). People compare their own behavior with a norm, and can therefore 

classify themselves to be above, on, or under it (Schultz, Nolan, Cialdini, Goldstein, & 

Griskevicius, 2007). Dividing a shopping cart into two parts can describe a norm. The division 

could be used as a reference point of what the balance of healthy versus unhealthy ‘should be’. 

Accordingly, a trade-off between the latter two food categories will take place with a partitioned 

shopping cart, meaning that it might not only increase the buying of fruits and vegetables, but 

it might also diminish unhealthy purchases (Wansink et al., 2011). Moreover, this dissertation 

suggests to use information as a nudge to reach the desired customer behavior, due to the fact 

that information might successfully establish the latter outcome (Coffman, Featherstone, & 

Kessler, 2015). A norm needs to be made clear in order for it to affect a participant's behavior 

(Mont, Lehner, & Heiskanen (2014)), which can be established through verbally informing 

participants. Further, according to the nudge definition of Thaler & Sunstein (2008), the mere 

giving of information and the partitioning can thus both be classified as a nudge. Nudging can 

be carried out through priming, which is about the creation of some sort of stimulus, which 

develops a certain response to another stimulus (Molden, 2014). This acquired knowledge leads 

to the following first hypotheses:  

 

 

1) A. Consumers will buy more fruits and vegetables when information is given 

than when none is provided.  

 

B. Consumers will buy more fruits and vegetables with a partitioned cart than 

with a non-partitioned cart. 

 

The first hypotheses look at the separate influence of information on healthy food products, and 

partitioning on healthy food products. The second hypothesis merges both hypothesis 1A and 
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1B, meaning that it looks at the combined effect of information and partitioning on healthy 

purchases.  

 

2) The amount spend on fruits and vegetables while shopping with a partitioned 

shopping cart will be higher when information is given about the partitioning than 

when none is provided.  

 

Social norms create a healthy awareness, and can be reflected through partitioning a shopping 

cart, as established before (Slabbinck et al., 2016). Moreover, a trolley which provides a small 

part for healthy products and a bigger part for unhealthy food, suggests a norm where only a 

small part of the purchases ‘should be’ healthy, compared to when the part for healthy 

consumables would be bigger. Further, if shoppers go to the grocery store, they often know 

what they want to buy in advance. For example, they assume that about 40% of their budget is 

going to be spend on healthy food, while the other 60% is meant for unhealthy products. 

Therefore, when they get a shopping cart with a 50/50 division, the increased salience caused 

by the partitioning may now lead to a more equal balance. In other words, the partitioning 

increases the customer's healthy purchases (Wansink et al., 2011). The experiment by Wansink 

et al. (2011) found that a change of proportion between the two partitions can adapt the budget 

spent on healthy food. This substantiates the final hypothesis:  

 

3) Consumers will buy more fruits and vegetables if the partitioning is 50/50 in 

comparison to 30/70.  
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Figure 2.1 Hypothesis 2: information as moderator 
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3. Methodology 

The methodology part will start with a visualization of the research design, followed by a 

description of the procedure and the sample. Finally, the results of the experiment will be 

covered. 

 

3.1 Research design 

 

The research design contains 5 conditions. More specific a 3 (Partitioning: Little (30/70) vs. 

Big (50/50) vs. None) x 2 (Retrieval of information about the partitioning (nudge): Yes  vs. No) 

between-subjects design. 

 

 Nudge 

Yes No 

  

Partitioning 

Little I II 

Big III IV 

None V 

Table 3.1 3*2 between subjects research design 

 

3.2 Procedure 

 

3.2.1 Store  

 

The experiment was conducted in a Proxy Delhaize in the Albert Panisstraat in Beveren. The 

opening of the store took place in 2014 by store manager Pieter Deurinck. The assortment 

counts more than 9000 different products, and the store devotes a lot of care to having a big 
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variety of fresh fruits and vegetables. The store is classified by Nielsen as the F2 NI type (i.e. 

non-integrated medium-sized distribution) (Coupain, 2005). The store manager is franchisee of 

a store with a surface bigger than 400m². Since its opening in 2014, the store has attracted many 

customers from the neighborhood. The store has sufficient customers on a daily basis and 

devotes a lot of attention to fresh fruits and vegetables, consequently, it was an ideal store to 

conduct the experiment. 

 

3.2.2 Experiment 

 

One or two researchers were placed at the cart collection point. They randomly assigned the 

shoppers to the 5 conditions. Each store visitor got a number from the researcher and a shape 

tag which represents one of the five conditions. The shape tag is a plasticized A4 paper with a 

specified shape where the researcher writes the participant’s number. A visualization can be 

found in section ‘7.1 Additional photos’. 

 

● Condition I: Circle, the participant gets a cart with a small partition. The participant gets 

an indication of the use of the partitioning: the small part is for healthy purchases, the 

other one for less healthy or unhealthy products. 

● Condition II: Square, the participant gets a cart with a small partition. The participant 

gets no indication about the partitioning.  

● Condition III: Triangle, the participant gets a cart with a big partition. The participant 

gets an indication of the use of the partitioning: one part is for healthy purchases, the 

other part is for less healthy or unhealthy purchases.  

● Condition IV: Star, the participant gets a cart with a big partition. The participant gets 

no indication about the use of the partitioning.  

● Condition V: Cross, control group, this group of participants does not receive a 

partitioning, nor an indication of the use of the partitioning. They will be observed 

handling a regular, normal shopping cart.  

 

To specify, the participants were told that one part of the cart is reserved for fruits and 

vegetables, meaning that the ‘healthy products’ or ‘healthy purchases’ in the above condition 

description refer to fresh fruits and vegetables. After writing the participant number on the 

shape tag, and dependent on the condition, an explanation of the partitioning (for condition I 



 

24 

 

and III), the participants entered the store after we informed them about the questionnaire and 

the reward at the cash register. Finally, when one or more participants arrive at the cash register, 

depending on peak hours, researchers handed out a small questionnaire to the participants. This 

was given while they were waiting in line so that their attention could be fully devoted to the 

questionnaire. The researcher took a picture of the shopping cart while the participants were 

filling out the questionnaire, to validate if they used the partitioning. Lastly, the researcher 

asked a double of the receipt of the participant and stapled it to the questionnaire. 

 

3.2.3 Questionnaire 

 

This paragraph will shortly elaborate on the questionnaire, which was offered to the participants 

while they were waiting at the cash register. The cover story and the questionnaire can be 

viewed in section ‘7.2 Questionnaire and cover story’. All questions in the questionnaire consist 

of a 5-point Likert scale  ranging from “strongly disagree” to “strongly agree”, except the age, 

gender and additional “Why?” question about the influence of the partitioned cart on the 

consumers’ purchase behavior. The first question asked the participant to evaluate the 

partitioned cart on practical usage. The second one measured the pleasantness of the cart. 

Thirdly, a question was included to determine the participants’ commitment to healthy food. 

The fourth and fifth question were necessary to evaluate if the participants bought more or less 

healthy than expected. These first five questions were asked to every respondent in every 

condition. The following 5 questions were only asked to participants who are not in the fifth or 

control condition. The sixth question was about the influence of the partitioning on the 

consumers’ purchase behavior. An additional “Why?” question was added to get some insights 

on how the consumer interprets the partitioning. The seventh and eighth question were similar 

to the fourth and fifth question, but focused now more specific on the influence of the 

partitioning. Lastly, the ninth question measured the tendency towards equal allocation of the 

participants. This question is solely designed to measure whether the participants tried to fill 

both parts equally, which is independent of the balance between healthy versus unhealthy 

purchases. Equal allocation was included to clarify whether this would have a certain impact 

on the purchases of the consumer.  
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3.3 Sample 
 

 Nudge 

Yes No 

 

 

Partitioning 

Little N = 33 N = 31 

Big N = 32  N = 31 

None N = 33 

Table 3.2 N-value per between subjects condition 

 

This study about the effect of partitioning a shopping cart on consumers’ purchase behavior 

counted a total of 160 participants (N = 160). 62 participants were male and 98 were female, or 

in percentages, this results in a distribution of respectively 38,8% and 61,2%. The average age 

of a participant was 51,50 years with a standard deviation of 15,11 (M = 51,50; SD = 15,11). 

There was no use of screeners during the experiment. Only 4 participants didn’t complete all 

the steps of the experiment and were therefore removed in advance. This was an offline 

experiment that took place on Friday the 28th (N = 26), Saturday the 29th (N = 28), Sunday the 

30th of April (N = 52) and Monday the 1st of May (N = 37). We included Sunday the 7th of 

May (N = 17) as an additional day to fill each condition. The experiment started at 9:00 am and 

ended at 17:30 pm, except on Monday the first of May and on Sundays. The latter days, the 

experiment took place between 9:00 am and 12:30 pm. The higher amount of participants on 

Sunday the 30th of April and Monday the 1st of May compared to the other days, was probably 

caused by the International Workers’ Day on the first of May. The Proxy Delhaize was one of 

the few shops that was open on those days in Beveren. Lastly, the participants could take candy 

as a reward for participation in the experiment.  
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3.4 Results 

 

3.4.1 Introduction 

 

In this part of the master dissertation, the different questions that were included in the 

questionnaire will be tested. All the tests in the analysis were originally performed on a 

significance level of 0.05, but were also judged as almost significant if the p-value was lower 

than 0.10. A 2-way anova will be performed on each question of the questionnaire. The 

independent variables are information (yes or no), partitioning (30/70, 50/50 or none) and 

gender (male or female). The variable healthy shopper, which was measured with the question: 

“I am committed to healthy food”, was included as a covariate together with the age of the 

participant. The covariate age was measured in an interval ratio scale. The covariates in the 

model were evaluated at the following mean values: Age = 51.50 and healthy shopper = 4.12. 

 

3.4.2 Descriptives 

 

  Condition I Condition II Condition 

III 

Condition 

IV 

Condition V 

M SD M SD M SD M SD M SD 

Handy 3.91 1.07 4.03 0.95 4.03 1.03 3.90 0.83 4.30 1.02 

Fun 3.64 0.96 4.00 1.06 4.16 0.72 3.87 0.81 4.18 0.95 

Committed 

To Healthy 

Food 

4.03 0.98 4.39 0.72 3.91 1.17 4.19 1.17 4.09 1.04 
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More 

Healthy 

2.61 1.09 3.06 1.12 2.78 1.07 2.94 0.96 2.88 0.99 

More 

Unhealthy 

2.24 1.03 2.35 0.95 2.37 1.04 2.32 0.91 2.42 1.23 

Partition 

Influence 

2.00 1.06 2.52 1.12 2.09 1.17 2.52 1.09     

Partition 

More 

Healthy 

2.06 0.97 2.10 0.70 2.28 1.08 2.29 0.82     

Partition 

More 

Unhealthy 

1.97 0.73 2.16 0.90 1.81 0.74 2.06 0.73     

Equal 

Allocation 

2.21 1.14 2.94 1.24 2.81 1.28 2.94 1.24     

Age 46.55 13.01 54.26 14.06 48.44 12.61 54.65 16.28 53.88 17.86 

Healthy Bill 

Percentage 

13.01 14.35 13.15 18.50 10.24 10.98 11.10 14.97 8.70 12.69 

Table 3.3 Descriptives per between subjects condition (M & SD) 

 

3.4.3 Healthy bill percentage 

 

The healthy bill percentage variable, or how much of the total amount of the bill was spend on 

fruits and vegetables, was used as a dependent variable in a 2-way anova test. The adjusted R 

squared of the model was -0.002, which tells us that the explanatory power of this model was 

very low. All the effects were not statistically significant at the 0.05 significance level. The 

covariate healthy shopper was not significant at the 0.05 significance level, however, it was 



 

28 

 

significant at the 0.10 level (F(1,148) = 3.90, p = 0.05). The three main effects partitioning, 

information and gender generated an F ratio of respectively F(1,148) = 1.43, p = 0.234, F(1,148) 

= 0.05, p = 0.827 and F(1,148) = 0.28, p = 0.599, indicating no significant difference in the 

percentage that was spent on fresh fruits and vegetables between each of the groups in the three 

variables. The interaction effects partitioning*information (F(1,148) = 0.00, p = 0.975), 

partitioning*gender (F(1,148) = 1.47, p = 0.228), information*gender (F(1,148) = 0.01, p = 

0.936) and partitioning*information*gender (F(1.148) = 0.45, p = 0.505) were also non-

significant. 

 

3.4.4 Handy 

 

The handy variable or whether the participants found the cart useful, was used as a dependent 

variable in a 2-way anova test. The explanatory power of the model was 15.7%. The covariate 

healthy shopper (I am committed to healthy food) yielded an F ratio of F(1,148) = 32.56, p < 

0.001. Again, no significant main effects occurred with partitioning (F(1,148) = 0.51, p = 

0.475), information (F(1,148) = 0.20, p = 0.659) and gender (F(1,148) = 0.53, p = 0.466). The 

results indicate that there was no significant difference on the perceived usefulness of the cart 

between each group within the three variables. Furthermore, the interaction effects were also 

non-significant with partitioning*information (F(1,148) = 0.67, p = 0.414), partitioning*gender 

(F(1,148) = 0.89, p = 0.348), information*gender (F(1,148) = 0.29, p = 0.593) and 

partitioning*information*gender (F(1,148) = 0.43, p = 0.513). 

 

3.4.5 Fun 

 

The fun variable or whether the participant enjoyed using the shopping cart, is used as 

dependent variable in a 2-way anova test. The adjusted R squared of the model was 0.177, thus 

the explanatory power of the model is 17.7%. The covariate healthy shopper (F(1,148) = 30.28, 

p < 0.001) was again significant. This time, the main effect partitioning was almost significant 

at the 0.05 significance level, but it was significant at the 0.10 level (F(1,148) = 3.92, p = 0.050). 

Additional independent t-tests were performed to uncover significant differences between the 

groups of the variable partitioning. The evaluation of the pleasantness of the cart was 

significantly higher, tested at the 0.10 significance level, when participants shopped with a non-
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partitioned cart (MNone = 4.18, SD = 0.95) relative to when a participant shopped with a 30/70 

partitioned cart (M30/70 = 3.81, SD = 1.02; t(95) = -1.73, p = 0.088). The other two independent 

t-tests were not significant at the 0.10 level and the other two main effects were not significant 

with information (F(1,148) = 0.11, p = 0.739) and gender (F(1,148) = 0.39, p = 0.531). 

Moreover, a significant, at the 0.10 level, interaction effect of partitioning*information*gender 

was detected (F(1,148) = 2.87, p = 0.092). Independent t-test were conducted to discover 

significant differences between the groups, the significant results at a 0.10 significance level 

are listed in table 3.4. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 3.1 Interaction effect of partitioning and information for males: fun 

Figure 3.2 Interaction effect of partitioning and information for females: fun 
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 M SD t(df) p 

Partitioning 

(Info + female) 

30/70 VS 50/50 

M30/70 = 3.65 

M50/50 = 4.19 

1.04 

0.68 

t(32.49) = -1.96 0.059 

Information 

(30/70 + female) 

Info VS No Info 

Minfo        = 3.65 

MNo Info = 4.21 

1.04 

0.79 

t(37) = -1.89 0.067 

Partitioning 

(No Info + Female) 

30/70 VS 50/50 

M30/70 = 4.21 

M50/50 = 3.71 

0.79 

0.85 

t(38) = 1.92 0.063 

Information 

(50/50 + female) 

Info VS No Info 

MInfo    = 4.19 

MNo Info = 3.71 

0.68 

0.85 

t(40) = 2.01 0.051 

Table 3.4 Significant independent t-tests for the variable fun 

 

The other interaction effects partitioning*information (F(1,148) = 2.38, p = 0.125), 

partitioning* gender (F(1,148) = 0.96, p = 0.328) and information*gender (F(1,148) = 0.01, p 

= 0.904) were not significant. 

 

3.4.6 More healthy 

 

The more healthy variable or whether the participants buy more healthy food products than 

expected, was used as a dependent variable in a 2-way anova test. The explanatory power of 

the model was 21.3%. The covariate healthy shopper was significant (F(1,148) = 32.80, p < 

0.001). No significant main effects were detected with partitioning (F(1,148) =  0.38, p = 0.541), 

information (F(1,148) = 0.26, p = 0.610) and gender (F(1,148) = 1.34, p = 0.250). Nevertheless, 

two significant interaction effects were discovered. The first one was partitioning*information, 

which is significant at the 0.10 level (F(1,148) = 2.83, p = 0.094). Further independent t-tests 

were executed to detect the specific significant differences. The most significant effect was 

noticed between participants who got information with a 30/70 partitioning (MInfo = 2.61, SD = 
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1.09) and the ones that did not receive information with the same partitioning condition (MNo 

Info = 3.06, SD = 1.12; t(62) = -1.66, p = 0.102). The t-test indicated an almost significant 

difference at the 0.10 significance level. The other t-tests didn’t show a significant difference. 

The second significant interaction effect, at the 0.05 level, was partitioning*information*gender 

 (F(1,148) = 8.96, p = 0.003). Further t-tests were performed, of which the significant results 

on both the 0.05 and 0.10 level are included in table 3.5. 

 

 

Figure 3.3 Interaction effect of partitioning and information: more healthy 

Figure 3.4 Interaction effect of partitioning and information for males: more healthy 
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 M SD t(df) p 

Partitioning 

(Info + male) 

30/70 VS 50/50 

M30/70 = 2.00 

M50/50 = 3.09 

0.71 

1.04 

t(22) = -3.04 0.006 

Information 

(30/70 + male) 

Info VS No Info 

MInfo     = 2.00 

MNo Info = 2.92 

0.71 

1.44 

t(15.71) = -1.99 0.064 

Information 

(50/50 + male) 

Info VS No Info 

MInfo       = 3.09 

MNo Info = 2.40 

1.04 

0.70 

t(19) = 1.76 0.094 

partition/information 

(male) 

30/70 info VS none 

M30/70 Info = 2.00 

MNone      = 2.81 

0.71 

0.91 

t(27) = -2.63 0.014 

Information 

(50/50 + female) 

Info VS No Info 

MInfo     = 2.62 

MNo Info = 3.19 

1.07 

0.98 

t(40) = -1.80 0.079 

Gender 

(30/70 + Info) 

Male VS Female 

MMale   = 2.00 

MFemale = 3.00 

0.71 

1.12 

t(31) = -2.85 0.008 

Gender 

(50/50 + No Info) 

Male VS Female 

MMale   = 2.40 

MFemale = 3.19 

0.70 

0.98 

t(29) = -2.28 0.030 

Table 3.5 Significant independent t-tests for the variable more healthy 
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The other interaction effects partitioning*gender (F(1,148) = 0.59, p = 0.446) and 

information*gender (F(1,148) = 1.03, p = 0.312) were not significant. 

 

3.4.7 More unhealthy 

 

The variable more unhealthy or whether the participants buy more unhealthy food than 

expected, was used as the dependent variable in a 2-way anova test. The explanatory power of 

the model was very low according to the adjusted R squared of 0.028. The covariate age was 

significant (F(1,148) = 9.99, p = 0.002). No significant main effects were uncovered with 

partitioning (F(1,148) = 0.46, p = 0.499), information (F(1,148) = 0.31, p = 0.579) and gender 

(F(1,148) = 1.71, p = 0.193). There were no significant differences revealed for each group 

within the three variables on the score of the question whether the participant bought more 

unhealthy food than expected. In addition, no interaction effects were detected. 

Partitioning*information (F(1,148) = 0.52, p = 0.474), partitioning*gender (F(1,148) = 1.11, p 

= 0.293), information*gender (F(1,148) = 0.50, p = 0.482) and partitioning*information*gender 

(F(1,148) = 0.46, p = 0.499) were all not significant in the model. 

 

 

 

Figure 3.5 Interaction effect of partitioning and information for females: more healthy 
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3.4.8 Partition influence 

 

The partition influence variable or the question whether the partitioning had an influence on the 

shopping behavior of the participant, was used as a dependent variable in a 2-way anova test. 

The explanatory power of the model was 7.3% and the covariate healthy shopper was 

significant (F(1,116) = 4.85, p = 0.030). No significant main effects were detected with 

partitioning (F(1,116) = 0.62, p = 0.434), information (F(1,116) = 1.16, p = 0.284) and gender 

(F(1,116) = 0.27, p = 0.605). This means that there didn’t exist a significant difference between 

the groups within the 3 variables on the score on the question whether the partitioning had an 

influence on the participants shopping behavior. Nevertheless, gender*information was 

identified as a significant interaction effect at the 0.05 level (F(1,116) = 5.56, p = 0.020). Extra 

independent t-tests were conducted to discover the exact nature of the differences. The influence 

of the partitioned cart was significantly higher for female participants who got no information 

(MNo Info = 2.65, SD = 1.12) compared to female participants that did get information about the 

partitioning (MInfo = 1.88, SD = 0.98; t(79) = -3.30, p = 0.001).  

No other significant interaction effects were discovered with partitioning*information 

(F(1,116) = 0.25, p = 0.617), partitioning*gender (F(1,116) = 1.42, p = 0.236) and 

partitioning*information*gender (F(1,116) = 0.94, p = 0.334).  

 

Figure 3.6 Interaction effect of information and gender: partition influence 
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3.4.9 Partition more healthy 

 

The sixth question, i.e. if the participant bought more healthy food due to the partition of the 

cart, was used as a dependent variable in a 2-way anova test. The model’s explanatory power 

was 4.5%. The covariate healthy shopper was significant at the 0.05 level (F(1,116) = 8.92, p = 

0.003). None of the effects were significant at the 0.05 level. There remained only one effect 

that was significant at the 0.10 level, namely partitioning with F(1,116) = 3.54, p = 0.063. To 

get deeper into the significant differences of the latter main effect, one independent t-test was 

conducted. There was only one t-test possible, considering that the non-partitioned carts didn’t 

get the last four questions. This test gave an insignificant result at both the 0.05 and 0.10 

significance level (small partitioning: M30/70 = 2.08, SD = 0.85; big partitioning: M50/50 = 2.29, 

SD = 0.96, t(124) = -1.28, p = 0.203). The two other main effects information and gender 

generated an F ratio of respectively F(1,116) = 0.34, p = 0.558 and F(1,116) = 0.91, p = 0.342. 

The interaction effects partitioning*information F(1,116) = 0.05, p = 0.822, partitioning*gender 

F(1,116) = 1.76, p = 0.188, information*gender F(1,116) = 0.45, p = 0.504 and 

partitioning*information*gender F(1.116) = 0.48, p = 0.490 were therefore also not significant. 

 

3.4.10 Partition more unhealthy 

 

The variable partition more unhealthy is about the influence of the partitioning on the unhealthy 

purchases. It was used as an independent variable in a 2-way anova test. The adjusted R squared 

was -0.013, meaning that the explanatory power was very low. There were no significant results 

acquired on both the 0.05 and 0.10 significance level. The three main effects partitioning 

(F(1,116) = 0.87, p = 0.353), information (F(1,116) = 1.30, p = 0.256) and gender (F(1,116) = 

1.33, p = 0.251) were insignificant. The same applies for the interaction effects, i.e. 

partitioning*information (F(1,116) = 0.149, p = 0.700), partitioning*gender (F(1,116) = 0.19, 

p = 0.666), information*gender (F(1,116) = 0.00, p = 0.951) and 

partitioning*information*gender (F(1,116) = 0.37, p = 0.543).  
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3.4.11 Equal allocation 

 

The final question searches answers to whether participants tried to fill both parts of the cart 

equally. This equal allocation variable was adopted as a dependent variable in a 2-way anova 

test. The explanatory power was indicated through an adjusted R squared of 0.084. Both the 

covariates age and healthy shopper weren’t significant. There are two main effects that are 

significant at a 0.05 level, i.e. partitioning (F(1,116) = 4.29, p = 0.040) and gender (F(1,116) = 

4.28, p = 0.041). The t-test of the former didn’t give a significant outcome when participants 

shopped with a 30/70 partitioned cart (M30/70 = 2.56, SD = 1.24) relative to when they shopped 

with a 50/50 partitioned cart (M50/50 = 2.87, SD = 1.25; t(124) = -1.43, p = 0.155) . The t-test of 

gender didn’t give a significant result at the 0.05 level either, but it was significant at the 0.10 

level (male: MMale = 2.98, SD = 1.34; female: MFemale = 2.57, SD = 1.18; t(124) = 1.78 p = 

0.078). The information effect wasn’t significant (F(1,116) = 1.17, p = 0.281). None of the 

interaction effects gave significant results at the 0.05 level, but there remained one that was 

significant at the 0.10 level, i.e. partitioning*gender with F(1,116) = 3.88 and p = 0.051. 

Again, t-tests were conducted for further research. There was a significant effect concerning 

the equal allocation between male participants with a small partitioning condition (M30/70 = 

2.54, SD = 1.35) and male participants with a big partitioning condition (M50/50 = 3.48, SD = 

1.17; t(43) = -2.47, p = 0.018). Additionally, there existed an equal allocation significance 

between male participants with a 50/50 partitioned cart (MMale = 3.48, SD = 1.17) and female 

Figure 3.7  Interaction effect of partitioning and gender: equal allocation 
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participants with the same partitioning (MFemale = 2.56, SD = 1.19; t(58) = 2.86, p = 0.006). 

Finally, one more effect respecting the equal allocation was found. There was a significance 

between male participants with a 50/50 partitioned cart (M50/50 Male = 3.48, SD = 1.17) and 

female participants with a 30/70 partitioned cart (M30/70 Female = 2.56, SD = 1.19; t(58) = 2.86, p 

= 0.006). The other interaction effects aren’t significant, i.e. partitioning*information (F(1,166) 

= 1.71, p = 0.194), information*gender (F(1,166) = 1.11, p = 0.294) and 

partitioning*information*gender (F(1,116) = 0.00, p = 0.956).  

 

3.4.12 The use of partitioning 

 

The variable photo validation, which is based on photos from the participants’ shopping carts 

and conditions, was used in a chi square test. The photo validation variable differs significantly 

depending on the condition that the participant received (𝜒²(N = 160) = 201.60, p < 0.001). 

Most of the participants, namely 81.8% for the 30/70 condition and 65.6% for the 50/50 

condition that used the partitioning in the proposed way got information about the purpose of 

the partitioning. While looking at the participants who did not use the partitioning, the opposite 

effect can be established, i.e. most of those participants did not get any information regarding 

the partitioning of the cart. To specify, the accompanied percentages are 64.4% for small 

partitioned carts and 77.4% for big partitioned carts. Remarkably, in every condition except the 

control condition, about 3% of the participants used the partitioning in a reversed way. To 

clarify, they’ve put their fresh fruits and vegetables in the second part nearest to the handle.  
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4. Conclusion 

This chapter will cover the most important findings. First, a short overview of the influences of 

the covariates age and healthy shopper is provided. Further, the main findings are described and 

followed by a quick summary in table format. After the main findings, a general conclusion 

will close this chapter. 

 

4.1 Covariate influence 

 

  Healthy Shopper 

Influence 

Age Influence p-value 

Healthy Bill 

Percentage 

X   0.050 

Handy X   < 0.001 

Fun X   < 0.001 

More Healthy X   < 0.001 

More Unhealthy   X 0.002 

Partition Influence X   0.030 

Partition more 

healthy 

X   0.003 

Partition more 

unhealthy 

    / 

Equal allocation     / 

Table 4.1 Covariate influence 



 

39 

 

In table 4.1, all the questions and the healthy bill variable are listed together with the influence 

of the two covariates. All covariates were significant at the 0.05 level in the model except 

healthy shopper for the variable healthy bill percentage, which was almost significant at the 

0.05 level. In general, the statistically subtraction of the effect of the variable healthy shopper 

resulted in significantly different outcomes except for the variables more unhealthy, partition 

more unhealthy and equal allocation. The covariate age was only significant in the model for 

the variable more unhealthy. 

 

4.2 Main findings 

 

The test aimed at discovering significant differences between the five conditions, on the amount 

spent on healthy fruits and vegetables, delivered no statistical evidence to validate any of the 3 

hypotheses. The main effect information was not significant at the 0.05, nor at the 0.10 

significance level, which leads to the rejection of hypothesis 1A: Consumers will buy more 

fruits and vegetables when information is given than when none is provided. The model did not 

show a significant difference for the partitioning main effect, which allows us to dismiss 

hypothesis 1B: Consumers will buy more fruits and vegetables with a partitioned cart than with 

a non-partitioned cart, and hypothesis 3: Consumers will buy more fruits and vegetables if the 

partitioning is 50/50 in comparison to 30/70. Lastly, the interaction effect between the variables 

partitioning and information also indicated no significant result. The latter confirms the 

rejection of hypothesis number 2: The amount spent on fruits and vegetables while shopping 

with a partitioned shopping cart will be higher when information is given about the partitioning 

than when none is provided. 

 

The experiment didn’t result in any significant differences on the perceived usefulness of the 

cart between the different conditions. However, in the open question of the survey, which aimed 

at discovering why the partitioning had an influence on the consumers’ purchase behavior, some 

people wrote their opinion and remarks on the new shopping carts. Several participants found 

the 50/50 partitioning useful because they were shopping with two people, e.g. mother and 

daughter, and found it easier with the clear distinction to separate their products. This also 

seemed to decrease time loss at the cash register. Another interesting remark concerning the 

partitioning was that it helps separating the heavy/solid products from the fragile/small 
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products. Moreover, the partitioning helped protecting the small and fragile products, e.g. 

grapes, eggs, etc. from getting smashed.  

 

Remarkably, the main effect partitioning for the fun variable was almost significant at the 0.05 

level. Participants with a regular, non-partitioned shopping cart gave a higher fun score 

compared to the participants who had a shopping cart with a 30/70 partitioning. No other 

differences were detected between the little, big and no partitioning groups. Furthermore, the 

interaction effect partitioning*information*gender was significant at the 0.10 level. Further 

analysis showed that the male participants didn’t have significant differences for the scores on 

fun between the different partitioning options. Female fun scores on the other hand, did differ 

significant between the different partitioning and information options. The results indicated that 

when a female participant received information about the partitioning, the 50/50 partitioning 

scored higher on the fun question compared to the 30/70 partitioning. Other tests even indicated 

that the 30/70 partitioning was preferred when no information is given about the partitioning, 

than when the female participants were informed. The high fun score for the 30/70 partitioning 

was also significantly higher than the 50/50 partitioning without information. Lastly, 50/50 with 

information scored higher than the 50/50 partitioning without information. To conclude, we can 

state that the 30/70 partitioned cart was liked more when no additional information is provided 

and that the 50/50 partitioned cart was liked more when extra information was provided. 

 

When people were asked if they bought more healthy food than expected, two significant 

interaction effects were discovered. The first one, partitioning*information, uncovered an 

almost significant difference at the 0.10 level between participants who got the 30/70 

partitioning and whether or not they received information. The participants indicated that they 

bought healthier than expected when shopping with a 30/70 partitioning and received no 

information compared to getting information about the cart. Like mentioned in the previous 

paragraph, the 30/70 accompanied by no information was also perceived as more fun by women 

compared to the 30/70 with information condition. This might point in the direction that a 30/70 

partitioned cart that is recognized as more fun, could encourage women to buy more healthy 

than expected. The previously stated results also indicate an adverse effect on the partitioning 

and healthy food relation. When people were shopping with a 30/70 partitioned shopping cart, 

the giving of information actually attenuated the relation between the partitioning and the 

healthy food purchases. The latter leads to a partial rejection of the second hypothesis. 

Furthermore, the second interaction effect was partitioning*information*gender. This effect 
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tells us more about the significant differences between the male and female participants. When 

information was given to the males, they tended to shop healthier than expected with a 50/50 

partitioned shopping cart compared to the 30/70 option. This result reveals that hypothesis 3 is 

only applicable for men who obtained information. Furthermore, the 50/50 condition with no 

information seemed to have a lower impact on fresh fruits and vegetable purchases for male 

participants, in comparison with a 50/50 cart while information was given. Hypothesis 2 for 

men with a 50/50 cart can be validated, meaning that information has a positive influence on 

the relationship between the 50/50 partitioning and the purchase of fresh healthy foods. This 

result stands in contrast to the findings about males using a 30/70 cart. Men tended to shop 

more healthy with this type of cart when no information was given, which reveals an negative 

effect of information on the relationship between 30/70 partitioning and the purchase of fruits 

and vegetables (i.e. a reversed hypothesis 2 for 30/70 men). Results also indicated that the 30/70 

info option was significantly worse for men than the control condition. Females reacted 

differently on the 50/50 partitioned cart with information provided. In contrast with male 

participants, females tend to shop healthier than expected when no information was provided 

when shopping with a 50/50 partitioned cart (significantly different from men) than when 

information was given. This indicates a reversed hypothesis 2 for 50/50 females.  The women 

in the experiment also shopped healthier than expected with a 30/70 partitioned cart with 

information compared to the male participants. In this experiment, no significant differences 

were detected between the five conditions on the subject if the participants bought more 

unhealthy than expected. 

 

Does the partition influence customers’ buying behavior? First of all, the participants believed 

that their characteristics, i.e. what kind of partitioned cart they had, whether they did or didn’t 

get informed, and their gender, didn’t impact their purchases. Notwithstanding the foregoing, 

there was one interaction effect detected. Female participants who didn’t receive any 

information about the partitioning were more influenced by the partitioning in comparison with 

female participants who did know the cart’s purpose. The latter can be combined with the 

previous results of female participants with a 50/50 partitioned cart, i.e. they pointed out that 

they bought healthier when they were not informed. Consequently, this could state that the 

influence of the partitioning they received, resulted in heightened healthy purchases. This all 

leads to a reversed second hypothesis for female participants with a 50/50 condition, meaning 

that the amount spend on fruits and vegetables while shopping with a partitioned shopping cart 

won’t be higher when information is given, but instead it will be lower, than when no 
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information is provided. Lastly, many participants indicated that they used a shopping list and 

were therefore not influenced by the partitioning of the cart. 

 

As mentioned before, the partition more healthy variable studies the impact of the partitioning 

on healthy purchases. Partitioning was the only effect which was almost significant, namely at 

a 0.10 level, although, no specific outcomes were spotted. There wasn’t a gender, nor an 

information effect. In this analysis it doesn’t matter whether information was given or not, 

because it did not lead to significant results concerning the partition more healthy variable. 

Accordingly, the supposed reversed second hypothesis from the partition influence conclusion 

cannot be confirmed. Participants also believed that the partition didn’t have an influence on 

their unhealthy purchases.  

 

Both the partitioning and gender impact whether the customers tend to fill their trolley equally 

or not. There wasn’t a clear difference between a 30/70 and a 50/50 partitioned cart while 

examining it more in detail, however, there was a specific gender outcome found. There were 

more male participants that tried to fill their carts equally compared to women, which especially 

counted for male participants with a 50/50 condition (compared to women with the same 

condition). Moreover, male participants with a small partitioned trolley had the equal tendency 

less than the ones with a big partition. Additionally, as earlier analysis showed, males with a 

50/50 partitioning purchased healthier in comparison with a 30/70 condition, and also when 

they acquired the partition information compared to when they didn’t get the information. 

Merging the latter observations, males could buy healthier while walking informed through the 

aisles with a 50/50 shopping cart, because of the tendency to fill both parts equally. Finally, 

male participants with a big conditioned cart tried to fill their carts more equally in comparison 

with females with a small condition.  

 

When participants acquired knowledge about the purpose of the partitioning, the photo 

validation showed that most of them used the cart in the proposed way, contrary to those who 

did not get information.  
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FUN 

- Control more fun than 30/70 

- Female + info : 50/50 more fun than 30/70 

- Female: 30/70 more fun without info, than with info  

- Female + no info: 30/70 more fun than 50/50 

- Female + 50/50: info more fun than no info 

 

MORE HEALTHY 

- 30/70 more healthy without info, than with info  

- Male + info: more healthy with 50/50 than 30/70 

- Male + 50/50: more healthy with info, than without info 

- Male + 30/70: more healthy without info, than with info 

- Male: control more healthy than 30/70 with info  

- Female + 50/50: more healthy without info, than with info 

- 30/70 + info: female more healthy than info  

- 50/50 + no info: female more healthy than male  

 

PARTITION INFLUENCE 

- Female: more influenced without info, than with info 

 

PARTITION MORE HEALTHY 

- Partitioning effect (0.10 level), t:test: 30/70 ≈ 50/50 

 

EQUAL ALLOCATION 

- Partitioning effect (0.5 level), t-test: 30/70 ≈ 50/50 

- Men fill carts more equally than women  

- 50/50: men fill carts more equally than women  

- Male: 50/50 more equal than 30/70 

- Male + 50/50 more equally than female + 30/70 
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USE OF THE PARTITIONING 

- Info: most participants used cart in the proposed way 

- No info: most participants did not use the cart in the proposed way 

 

Table 4.2 Main findings overview 

 

4.3 General conclusion 

To conclude, we can state that in this experiment, the partitioning and information didn’t cause 

significant differences in sales for fresh fruits and vegetables between the conditions. The latter 

supports the rejection of all three hypotheses because they all included sales as a measurement 

tool. Nevertheless, the variable more healthy studied whether people bought healthier than 

expected, i.e. if people perceived their final groceries as more healthy than envisioned. The 2-

way anova for this variable resulted in an interaction effect, i.e. partitioning*information, 

indicating that no information leads to healthier purchases than expected, than when 

information is given, when shopping with a 30/70 partitioned cart. Another interaction effect 

showed that this outcome differs according to the participants’ gender. This leads to a partial 

validation of the second hypothesis for men with a 50/50 cart, but also a reversed second 

hypothesis for men with a 30/70 cart. Furthermore, in the test for the variable partition more 

healthy, an almost significant partitioning effect arose. Oddly, further t-tests could not specify 

the differences. This small recap of certain findings was inserted to point out that although 

healthy bill percentage has the most power to validate the different hypotheses, the other 

(weaker) variables also indicate some important differences that could be further investigated 

in other research. 
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5. Discussion 

 

This part of the dissertation will discuss the previously mentioned results and cover the 

limitations of the experiment. Furthermore, some interesting future research topics will be 

mentioned. This final chapter will close with a short text on practical implications of the 

research. 

 

Healthy bill percentage is the main variable which had the power to affirm the three hypotheses. 

However, no confirmation was found for neither one of them. Hypothesis one consisted of two 

parts, i.e. it wanted to know whether more fruits and vegetables are sold when information about 

the partitioning is given, and when participants used a partitioned cart while grocery shopping. 

Hypothesis two was a combination of both. Even though the amount of healthy purchases 

compared to unhealthy ones didn’t entail any significant results, other tested variables did create 

interesting answers on whether information and partitioning have a certain impact. Informed 

participants used the cart in the proposed way, while uninformed people didn’t. Some 

participants were positively influenced by the information, e.g. men with a 50/50 condition 

bought healthier, and women with the same condition liked the informed way better compared 

to not getting information. Remarkably, more significant results were found when no 

information was used, meaning that information can lead to an adverse effect on the healthy 

purchases. A participant with a 30/70 condition buys in general healthier when no information 

is provided, which is best noticeable for men. The same applies for female participants with a 

big partitioned cart. Moreover, uninformed women perceived an influence due to the 

partitioning, and the ones with a 30/70 condition found receiving information less fun than not 

receiving any. All the latter results cannot make a clear, one-sided information effect. 

Additionally, the provided information belongs under the aforementioned verbal information 

nudges category. A similar result as Schwartz’s school cafeteria study (2007) could not be 

found, whereas Coffman, Featherstone and Kessler’s (2015) statement, i.e. that giving explicit 

information changes people’s behavior, couldn’t be confirmed either. 

  

All three hypotheses contain a partition element. In general, consumers did not significantly 

buy more fruits and vegetables with a partitioned cart, which isn’t in line with the results of 

Wansink, Soman, Herbst and Payne’s (2011) research. Wansink et al. (2011) stated that 

partitioning a shopping cart does increase the purchases of fruits and vegetables. One important 
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difference in their study compared to this one, is that all their participants, 172 to be exact, knew 

that one part of the cart was reserved for healthy consumables and the other part for unhealthy 

ones. Our study was conducted with a fewer participants, i.e. 160, but had 5 conditions instead 

of two, meaning that it might be harder to get significant results than the research of Wansink 

et al. (2011). In this dissertation, participants believed that the partition did have an influence 

on their healthy purchases, which could suggest an acceptance of hypothesis 3 if the 50/50 

condition would result in healthier purchases than the 30/70 condition, however, the effect was 

not confirmed by a t-test. While looking at all the variables, there weren’t any significant 

differences with the comparison of partitioned carts with none partitioned carts, except for the 

fact that a regular cart seems more fun than a 30/70 partitioned trolley. Further, more healthy 

purchases with a 50/50 cart in comparison with a 30/70 cart were proposed. Again, the latter is 

something that was found significant in the study of Wansink et al. (2011), but this dissertation 

could only affirm the latter for men who obtained information, and therefore hypothesis 3 

cannot be accepted. 

  

What could be the reason for these unclear results? This dissertation did not focus on all the 

possible influences, thus selected the ones that were thought to be more important. One variable 

that could have made a difference is whether the people that participated were hungry or not. 

Hungry shoppers tend to grab ‘easy food’, food that doesn’t take that much preparation. The 

latter is because those customers are focused on filling their stomachs. Thus, they don’t buy 

more food, but more unhealthy products (instead of healthy ones) (Tal & Wansink, 2013). 

Eliminating hungry grocery shoppers might make the results significant. However, in this 

dissertation the choice was made to include these shoppers, because eliminating them would 

just flourish the outcomes. There will always be hungry customers walking in a store. Secondly, 

some people came into the store with a pre-made shopping list. Consequently, on the open 

question, i.e. “Did the partitioning influence your buying behavior?”, participants indicated that 

the answer on the latter was negative due to those planned purchases. Accordingly, to test the 

results better, these participants could also be deleted from the acquired data, or other nudges, 

e.g. adding a descriptive norm (Slabbinck, Vandenbroele, Van Kerckhove, & Vermeir, 2016) 

could be added to try to convince these shoppers to deviate from their original plan. A final 

recommendation would be to not study all five conditions in one study but rather in several 

studies, to create distinct results.  
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5.1 Limitations and future research 

 

The male participants in this experiment were slightly underrepresented (38,8% men vs. 61,2% 

women). This could be due to the fact that women in most households take the role of food 

shopper. Empirical findings of Lake et al. (2006) found that the household groceries are mainly 

done by the woman of the house, which confirms this statement. Moreover, the average age of 

the participants was 51.5 years. This result indicates that the study mightn’t be generalized to 

the entire population. This analysis needs to pay attention to the fact that students do not often 

use shopping carts. Consequently, this experiment lacks the so called ‘starters’, i.e. it needs 

more participants between 25 and 35 years. This study revealed several significantly different 

results between the five conditions, nevertheless, the relevance of the findings is relatively low 

with a maximum of 0.05 for partial eta squared. The participants could influence each other’s 

shopping behavior. For example, an uninformed participant with a 50/50 cart could watch an 

informed participant with the same condition, and simply copy his behavior. This study tried to 

prevent this kind of effects by not letting more than 6 partitioned carts at the same time in the 

store. Another possible interesting research topic could be about the utility of the cart. The open 

essay questions revealed more specific opinions on the perceived usefulness of the partitioned 

cart, i.e. a distinction for solid/heavy and fragile/soft products. Duo shoppers like mother and 

daughter, who use one cart and prefer two separate bills, tend to like the 50/50 partitioned cart. 

In this experiment, hungry participants were not excluded. This was done to get a realistic image 

of the partitioning effect. In reality you can’t exclude hungry people of using such a cart. 

Additionally, only fresh fruits and vegetables were included to calculate the healthy bill 

percentage variable, which, for example, results in an exclusion of canned and frozen fruits and 

vegetables. Lastly, this experiment was only conducted in one store on one location and had a 

minimum amount of participants per condition. The results could differ for other types of stores 

or other regions in Flanders.  

 

To conclude, a bigger (more participants per condition) and more diverse sample size is 

recommend for any possible future studies. Further research on the relationship between hungry 

shoppers and partitioned shopping carts could also determine whether the partitioning really 

has practical implications. An inclusion of more stores of each category of the Nielsen 

classification would also be interesting, to discover for which type of stores the effects are the 

strongest. Furthermore, some interesting other research topics popped up, i.e. partitioning as 
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protection for soft/ fragile foods, and duo shoppers’ efficiency. The effect of a partitioned 

shopping cart on the total sales of the store, like whether they were higher with a partitioned 

cart, is again a promising future research topic which could have major implications for 

retailers. Moreover, extra research could be done to uncover if the participants actually replaced 

unhealthy food by healthier consumables. Lastly, additional research about the influence of the 

partitioning on the pre-determined shopping list of the participants is recommended. Many 

participants in this study indicated that they had a shopping list, i.e. planned purchases (POPAI, 

2014). Therefore, the partitioning did not influence their purchases. This could be investigated 

more into detail to reveal the nudging power of the partitioning. 

 

5.2 Implications 

 

No practical implications could be concluded from this study. The relevance and effects of the 

findings were too low to justify an investment, i.e. adaptation of the cart, for retailers. We 

strongly advise further research on the several topics mentioned in section ‘5.1 Limitations and 

further research’. Only when those studies reveal relevant positive outcomes concerning the 

partitioned cart, the effectiveness of the partitioning can finally be proven.
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7. Appendices 

7.1 Additional photos 

Photo 1: Store interior, fruits and vegetables  

 

Photo 2: Store interior, fruits and vegetables  
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Photo 3: Example of a 30/70 partitioned cart  

 

 

 

 

 

 

 

 

 

 

 

 

 

Photo 4: Example of a 50/50 partitioned cart  
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7.2 Questionnaire and cover story 

 

 

 

 

 

 

Beste, 

 

Wij zijn 2 masterstudenten Toegepaste Economische Wetenschappen Marketing aan de 

Universiteit van Gent, en in het kader van onze masterproef zouden we u graag enkele vragen 

stellen.  

 

De enquête bevat enkele korte vragen die ons helpen het effect van opgedeelde winkelkarren 

te onderzoeken.  

 

Gelieve de enquête zo zorgvuldig en aandachtig mogelijk in te vullen. Achteraf krijgt u hiervoor 

een kleine beloning.  

 

Alvast bedankt voor je medewerking aan dit onderzoek! 

 

Eva Vansteenkiste 

Wouter Eeckhout 
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1) In welke mate gaat u akkoord met volgende stelling?  

(Vragen die met een * beginnen zijn enkel voor participanten die een opgedeelde 

winkelkar meekregen) 

 Volledig 

niet 

akkoord 

Niet 

akkoord 
Neutraal Akkoord 

Volledig 

Akkoord 

Ik vond de kar handig om mijn 

boodschappen mee te doen. 
1 2 3 4 5 

Ik vond de kar leuk om mijn 

boodschappen mee te doen. 
1 2 3 4 5 

Ik ben begaan met gezonde 

voeding. 
1 2 3 4 5 

Ik heb meer gezonde producten 

gekocht dan voorzien. 
1 2 3 4 5 

Ik heb meer ongezonde 

producten gekocht dan 

voorzien. 

1 2 3 4 5 

* De karindeling heeft een 

invloed op mijn 

aankoopgedrag. 

1 2 3 4 5 

Waarom? …………………..      

* Ik heb meer gezonde 

producten gekocht dan 

gewoonlijk door de indeling 

van de kar. 

1 2 3 4 5 

* Ik heb meer ongezonde 

producten gekocht dan 

1 2 3 4 5 
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gewoonlijk door de indeling 

van de kar. 

* Ik probeerde beide delen 

van de kar evenredig op te 

vullen. 

1 2 3 4 5 

 

 

Leeftijd: ik ben…… jaar.                  Geslacht (omcirkel):       M     

V  

 

Bedankt voor uw deelname aan ons onderzoek. We wensen u nog een aangename dag!  

 

 

 

___________________________________________________________________________ 

Cover story (kadering): 

Voor de klanten beginnen aan hun aankoopproces wordt hen het volgende verhaal meegedeeld 

om ons onderzoek te kaderen.  

 

Goedendag meneer/mevrouw, 

 

In het kader van de Universiteit van Gent testen wij vandaag nieuwe winkelkarren voor de 

betrokken winkel. Zou u willen deelnemen aan ons onderzoek waarvoor u op het einde van uw 

winkelbezoek een kleine beloning krijgt?  

 

Scenario 1: conditie 2,4 & 5 

Bedankt voor uw deelname. Later aan de kassa kan u uw beloning ontvangen van een 

medewerker.  

 

Scenario 2: conditie 1 & 3 

Zoals u ziet is deze kar opgedeeld in 2 delen. De bedoeling van deze kar is dat u het voorste 

deel gebruikt voor groenten en fruit, en het andere deel voor u andere producten. Alvast bedankt 

voor uw deelname. Later aan de kassa kan u uw beloning ontvangen van een medewerker. 
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7.3 SPSS output 

 

7.3.1 Frequencies 

 

FREQUENCIES VARIABLES=Handy Fun Healthy_shopper More_Healthy More_Unhealthy 

Partition_Influence 

    Partition_More_Healthy Partition_More_Unhealthy Equal_Allocation Age 

Healthy_Bill_Percentage 

  /STATISTICS=STDDEV MINIMUM MAXIMUM MEAN MEDIAN 

  /ORDER=ANALYSIS. 

 

Frequencies 

Notes 

Output Created 30-MAY-2017 14:05:14 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User-defined missing values are treated 

as missing. 

Cases Used Statistics are based on all cases with 

valid data. 

Syntax FREQUENCIES VARIABLES=Handy 

Fun Healthy_shopper More_Healthy 

More_Unhealthy Partition_Influence 

    Partition_More_Healthy 

Partition_More_Unhealthy 

Equal_Allocation Age 

Healthy_Bill_Percentage 

  /STATISTICS=STDDEV MINIMUM 

MAXIMUM MEAN MEDIAN 

  /ORDER=ANALYSIS. 
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Resources Processor Time 00:00:00,03 

Elapsed Time 00:00:00,03 

 

 

Statistics 

 

I found the 

cart handy 

to do my 

groceries 

I found the 

cart fun to 

do my 

groceries 

I am 

commited 

to healthy 

food 

I bought 

more 

healthy 

food than 

expected 

I bought 

more 

unhealthy 

food than 

expected 

The 

partitioning 

of the cart 

had an 

influence 

on my 

shopping 

behavior 

I bought 

more 

healthy 

food cause 

of the 

partitioning 

of the cart 

I bought 

more 

unhealthy 

food cause 

of the 

partitioning 

of the cart 

I tried to fill 

both parts 

of the cart 

equally Age 

How many 

of the total 

amount of 

the bill was 

spend on 

fruit and 

vegetables

? 

N Valid 160 160 160 160 160 127 127 127 127 160 160 

Missin

g 

0 0 0 0 0 33 33 33 33 0 0 

Mean 

4,0375 3,9688 4,1188 2,8500 2,3438 2,2756 2,1811 2,0000 2,7165 

51,500

0 

11,2219 

Median 

4,0000 4,0000 4,0000 3,0000 2,0000 2,0000 2,0000 2,0000 3,0000 

52,000

0 

6,7950 

Std. 

Deviation 

,98343 ,92091 1,03019 1,04731 1,02820 1,12460 ,90341 ,77664 1,24657 

15,105

92 

14,39131 

Minimum 1,00 1,00 1,00 1,00 1,00 1,00 1,00 1,00 1,00 18,00 ,00 

Maximum 5,00 5,00 5,00 5,00 5,00 5,00 5,00 5,00 5,00 92,00 91,02 

 

 

USE ALL. 

COMPUTE filter_$=(Condition=1). 

VARIABLE LABELS filter_$ 'Condition=1 (FILTER)'. 

VALUE LABELS filter_$ 0 'Not Selected' 1 'Selected'. 

FORMATS filter_$ (f1.0). 

FILTER BY filter_$. 

EXECUTE. 

DESCRIPTIVES VARIABLES=Handy Fun Healthy_shopper More_Healthy More_Unhealthy 

Partition_Influence 

    Partition_More_Healthy Partition_More_Unhealthy Equal_Allocation Age 

Healthy_Bill_Percentage 

  /STATISTICS=MEAN STDDEV MIN MAX. 
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7.3.2 Descriptives 

 

Descriptives Condition I 

Notes 

Output Created 30-MAY-2017 14:06:09 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter Condition=1 (FILTER) 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
33 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used All non-missing data are used. 

Syntax DESCRIPTIVES VARIABLES=Handy 

Fun Healthy_shopper More_Healthy 

More_Unhealthy Partition_Influence 

    Partition_More_Healthy 

Partition_More_Unhealthy 

Equal_Allocation Age 

Healthy_Bill_Percentage 

  /STATISTICS=MEAN STDDEV MIN 

MAX. 

Resources Processor Time 00:00:00,00 

Elapsed Time 00:00:00,01 

 

 

Descriptive Statistics 

 
N Minimum Maximum Mean Std. Deviation 

I found the cart handy to do 

my groceries 
33 1,00 5,00 3,9091 1,07132 

I found the cart fun to do my 

groceries 
33 1,00 5,00 3,6364 ,96236 

I am commited to healthy 

food 
33 1,00 5,00 4,0303 ,98377 
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I bought more healthy food 

than expected 
33 1,00 5,00 2,6061 1,08799 

I bought more unhealthy 

food than expected 
33 1,00 4,00 2,2424 1,03169 

The partitioning of the cart 

had an influence on my 

shopping behavior 

33 1,00 4,00 2,0000 1,06066 

I bought more healthy food 

cause of the partitioning of 

the cart 

33 1,00 5,00 2,0606 ,96629 

I bought more unhealthy 

food cause of the partitioning 

of the cart 

33 1,00 3,00 1,9697 ,72822 

I tried to fill both parts of the 

cart equally 
33 1,00 5,00 2,2121 1,13901 

Age 33 21,00 67,00 46,5455 13,01223 

How many of the total 

amount of the bill was spend 

on fruit and vegetables? 

33 ,00 68,41 13,0052 14,34885 

Valid N (listwise) 33 
    

 

USE ALL. 

COMPUTE filter_$=(Condition=2). 

VARIABLE LABELS filter_$ 'Condition=2 (FILTER)'. 

VALUE LABELS filter_$ 0 'Not Selected' 1 'Selected'. 

FORMATS filter_$ (f1.0). 

FILTER BY filter_$. 

EXECUTE. 

DESCRIPTIVES VARIABLES=Handy Fun Healthy_shopper More_Healthy More_Unhealthy 

Partition_Influence 

    Partition_More_Healthy Partition_More_Unhealthy Equal_Allocation Age 

Healthy_Bill_Percentage 

  /STATISTICS=MEAN STDDEV MIN MAX. 

 

Descriptives Condition II 

Notes 

Output Created 30-MAY-2017 14:06:55 



 

XXII 

 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter Condition=2 (FILTER) 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
31 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used All non-missing data are used. 

Syntax DESCRIPTIVES VARIABLES=Handy 

Fun Healthy_shopper More_Healthy 

More_Unhealthy Partition_Influence 

    Partition_More_Healthy 

Partition_More_Unhealthy 

Equal_Allocation Age 

Healthy_Bill_Percentage 

  /STATISTICS=MEAN STDDEV MIN 

MAX. 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,01 

 

 

Descriptive Statistics 

 
N Minimum Maximum Mean Std. Deviation 

I found the cart handy to do 

my groceries 
31 2,00 5,00 4,0323 ,94812 

I found the cart fun to do my 

groceries 
31 1,00 5,00 4,0000 1,06458 

I am commited to healthy 

food 
31 3,00 5,00 4,3871 ,71542 

I bought more healthy food 

than expected 
31 1,00 5,00 3,0645 1,12355 

I bought more unhealthy 

food than expected 
31 1,00 4,00 2,3548 ,95038 

The partitioning of the cart 

had an influence on my 

shopping behavior 

31 1,00 5,00 2,5161 1,12163 
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I bought more healthy food 

cause of the partitioning of 

the cart 

31 1,00 4,00 2,0968 ,70023 

I bought more unhealthy 

food cause of the partitioning 

of the cart 

31 1,00 5,00 2,1613 ,89803 

I tried to fill both parts of the 

cart equally 
31 1,00 5,00 2,9355 1,23654 

Age 31 23,00 85,00 54,2581 14,06406 

How many of the total 

amount of the bill was spend 

on fruit and vegetables? 

31 ,00 91,02 13,1458 18,49817 

Valid N (listwise) 31 
    

 

USE ALL. 

COMPUTE filter_$=(Condition=3). 

VARIABLE LABELS filter_$ 'Condition=3 (FILTER)'. 

VALUE LABELS filter_$ 0 'Not Selected' 1 'Selected'. 

FORMATS filter_$ (f1.0). 

FILTER BY filter_$. 

EXECUTE. 

DESCRIPTIVES VARIABLES=Handy Fun Healthy_shopper More_Healthy More_Unhealthy 

Partition_Influence 

    Partition_More_Healthy Partition_More_Unhealthy Equal_Allocation Age 

Healthy_Bill_Percentage 

  /STATISTICS=MEAN STDDEV MIN MAX. 

 

Descriptives Condition III 

Notes 

Output Created 30-MAY-2017 14:07:52 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter Condition=3 (FILTER) 

Weight <none> 

Split File <none> 
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N of Rows in Working Data 

File 
32 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used All non-missing data are used. 

Syntax DESCRIPTIVES VARIABLES=Handy 

Fun Healthy_shopper More_Healthy 

More_Unhealthy Partition_Influence 

    Partition_More_Healthy 

Partition_More_Unhealthy 

Equal_Allocation Age 

Healthy_Bill_Percentage 

  /STATISTICS=MEAN STDDEV MIN 

MAX. 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 

Descriptive Statistics 

 
N Minimum Maximum Mean Std. Deviation 

I found the cart handy to do 

my groceries 
32 1,00 5,00 4,0313 1,03127 

I found the cart fun to do my 

groceries 
32 3,00 5,00 4,1563 ,72332 

I am commited to healthy 

food 
32 1,00 5,00 3,9063 1,17389 

I bought more healthy food 

than expected 
32 1,00 5,00 2,7812 1,06965 

I bought more unhealthy 

food than expected 
32 1,00 5,00 2,3750 1,03954 

The partitioning of the cart 

had an influence on my 

shopping behavior 

32 1,00 5,00 2,0938 1,17389 

I bought more healthy food 

cause of the partitioning of 

the cart 

32 1,00 5,00 2,2813 1,08462 

I bought more unhealthy 

food cause of the partitioning 

of the cart 

32 1,00 3,00 1,8125 ,73780 

I tried to fill both parts of the 

cart equally 
32 1,00 5,00 2,8125 1,28107 

Age 32 18,00 70,00 48,4375 12,61320 
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How many of the total 

amount of the bill was spend 

on fruit and vegetables? 

32 ,00 46,51 10,2413 10,98410 

Valid N (listwise) 32 
    

 

USE ALL. 

COMPUTE filter_$=(Condition=4). 

VARIABLE LABELS filter_$ 'Condition=4 (FILTER)'. 

VALUE LABELS filter_$ 0 'Not Selected' 1 'Selected'. 

FORMATS filter_$ (f1.0). 

FILTER BY filter_$. 

EXECUTE. 

DESCRIPTIVES VARIABLES=Handy Fun Healthy_shopper More_Healthy More_Unhealthy 

Partition_Influence 

    Partition_More_Healthy Partition_More_Unhealthy Equal_Allocation Age 

Healthy_Bill_Percentage 

  /STATISTICS=MEAN STDDEV MIN MAX. 

 

Descriptives Condition IV 

Notes 

Output Created 30-MAY-2017 14:08:31 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter Condition=4 (FILTER) 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
31 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used All non-missing data are used. 
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Syntax DESCRIPTIVES VARIABLES=Handy 

Fun Healthy_shopper More_Healthy 

More_Unhealthy Partition_Influence 

    Partition_More_Healthy 

Partition_More_Unhealthy 

Equal_Allocation Age 

Healthy_Bill_Percentage 

  /STATISTICS=MEAN STDDEV MIN 

MAX. 

Resources Processor Time 00:00:00,00 

Elapsed Time 00:00:00,01 

 

 

Descriptive Statistics 

 
N Minimum Maximum Mean Std. Deviation 

I found the cart handy to do 

my groceries 
31 2,00 5,00 3,9032 ,83086 

I found the cart fun to do my 

groceries 
31 2,00 5,00 3,8710 ,80589 

I am commited to healthy 

food 
31 1,00 5,00 4,1935 1,16674 

I bought more healthy food 

than expected 
31 1,00 5,00 2,9355 ,96386 

I bought more unhealthy 

food than expected 
31 1,00 4,00 2,3226 ,90874 

The partitioning of the cart 

had an influence on my 

shopping behavior 

31 1,00 5,00 2,5161 1,09151 

I bought more healthy food 

cause of the partitioning of 

the cart 

31 1,00 5,00 2,2903 ,82436 

I bought more unhealthy 

food cause of the partitioning 

of the cart 

31 1,00 4,00 2,0645 ,72735 

I tried to fill both parts of the 

cart equally 
31 1,00 5,00 2,9355 1,23654 

Age 31 21,00 89,00 54,6452 16,28199 

How many of the total 

amount of the bill was spend 

on fruit and vegetables? 

31 ,00 55,44 11,0965 14,96824 

Valid N (listwise) 31 
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USE ALL. 

COMPUTE filter_$=(Condition=5). 

VARIABLE LABELS filter_$ 'Condition=5 (FILTER)'. 

VALUE LABELS filter_$ 0 'Not Selected' 1 'Selected'. 

FORMATS filter_$ (f1.0). 

FILTER BY filter_$. 

EXECUTE. 

DESCRIPTIVES VARIABLES=Handy Fun Healthy_shopper More_Healthy More_Unhealthy 

Partition_Influence 

    Partition_More_Healthy Partition_More_Unhealthy Equal_Allocation Age 

Healthy_Bill_Percentage 

  /STATISTICS=MEAN STDDEV MIN MAX. 

 

Descriptives Condition V 

Notes 

Output Created 30-MAY-2017 14:09:04 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter Condition=5 (FILTER) 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
33 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used All non-missing data are used. 

Syntax DESCRIPTIVES VARIABLES=Handy 

Fun Healthy_shopper More_Healthy 

More_Unhealthy Partition_Influence 

    Partition_More_Healthy 

Partition_More_Unhealthy 

Equal_Allocation Age 

Healthy_Bill_Percentage 

  /STATISTICS=MEAN STDDEV MIN 

MAX. 
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Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,01 

 

 

Descriptive Statistics 

 
N Minimum Maximum Mean Std. Deviation 

I found the cart handy to do 

my groceries 
33 1,00 5,00 4,3030 1,01504 

I found the cart fun to do my 

groceries 
33 1,00 5,00 4,1818 ,95048 

I am commited to healthy 

food 
33 1,00 5,00 4,0909 1,04174 

I bought more healthy food 

than expected 
33 1,00 5,00 2,8788 ,99240 

I bought more unhealthy 

food than expected 
33 1,00 5,00 2,4242 1,22552 

The partitioning of the cart 

had an influence on my 

shopping behavior 

0 
    

I bought more healthy food 

cause of the partitioning of 

the cart 

0 
    

I bought more unhealthy 

food cause of the partitioning 

of the cart 

0 
    

I tried to fill both parts of the 

cart equally 
0 

    

Age 33 25,00 92,00 53,8788 17,85840 

How many of the total 

amount of the bill was spend 

on fruit and vegetables? 

33 ,00 55,66 8,7003 12,69119 

Valid N (listwise) 0 
    

 

FILTER OFF. 

USE ALL. 

EXECUTE. 

 

 

GET 
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  FILE='\\Client\C$\Users\Wouter\Documents\1_Marketing 

Master\Thesis\MASTERPROEF_EVA_WOUTER_FINAAL.sav'. 

DATASET NAME DataSet1 WINDOW=FRONT. 

UNIANOVA Healthy_Bill_Percentage BY Partitioning Information Gender WITH Age 

Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  /EMMEANS=TABLES(OVERALL) WITH(Age=MEAN Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Gender) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Partitioning*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Information*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning*Information*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 

  /DESIGN=Age Healthy_shopper Partitioning Information Gender Partitioning*Information 

    Partitioning*Gender Information*Gender Partitioning*Information*Gender. 

Notes 

Output Created 20-MAY-2017 13:32:15 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 



 

XXX 

 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User-defined missing values are treated 

as missing. 

Cases Used Statistics are based on all cases with 

valid data for all variables in the model. 
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Syntax UNIANOVA Healthy_Bill_Percentage 

BY Partitioning Information Gender 

WITH Age Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  /EMMEANS=TABLES(OVERALL) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Gender) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  

/EMMEANS=TABLES(Partitioning*Info

rmation) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Partitioning*Gen

der) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Information*Gen

der) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Partitioning*Info

rmation*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ 

DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 

  /DESIGN=Age Healthy_shopper 

Partitioning Information Gender 

Partitioning*Information 
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    Partitioning*Gender 

Information*Gender 

Partitioning*Information*Gender. 

Resources Processor Time 00:00:00,06 

Elapsed Time 00:00:00,07 

 

7.3.3 Two-way Anova: Healthy bill percentage 

 

HEALTHY BILL PERCENTAGE: Univariate Analysis of Variance 

 

[DataSet1]\\Client\C$\Users\Wouter\Documents\1_Marketing 

Master\Thesis\MASTERPROEF_EVA_WOUTER_FINAAL.sav 

Between-Subjects Factors 

 
Value Label N 

Which partitioning did the 

participant receive? 

1,00 30/70 64 

2,00 50/50 63 

3,00 None 33 

Did the participant receive 

information about the 

partitioning? 

1,00 Information 65 

2,00 No Information 62 

3,00 Not Applicable 33 

Gender 1,00 Male 62 

2,00 Female 98 

 

 

Descriptive Statistics 

Dependent Variable:   How many of the total amount of the bill was spend on fruit and 

vegetables?   

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Gender Mean 

Std. 

Deviation N 

30/70 Information Male 10,8854 12,52368 13 

Female 14,3830 15,57658 20 

Total 13,0052 14,34885 33 

No Information Male 13,9158 25,06260 12 

Female 12,6595 13,63082 19 

Total 13,1458 18,49817 31 

Total Male 12,3400 19,20166 25 
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Female 13,5433 14,49437 39 

Total 13,0733 16,35628 64 

50/50 Information Male 6,5973 8,38724 11 

Female 12,1500 11,86199 21 

Total 10,2413 10,98410 32 

No Information Male 5,7170 6,05151 10 

Female 13,6581 17,26944 21 

Total 11,0965 14,96824 31 

Total Male 6,1781 7,20106 21 

Female 12,9040 14,65263 42 

Total 10,6621 12,99698 63 

None Not Applicable Male 10,3200 16,60673 16 

Female 7,1759 7,64808 17 

Total 8,7003 12,69119 33 

Total Male 10,3200 16,60673 16 

Female 7,1759 7,64808 17 

Total 8,7003 12,69119 33 

Total Information Male 8,9200 10,82495 24 

Female 13,2393 13,67039 41 

Total 11,6445 12,77983 65 

No Information Male 10,1891 19,03095 22 

Female 13,1838 15,45797 40 

Total 12,1211 16,71949 62 

Not Applicable Male 10,3200 16,60673 16 

Female 7,1759 7,64808 17 

Total 8,7003 12,69119 33 

Total Male 9,7316 15,39829 62 

Female 12,1648 13,71359 98 

Total 11,2219 14,39131 160 

 

 

Tests of Between-Subjects Effects 

Dependent Variable:   How many of the total amount of the bill was spend on fruit and vegetables?   

Source 

Type III 

Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powerb 

Corrected Model 2203,071a 11 200,279 ,965 ,481 ,067 10,611 ,520 

Intercept 2,877 1 2,877 ,014 ,906 ,000 ,014 ,052 

Age 45,626 1 45,626 ,220 ,640 ,001 ,220 ,075 

Healthy_shopper 810,430 1 810,430 3,903 ,050 ,026 3,903 ,501 
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Partitioning 296,499 1 296,499 1,428 ,234 ,010 1,428 ,221 

Information 9,926 1 9,926 ,048 ,827 ,000 ,048 ,055 

Gender 57,773 1 57,773 ,278 ,599 ,002 ,278 ,082 

Partitioning * 

Information 
,213 1 ,213 ,001 ,975 ,000 ,001 ,050 

Partitioning * Gender 304,200 1 304,200 1,465 ,228 ,010 1,465 ,225 

Information * Gender 1,356 1 1,356 ,007 ,936 ,000 ,007 ,051 

Partitioning * 

Information * Gender 
92,793 1 92,793 ,447 ,505 ,003 ,447 ,102 

Error 30727,371 148 207,617 
     

Total 53079,543 160 
      

Corrected Total 32930,442 159 
      

a. R Squared = ,067 (Adjusted R Squared = -,002) 

b. Computed using alpha = ,05 

 

Estimated Marginal Means 

1. Grand Mean 

Dependent Variable:   How many of the total amount of the bill 

was spend on fruit and vegetables?   

Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

10,806a,b 1,181 8,473 13,139 

a. Covariates appearing in the model are evaluated at the 

following values: Age = 51,5000, I am commited to healthy 

food = 4,1188. 

b. Based on modified population marginal mean. 

 

 

2. Which partitioning did the participant receive? 

 

Estimates 

Dependent Variable:   How many of the total amount of the bill was spend on fruit and 

vegetables?   

Which partitioning did the 

participant receive? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

30/70 12,924a,b 1,848 9,272 16,575 

50/50 9,729a,b 1,930 5,916 13,543 

None 8,726a,b 2,518 3,751 13,701 
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a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, 

I am commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

 

Pairwise Comparisons 

Dependent Variable:   How many of the total amount of the bill was spend on fruit and vegetables?   

(I) Which partitioning did 

the participant receive? 

(J) Which partitioning did 

the participant receive? 

Mean 

Difference (I-

J) Std. Error Sig.c 

95% Confidence Interval for 

Differencec 

Lower Bound Upper Bound 

30/70 50/50 3,195a,b 2,673 ,702 -3,279 9,668 

None 4,198a,b 3,126 ,544 -3,372 11,768 

50/50 30/70 -3,195a,b 2,673 ,702 -9,668 3,279 

None 1,003a,b 3,170 1,000 -6,672 8,679 

None 30/70 -4,198a,b 3,126 ,544 -11,768 3,372 

50/50 -1,003a,b 3,170 1,000 -8,679 6,672 

Based on estimated marginal means 

a. An estimate of the modified population marginal mean (I). 

b. An estimate of the modified population marginal mean (J). 

c. Adjustment for multiple comparisons: Bonferroni. 

 

Univariate Tests 

Dependent Variable:   How many of the total amount of the bill was spend on fruit and vegetables?   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
477,638 2 238,819 1,150 ,319 ,015 2,301 ,250 

Error 30727,371 148 207,617 
     

The F tests the effect of Which partitioning did the participant receive?. This test is based on the linearly 

independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 

 

 

3. Did the participant receive information about the partitioning? 

Estimates 

Dependent Variable:   How many of the total amount of the bill was spend on fruit and 

vegetables?   

Did the participant receive 

information about the 

partitioning? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 
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Information 11,628a,b 1,895 7,884 15,372 

No Information 11,025a,b 1,944 7,183 14,867 

Not Applicable 8,726a,b 2,518 3,751 13,701 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, 

I am commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

Pairwise Comparisons 

Dependent Variable:   How many of the total amount of the bill was spend on fruit and vegetables?   

(I) Did the participant 

receive information about 

the partitioning? 

(J) Did the participant 

receive information about 

the partitioning? 

Mean 

Difference (I-

J) Std. Error Sig.c 

95% Confidence Interval for 

Differencec 

Lower Bound Upper Bound 

Information No Information ,603a,b 2,759 1,000 -6,077 7,283 

Not Applicable 2,902a,b 3,167 1,000 -4,767 10,571 

No Information Information -,603a,b 2,759 1,000 -7,283 6,077 

Not Applicable 2,299a,b 3,166 1,000 -5,367 9,965 

Not Applicable Information -2,902a,b 3,167 1,000 -10,571 4,767 

No Information -2,299a,b 3,166 1,000 -9,965 5,367 

Based on estimated marginal means 

a. An estimate of the modified population marginal mean (I). 

b. An estimate of the modified population marginal mean (J). 

c. Adjustment for multiple comparisons: Bonferroni. 

 

 

Univariate Tests 

Dependent Variable:   How many of the total amount of the bill was spend on fruit and vegetables?   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
182,750 2 91,375 ,440 ,645 ,006 ,880 ,121 

Error 30727,371 148 207,617 
     

The F tests the effect of Did the participant receive information about the partitioning?. This test is based on the 

linearly independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 

 

4. Gender 

Estimates 

Dependent Variable:   How many of the total amount of the bill was spend 

on fruit and vegetables?   

Gender Mean Std. Error 95% Confidence Interval 
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Lower Bound Upper Bound 

Male 9,856a,b 1,875 6,151 13,561 

Female 11,757a,b 1,472 8,847 14,667 

a. Covariates appearing in the model are evaluated at the following 

values: Age = 51,5000, I am commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

Pairwise Comparisons 

Dependent Variable:   How many of the total amount of the bill was spend on fruit and vegetables?   

(I) Gender (J) Gender 

Mean 

Difference (I-J) Std. Error Sig.c 

95% Confidence Interval for 

Differencec 

Lower Bound Upper Bound 

Male Female -1,901a,b 2,406 ,431 -6,657 2,854 

Female Male 1,901a,b 2,406 ,431 -2,854 6,657 

Based on estimated marginal means 

a. An estimate of the modified population marginal mean (I). 

b. An estimate of the modified population marginal mean (J). 

c. Adjustment for multiple comparisons: Bonferroni. 

 

Univariate Tests 

Dependent Variable:   How many of the total amount of the bill was spend on fruit and vegetables?   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
129,626 1 129,626 ,624 ,431 ,004 ,624 ,123 

Error 30727,371 148 207,617 
     

The F tests the effect of Gender. This test is based on the linearly independent pairwise comparisons among the 

estimated marginal means. 

a. Computed using alpha = ,05 

 

5. Which partitioning did the participant receive? * Did the participant receive 

information about the partitioning? 

Dependent Variable:   How many of the total amount of the bill was spend on fruit and 

vegetables?   

Which partitioning 

did the participant 

receive? 

Did the participant 

receive information 

about the 

partitioning? Mean 

Std. 

Error 

95% Confidence 

Interval 

Lower 

Bound 

Upper 

Bound 

30/70 Information 13,183
a 

2,600 8,045 18,320 
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No Information 12,665
a 

2,682 7,366 17,964 

Not Applicable .a,b . . . 

50/50 Information 10,074
a 

2,707 4,725 15,423 

No Information 9,385a 2,782 3,887 14,883 

Not Applicable .a,b . . . 

None Information .a,b . . . 

No Information .a,b . . . 

Not Applicable 8,726a 2,518 3,751 13,701 

a. Covariates appearing in the model are evaluated at the following values: Age = 

51,5000, I am commited to healthy food = 4,1188. 

b. This level combination of factors is not observed, thus the corresponding 

population marginal mean is not estimable. 

 

 

6. Which partitioning did the participant receive? * Gender 

Dependent Variable:   How many of the total amount of the bill was spend on fruit and vegetables?   

Which partitioning did the 

participant receive? Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

30/70 Male 12,948a,b 2,906 7,206 18,690 

Female 12,900a,b 2,352 8,251 17,548 

50/50 Male 6,498a,b 3,153 ,267 12,729 

Female 12,960a,b 2,224 8,566 17,354 

None Male 10,386a,b 3,633 3,208 17,565 

Female 7,065a,b 3,496 ,157 13,973 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, I am 

commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

7. Did the participant receive information about the partitioning? * Gender 

Dependent Variable:   How many of the total amount of the bill was spend on fruit and vegetables?   

Did the participant receive 

information about the 

partitioning? Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Information Male 9,916a,b 3,009 3,970 15,863 

Female 13,340a,b 2,273 8,849 17,831 

No Information Male 9,530a,b 3,125 3,355 15,705 

Female 12,520a,b 2,302 7,971 17,069 

Not Applicable Male 10,386a,b 3,633 3,208 17,565 
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Female 7,065a,b 3,496 ,157 13,973 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, I am 

commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

8. Which partitioning did the participant receive? * Did the participant receive information about the 

partitioning? * Gender 

Dependent Variable:   How many of the total amount of the bill was spend on fruit and vegetables?   

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Gender Mean 

Std. 

Error 

95% Confidence Interval 

Lower 

Bound 

Upper 

Bound 

30/70 Information Male 12,205a 4,050 4,202 20,209 

Female 14,160a 3,256 7,725 20,595 

No Information Male 13,690a 4,211 5,369 22,012 

Female 11,639a 3,349 5,021 18,258 

Not Applicable Male .a,b . . . 

Female .a,b . . . 

50/50 Information Male 7,627a 4,375 -1,018 16,273 

Female 12,520a 3,154 6,288 18,752 

No Information Male 5,369a 4,570 -3,662 14,400 

Female 13,401a 3,151 7,173 19,628 

Not Applicable Male .a,b . . . 

Female .a,b . . . 

None Information Male .a,b . . . 

Female .a,b . . . 

No Information Male .a,b . . . 

Female .a,b . . . 

Not Applicable Male 10,386a 3,633 3,208 17,565 

Female 7,065a 3,496 ,157 13,973 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, I am commited to 

healthy food = 4,1188. 

b. This level combination of factors is not observed, thus the corresponding population marginal mean is not 

estimable. 

 

UNIANOVA Handy BY Partitioning Information Gender WITH Age Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  /EMMEANS=TABLES(OVERALL) WITH(Age=MEAN Healthy_shopper=MEAN) 



 

XL 

 

  /EMMEANS=TABLES(Partitioning) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Gender) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Partitioning*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Information*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning*Information*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 

  /DESIGN=Age Healthy_shopper Partitioning Information Gender Partitioning*Information 

    Partitioning*Gender Information*Gender Partitioning*Information*Gender. 

 

 

7.3.4 Two-way Anova: Handy 

 

HANDY: Univariate Analysis of Variance 

 

Notes 

Output Created 20-MAY-2017 13:35:22 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 
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N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User-defined missing values are treated 

as missing. 

Cases Used Statistics are based on all cases with 

valid data for all variables in the model. 
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Syntax UNIANOVA Handy BY Partitioning 

Information Gender WITH Age 

Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  /EMMEANS=TABLES(OVERALL) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Gender) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  

/EMMEANS=TABLES(Partitioning*Info

rmation) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Partitioning*Gen

der) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Information*Gen

der) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Partitioning*Info

rmation*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ 

DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 

  /DESIGN=Age Healthy_shopper 

Partitioning Information Gender 

Partitioning*Information 



 

XLIII 

 

    Partitioning*Gender 

Information*Gender 

Partitioning*Information*Gender. 

Resources Processor Time 00:00:00,06 

Elapsed Time 00:00:00,08 

 

 

Between-Subjects Factors 

 
Value Label N 

Which partitioning did the 

participant receive? 

1,00 30/70 64 

2,00 50/50 63 

3,00 None 33 

Did the participant receive 

information about the 

partitioning? 

1,00 Information 65 

2,00 No Information 62 

3,00 Not Applicable 33 

Gender 1,00 Male 62 

2,00 Female 98 

 

 

Descriptive Statistics 

Dependent Variable:   I found the cart handy to do my groceries   

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Gender Mean 

Std. 

Deviation N 

30/70 Information Male 3,6154 1,12090 13 

Female 4,1000 1,02084 20 

Total 3,9091 1,07132 33 

No Information Male 4,0000 ,85280 12 

Female 4,0526 1,02598 19 

Total 4,0323 ,94812 31 

Total Male 3,8000 1,00000 25 

Female 4,0769 1,01007 39 

Total 3,9687 1,00741 64 

50/50 Information Male 4,1818 ,87386 11 

Female 3,9524 1,11697 21 

Total 4,0313 1,03127 32 

No Information Male 4,1000 ,73786 10 

Female 3,8095 ,87287 21 

Total 3,9032 ,83086 31 
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Total Male 4,1429 ,79282 21 

Female 3,8810 ,99271 42 

Total 3,9683 ,93271 63 

None Not Applicable Male 4,2500 1,06458 16 

Female 4,3529 ,99632 17 

Total 4,3030 1,01504 33 

Total Male 4,2500 1,06458 16 

Female 4,3529 ,99632 17 

Total 4,3030 1,01504 33 

Total Information Male 3,8750 1,03472 24 

Female 4,0244 1,06037 41 

Total 3,9692 1,04537 65 

No Information Male 4,0455 ,78542 22 

Female 3,9250 ,94428 40 

Total 3,9677 ,88647 62 

Not Applicable Male 4,2500 1,06458 16 

Female 4,3529 ,99632 17 

Total 4,3030 1,01504 33 

Total Male 4,0323 ,95759 62 

Female 4,0408 1,00430 98 

Total 4,0375 ,98343 160 

 

 

Tests of Between-Subjects Effects 

Dependent Variable:   I found the cart handy to do my groceries   

Source 

Type III 

Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powerb 

Corrected Model 33,093a 11 3,008 3,690 ,000 ,215 40,585 ,996 

Intercept 40,191 1 40,191 49,288 ,000 ,250 49,288 1,000 

Age ,923 1 ,923 1,132 ,289 ,008 1,132 ,185 

Healthy_shopper 26,548 1 26,548 32,557 ,000 ,180 32,557 1,000 

Partitioning ,418 1 ,418 ,512 ,475 ,003 ,512 ,110 

Information ,159 1 ,159 ,195 ,659 ,001 ,195 ,072 

Gender ,435 1 ,435 ,533 ,466 ,004 ,533 ,112 

Partitioning * 

Information 
,547 1 ,547 ,671 ,414 ,005 ,671 ,129 

Partitioning * Gender ,723 1 ,723 ,886 ,348 ,006 ,886 ,155 

Information * Gender ,234 1 ,234 ,287 ,593 ,002 ,287 ,083 
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Partitioning * 

Information * Gender 
,351 1 ,351 ,430 ,513 ,003 ,430 ,100 

Error 120,682 148 ,815 
     

Total 2762,000 160 
      

Corrected Total 153,775 159 
      

a. R Squared = ,215 (Adjusted R Squared = ,157) 

b. Computed using alpha = ,05 

 

 

 

Estimated Marginal Means 

 

 

 

1. Grand Mean 

Dependent Variable:   I found the cart handy to do my 

groceries   

Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

4,056a,b ,074 3,910 4,202 

a. Covariates appearing in the model are evaluated at the 

following values: Age = 51,5000, I am commited to healthy 

food = 4,1188. 

b. Based on modified population marginal mean. 

 

 

 

2. Which partitioning did the participant receive? 

 

 

 

Estimates 

Dependent Variable:   I found the cart handy to do my groceries   

Which partitioning did the 

participant receive? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

30/70 3,928a,b ,116 3,700 4,157 

50/50 4,048a,b ,121 3,809 4,287 
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None 4,327a,b ,158 4,015 4,639 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, 

I am commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

 

Pairwise Comparisons 

Dependent Variable:   I found the cart handy to do my groceries   

(I) Which partitioning did 

the participant receive? 

(J) Which partitioning did 

the participant receive? 

Mean 

Difference (I-

J) Std. Error Sig.c 

95% Confidence Interval for 

Differencec 

Lower Bound Upper Bound 

30/70 50/50 -,120a,b ,168 1,000 -,526 ,286 

None -,399a,b ,196 ,131 -,873 ,076 

50/50 30/70 ,120a,b ,168 1,000 -,286 ,526 

None -,279a,b ,199 ,488 -,760 ,202 

None 30/70 ,399a,b ,196 ,131 -,076 ,873 

50/50 ,279a,b ,199 ,488 -,202 ,760 

Based on estimated marginal means 

a. An estimate of the modified population marginal mean (I). 

b. An estimate of the modified population marginal mean (J). 

c. Adjustment for multiple comparisons: Bonferroni. 

 

 

Univariate Tests 

Dependent Variable:   I found the cart handy to do my groceries   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
3,390 2 1,695 2,079 ,129 ,027 4,157 ,422 

Error 120,682 148 ,815 
     

The F tests the effect of Which partitioning did the participant receive?. This test is based on the linearly 

independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 

 

 

 

3. Did the participant receive information about the partitioning? 
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Estimates 

Dependent Variable:   I found the cart handy to do my groceries   

Did the participant receive 

information about the 

partitioning? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Information 4,027a,b ,119 3,792 4,261 

No Information 3,950a,b ,122 3,709 4,191 

Not Applicable 4,327a,b ,158 4,015 4,639 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, 

I am commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

 

Pairwise Comparisons 

Dependent Variable:   I found the cart handy to do my groceries   

(I) Did the participant 

receive information about 

the partitioning? 

(J) Did the participant 

receive information about 

the partitioning? 

Mean 

Difference (I-

J) Std. Error Sig.c 

95% Confidence Interval for 

Differencec 

Lower Bound Upper Bound 

Information No Information ,076a,b ,173 1,000 -,342 ,495 

Not Applicable -,301a,b ,198 ,396 -,781 ,180 

No Information Information -,076a,b ,173 1,000 -,495 ,342 

Not Applicable -,377a,b ,198 ,178 -,857 ,104 

Not Applicable Information ,301a,b ,198 ,396 -,180 ,781 

No Information ,377a,b ,198 ,178 -,104 ,857 

Based on estimated marginal means 

a. An estimate of the modified population marginal mean (I). 

b. An estimate of the modified population marginal mean (J). 

c. Adjustment for multiple comparisons: Bonferroni. 

 

 

Univariate Tests 

Dependent Variable:   I found the cart handy to do my groceries   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
3,091 2 1,546 1,896 ,154 ,025 3,791 ,389 

Error 120,682 148 ,815 
     

The F tests the effect of Did the participant receive information about the partitioning?. This test is based on the 

linearly independent pairwise comparisons among the estimated marginal means. 
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a. Computed using alpha = ,05 

 

 

 

4. Gender 

 

 

 

Estimates 

Dependent Variable:   I found the cart handy to do my groceries   

Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Male 4,119a,b ,117 3,887 4,351 

Female 3,993a,b ,092 3,811 4,175 

a. Covariates appearing in the model are evaluated at the following 

values: Age = 51,5000, I am commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

 

Pairwise Comparisons 

Dependent Variable:   I found the cart handy to do my groceries   

(I) Gender (J) Gender 

Mean 

Difference (I-J) Std. Error Sig.c 

95% Confidence Interval for 

Differencec 

Lower Bound Upper Bound 

Male Female ,126a,b ,151 ,404 -,172 ,424 

Female Male -,126a,b ,151 ,404 -,424 ,172 

Based on estimated marginal means 

a. An estimate of the modified population marginal mean (I). 

b. An estimate of the modified population marginal mean (J). 

c. Adjustment for multiple comparisons: Bonferroni. 

 

 

Univariate Tests 

Dependent Variable:   I found the cart handy to do my groceries   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
,572 1 ,572 ,702 ,404 ,005 ,702 ,132 
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Error 120,682 148 ,815 
     

The F tests the effect of Gender. This test is based on the linearly independent pairwise comparisons among the 

estimated marginal means. 

a. Computed using alpha = ,05 

 

 

5. Which partitioning did the participant receive? * Did the participant receive 

information about the partitioning? 

Dependent Variable:   I found the cart handy to do my groceries   

Which partitioning 

did the participant 

receive? 

Did the participant 

receive information 

about the 

partitioning? Mean 

Std. 

Error 

95% Confidence 

Interval 

Lower 

Bound 

Upper 

Bound 

30/70 Information 3,898a ,163 3,576 4,220 

No Information 3,959a ,168 3,627 4,291 

Not Applicable .a,b . . . 

50/50 Information 4,155a ,170 3,820 4,490 

No Information 3,942a ,174 3,597 4,286 

Not Applicable .a,b . . . 

None Information .a,b . . . 

No Information .a,b . . . 

Not Applicable 4,327a ,158 4,015 4,639 

a. Covariates appearing in the model are evaluated at the following values: Age = 

51,5000, I am commited to healthy food = 4,1188. 

b. This level combination of factors is not observed, thus the corresponding 

population marginal mean is not estimable. 

 

 

6. Which partitioning did the participant receive? * Gender 

Dependent Variable:   I found the cart handy to do my groceries   

Which partitioning did the 

participant receive? Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

30/70 Male 3,928a,b ,182 3,568 4,288 

Female 3,929a,b ,147 3,638 4,220 

50/50 Male 4,206a,b ,198 3,816 4,597 

Female 3,890a,b ,139 3,615 4,166 

None Male 4,328a,b ,228 3,878 4,778 

Female 4,326a,b ,219 3,893 4,759 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, I am 

commited to healthy food = 4,1188. 
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b. Based on modified population marginal mean. 

 

 

7. Did the participant receive information about the partitioning? * Gender 

Dependent Variable:   I found the cart handy to do my groceries   

Did the participant receive 

information about the 

partitioning? Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Information Male 4,060a,b ,189 3,688 4,433 

Female 3,993a,b ,142 3,711 4,274 

No Information Male 4,074a,b ,196 3,687 4,461 

Female 3,826a,b ,144 3,541 4,112 

Not Applicable Male 4,328a,b ,228 3,878 4,778 

Female 4,326a,b ,219 3,893 4,759 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, I am 

commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

 

8. Which partitioning did the participant receive? * Did the participant receive information about the 

partitioning? * Gender 

Dependent Variable:   I found the cart handy to do my groceries   

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Gender Mean 

Std. 

Error 

95% Confidence Interval 

Lower 

Bound 

Upper 

Bound 

30/70 Information Male 3,798a ,254 3,296 4,299 

Female 3,999a ,204 3,595 4,402 

No Information Male 4,058a ,264 3,537 4,580 

Female 3,860a ,210 3,445 4,274 

Not Applicable Male .a,b . . . 

Female .a,b . . . 

50/50 Information Male 4,323a ,274 3,781 4,865 

Female 3,987a ,198 3,597 4,378 

No Information Male 4,090a ,286 3,524 4,656 

Female 3,793a ,197 3,403 4,184 

Not Applicable Male .a,b . . . 

Female .a,b . . . 

None Information Male .a,b . . . 

Female .a,b . . . 

No Information Male .a,b . . . 
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Female .a,b . . . 

Not Applicable Male 4,328a ,228 3,878 4,778 

Female 4,326a ,219 3,893 4,759 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, I am commited to 

healthy food = 4,1188. 

b. This level combination of factors is not observed, thus the corresponding population marginal mean is not 

estimable. 

 

UNIANOVA Fun BY Partitioning Information Gender WITH Age Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  /PLOT=PROFILE(Partitioning*Information*Gender Information*Partitioning*Gender) 

  /EMMEANS=TABLES(OVERALL) WITH(Age=MEAN Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Gender) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Partitioning*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Information*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning*Information*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 

  /DESIGN=Age Healthy_shopper Partitioning Information Gender Partitioning*Information 

    Partitioning*Gender Information*Gender Partitioning*Information*Gender. 

 



 

LII 

 

 

 

 

 

 

7.3.5 Two-way Anova: Fun 

 

FUN: Univariate Analysis of Variance 

Notes 

Output Created 20-MAY-2017 13:39:54 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User-defined missing values are treated 

as missing. 

Cases Used Statistics are based on all cases with 

valid data for all variables in the model. 
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Syntax UNIANOVA Fun BY Partitioning 

Information Gender WITH Age 

Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  

/PLOT=PROFILE(Partitioning*Informati

on*Gender 

Information*Partitioning*Gender) 

  /EMMEANS=TABLES(OVERALL) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Gender) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  

/EMMEANS=TABLES(Partitioning*Info

rmation) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Partitioning*Gen

der) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Information*Gen

der) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Partitioning*Info

rmation*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ 

DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 
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  /DESIGN=Age Healthy_shopper 

Partitioning Information Gender 

Partitioning*Information 

    Partitioning*Gender 

Information*Gender 

Partitioning*Information*Gender. 

Resources Processor Time 00:00:05,88 

Elapsed Time 00:00:01,71 

 

 

Between-Subjects Factors 

 
Value Label N 

Which partitioning did the 

participant receive? 

1,00 30/70 64 

2,00 50/50 63 

3,00 None 33 

Did the participant receive 

information about the 

partitioning? 

1,00 Information 65 

2,00 No Information 62 

3,00 Not Applicable 33 

Gender 1,00 Male 62 

2,00 Female 98 

 

 

Descriptive Statistics 

Dependent Variable:   I found the cart fun to do my groceries   

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Gender Mean 

Std. 

Deviation N 

30/70 Information Male 3,6154 ,86972 13 

Female 3,6500 1,03999 20 

Total 3,6364 ,96236 33 

No Information Male 3,6667 1,37069 12 

Female 4,2105 ,78733 19 

Total 4,0000 1,06458 31 

Total Male 3,6400 1,11355 25 

Female 3,9231 ,95655 39 

Total 3,8125 1,02159 64 

50/50 Information Male 4,0909 ,83121 11 

Female 4,1905 ,67964 21 

Total 4,1563 ,72332 32 
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No Information Male 4,2000 ,63246 10 

Female 3,7143 ,84515 21 

Total 3,8710 ,80589 31 

Total Male 4,1429 ,72703 21 

Female 3,9524 ,79487 42 

Total 4,0159 ,77235 63 

None Not Applicable Male 4,1875 ,75000 16 

Female 4,1765 1,13111 17 

Total 4,1818 ,95048 33 

Total Male 4,1875 ,75000 16 

Female 4,1765 1,13111 17 

Total 4,1818 ,95048 33 

Total Information Male 3,8333 ,86811 24 

Female 3,9268 ,90527 41 

Total 3,8923 ,88606 65 

No Information Male 3,9091 1,10880 22 

Female 3,9500 ,84580 40 

Total 3,9355 ,93862 62 

Not Applicable Male 4,1875 ,75000 16 

Female 4,1765 1,13111 17 

Total 4,1818 ,95048 33 

Total Male 3,9516 ,93085 62 

Female 3,9796 ,91921 98 

Total 3,9688 ,92091 160 

 

 

 

 

 

 

Tests of Between-Subjects Effects 

Dependent Variable:   I found the cart fun to do my groceries   

Source 

Type III 

Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powerb 

Corrected Model 31,590a 11 2,872 4,116 ,000 ,234 45,280 ,999 

Intercept 38,120 1 38,120 54,640 ,000 ,270 54,640 1,000 

Age ,124 1 ,124 ,177 ,675 ,001 ,177 ,070 

Healthy_shopper 21,128 1 21,128 30,284 ,000 ,170 30,284 1,000 

Partitioning 2,735 1 2,735 3,920 ,050 ,026 3,920 ,503 
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Information ,078 1 ,078 ,111 ,739 ,001 ,111 ,063 

Gender ,275 1 ,275 ,394 ,531 ,003 ,394 ,096 

Partitioning * 

Information 
1,663 1 1,663 2,383 ,125 ,016 2,383 ,335 

Partitioning * Gender ,671 1 ,671 ,962 ,328 ,006 ,962 ,164 

Information * Gender ,010 1 ,010 ,014 ,904 ,000 ,014 ,052 

Partitioning * 

Information * Gender 
2,002 1 2,002 2,869 ,092 ,019 2,869 ,391 

Error 103,254 148 ,698 
     

Total 2655,000 160 
      

Corrected Total 134,844 159 
      

a. R Squared = ,234 (Adjusted R Squared = ,177) 

b. Computed using alpha = ,05 

 

Estimated Marginal Means 

 

1. Grand Mean 

Dependent Variable:   I found the cart fun to do my groceries   

Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

3,982a,b ,068 3,847 4,118 

a. Covariates appearing in the model are evaluated at the 

following values: Age = 51,5000, I am commited to healthy 

food = 4,1188. 

b. Based on modified population marginal mean. 

 

 

2. Which partitioning did the participant receive? 

 

Estimates 

Dependent Variable:   I found the cart fun to do my groceries   

Which partitioning did the 

participant receive? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

30/70 3,775a,b ,107 3,563 3,987 

50/50 4,082a,b ,112 3,861 4,303 

None 4,198a,b ,146 3,910 4,486 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, 

I am commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 
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Pairwise Comparisons 

Dependent Variable:   I found the cart fun to do my groceries   

(I) Which partitioning did 

the participant receive? 

(J) Which partitioning did 

the participant receive? 

Mean 

Difference (I-

J) Std. Error Sig.c 

95% Confidence Interval for 

Differencec 

Lower Bound Upper Bound 

30/70 50/50 -,307a,b ,155 ,149 -,682 ,068 

None -,423a,b ,181 ,063 -,862 ,016 

50/50 30/70 ,307a,b ,155 ,149 -,068 ,682 

None -,116a,b ,184 1,000 -,561 ,329 

None 30/70 ,423a,b ,181 ,063 -,016 ,862 

50/50 ,116a,b ,184 1,000 -,329 ,561 

Based on estimated marginal means 

a. An estimate of the modified population marginal mean (I). 

b. An estimate of the modified population marginal mean (J). 

c. Adjustment for multiple comparisons: Bonferroni. 

 

 

Univariate Tests 

Dependent Variable:   I found the cart fun to do my groceries   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
4,672 2 2,336 3,349 ,038 ,043 6,697 ,625 

Error 103,254 148 ,698 
     

The F tests the effect of Which partitioning did the participant receive?. This test is based on the linearly 

independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 

 

 

3. Did the participant receive information about the partitioning? 

 

Estimates 

Dependent Variable:   I found the cart fun to do my groceries   

Did the participant receive 

information about the 

partitioning? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Information 3,955a,b ,110 3,738 4,172 
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No Information 3,902a,b ,113 3,679 4,125 

Not Applicable 4,198a,b ,146 3,910 4,486 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, 

I am commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

Pairwise Comparisons 

Dependent Variable:   I found the cart fun to do my groceries   

(I) Did the participant 

receive information about 

the partitioning? 

(J) Did the participant 

receive information about 

the partitioning? 

Mean 

Difference (I-

J) Std. Error Sig.c 

95% Confidence Interval for 

Differencec 

Lower Bound Upper Bound 

Information No Information ,053a,b ,160 1,000 -,334 ,441 

Not Applicable -,243a,b ,184 ,565 -,687 ,202 

No Information Information -,053a,b ,160 1,000 -,441 ,334 

Not Applicable -,296a,b ,184 ,326 -,741 ,148 

Not Applicable Information ,243a,b ,184 ,565 -,202 ,687 

No Information ,296a,b ,184 ,326 -,148 ,741 

Based on estimated marginal means 

a. An estimate of the modified population marginal mean (I). 

b. An estimate of the modified population marginal mean (J). 

c. Adjustment for multiple comparisons: Bonferroni. 

 

 

Univariate Tests 

Dependent Variable:   I found the cart fun to do my groceries   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
1,933 2 ,967 1,386 ,253 ,018 2,771 ,294 

Error 103,254 148 ,698 
     

The F tests the effect of Did the participant receive information about the partitioning?. This test is based on the 

linearly independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 

 

4. Gender 

Estimates 

Dependent Variable:   I found the cart fun to do my groceries   

Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Male 4,027a,b ,109 3,812 4,242 
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Female 3,938a,b ,085 3,769 4,107 

a. Covariates appearing in the model are evaluated at the following 

values: Age = 51,5000, I am commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

Pairwise Comparisons 

Dependent Variable:   I found the cart fun to do my groceries   

(I) Gender (J) Gender 

Mean 

Difference (I-J) Std. Error Sig.c 

95% Confidence Interval for 

Differencec 

Lower Bound Upper Bound 

Male Female ,089a,b ,139 ,525 -,187 ,365 

Female Male -,089a,b ,139 ,525 -,365 ,187 

Based on estimated marginal means 

a. An estimate of the modified population marginal mean (I). 

b. An estimate of the modified population marginal mean (J). 

c. Adjustment for multiple comparisons: Bonferroni. 

 

Univariate Tests 

Dependent Variable:   I found the cart fun to do my groceries   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
,283 1 ,283 ,406 ,525 ,003 ,406 ,097 

Error 103,254 148 ,698 
     

The F tests the effect of Gender. This test is based on the linearly independent pairwise comparisons among the 

estimated marginal means. 

a. Computed using alpha = ,05 

 

5. Which partitioning did the participant receive? * Did the participant receive 

information about the partitioning? 

Dependent Variable:   I found the cart fun to do my groceries   

Which partitioning 

did the participant 

receive? 

Did the participant 

receive information 

about the 

partitioning? Mean 

Std. 

Error 

95% Confidence 

Interval 

Lower 

Bound 

Upper 

Bound 

30/70 Information 3,682a ,151 3,385 3,980 

No Information 3,868a ,155 3,561 4,175 

Not Applicable .a,b . . . 

50/50 Information 4,228a ,157 3,918 4,538 

No Information 3,936a ,161 3,617 4,254 
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Not Applicable .a,b . . . 

None Information .a,b . . . 

No Information .a,b . . . 

Not Applicable 4,198a ,146 3,910 4,486 

a. Covariates appearing in the model are evaluated at the following values: Age = 

51,5000, I am commited to healthy food = 4,1188. 

b. This level combination of factors is not observed, thus the corresponding 

population marginal mean is not estimable. 

 

6. Which partitioning did the participant receive? * Gender 

Dependent Variable:   I found the cart fun to do my groceries   

Which partitioning did the 

participant receive? Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

30/70 Male 3,743a,b ,168 3,410 4,076 

Female 3,807a,b ,136 3,537 4,076 

50/50 Male 4,203a,b ,183 3,842 4,564 

Female 3,961a,b ,129 3,706 4,216 

None Male 4,242a,b ,211 3,826 4,658 

Female 4,154a,b ,203 3,754 4,555 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, I am 

commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

7. Did the participant receive information about the partitioning? * Gender 

Dependent Variable:   I found the cart fun to do my groceries   

Did the participant receive 

information about the 

partitioning? Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Information Male 4,009a,b ,174 3,664 4,354 

Female 3,901a,b ,132 3,641 4,162 

No Information Male 3,937a,b ,181 3,579 4,295 

Female 3,867a,b ,133 3,603 4,130 

Not Applicable Male 4,242a,b ,211 3,826 4,658 

Female 4,154a,b ,203 3,754 4,555 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, I am 

commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

8. Which partitioning did the participant receive? * Did the participant receive information about the 

partitioning? * Gender 
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Dependent Variable:   I found the cart fun to do my groceries   

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Gender Mean 

Std. 

Error 

95% Confidence Interval 

Lower 

Bound 

Upper 

Bound 

30/70 Information Male 3,791a ,235 3,327 4,255 

Female 3,574a ,189 3,201 3,947 

No Information Male 3,696a ,244 3,213 4,178 

Female 4,040a ,194 3,657 4,424 

Not Applicable Male .a,b . . . 

Female .a,b . . . 

50/50 Information Male 4,227a ,254 3,726 4,729 

Female 4,229a ,183 3,868 4,590 

No Information Male 4,179a ,265 3,655 4,702 

Female 3,693a ,183 3,332 4,054 

Not Applicable Male .a,b . . . 

Female .a,b . . . 

None Information Male .a,b . . . 

Female .a,b . . . 

No Information Male .a,b . . . 

Female .a,b . . . 

Not Applicable Male 4,242a ,211 3,826 4,658 

Female 4,154a ,203 3,754 4,555 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, I am commited to 

healthy food = 4,1188. 

b. This level combination of factors is not observed, thus the corresponding population marginal mean is not 

estimable. 

 

 

Profile Plots 

 

Which partitioning did the participant receive? * Did the participant receive 

information about the partitioning? * Gender 
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Did the participant receive information about the partitioning? * Which 

partitioning did the participant receive? * Gender 
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T-TEST GROUPS=PART_INFO_GENDER(6 8) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

 

FUN T-Test: INFO 30/70 female VS INFO 50/50 FEMALE 

Notes 

Output Created 20-MAY-2017 13:50:47 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 
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Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(6 8) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I found the cart fun 

to do my groceries 

30/70_info_female 20 3,6500 1,03999 ,23255 

50/50_info_female 21 4,1905 ,67964 ,14831 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I found the cart fun 

to do my groceries 

Equal variances 

assumed 
4,172 ,048 -1,979 39 ,055 -,54048 ,27306 -1,09279 ,01184 

Equal variances 

not assumed 

  
-1,960 32,492 ,059 -,54048 ,27582 -1,10196 ,02101 

 

T-TEST GROUPS=PART_INFO_GENDER(6 7) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 
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FUN T-Test: INFO 30/70 female VS NO INFO 30/70 FEMALE 

 

Notes 

Output Created 20-MAY-2017 13:53:46 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(6 7) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 

 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I found the cart fun 

to do my groceries 

30/70_info_female 20 3,6500 1,03999 ,23255 

30/70_NO_info_fe

male 
19 4,2105 ,78733 ,18063 
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Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

taile

d) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I found the cart fun 

to do my groceries 

Equal variances 

assumed 
2,396 ,130 -1,890 37 ,067 -,56053 ,29657 -1,16143 ,04038 

Equal variances 

not assumed 

  
-1,904 35,285 ,065 -,56053 ,29446 -1,15813 ,03708 

 

T-TEST GROUPS=PART_INFO_GENDER(7 9) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

 

FUN: T-Test NO INFO 30/70 FEMALE VS NO INFO 50/50 FEMALE 

Notes 

Output Created 20-MAY-2017 13:56:05 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 
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Syntax T-TEST 

GROUPS=PART_INFO_GENDER(7 9) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,03 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I found the cart fun 

to do my groceries 

30/70_NO_info_fe

male 
19 4,2105 ,78733 ,18063 

50/50_NO_info_fe

male 
21 3,7143 ,84515 ,18443 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

taile

d) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I found the cart fun 

to do my groceries 

Equal variances 

assumed 
,068 ,795 1,915 38 ,063 ,49624 ,25908 -,02825 1,02073 

Equal variances 

not assumed 

  
1,922 37,962 ,062 ,49624 ,25815 -,02636 1,01885 

 

T-TEST GROUPS=PART_INFO_GENDER(8 9) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

 

FUN T-Test: NO INFO 50/50 FEMALE VS INFO 50/50 FEMALE 

Notes 

Output Created 20-MAY-2017 13:58:17 



 

LXVIII 

 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(8 9) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,03 

Elapsed Time 00:00:00,02 

 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I found the cart fun 

to do my groceries 

50/50_info_female 21 4,1905 ,67964 ,14831 

50/50_NO_info_fe

male 
21 3,7143 ,84515 ,18443 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 
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F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I found the cart fun 

to do my groceries 

Equal variances 

assumed 
,340 ,563 2,012 40 ,051 ,47619 ,23666 -,00212 ,95450 

Equal variances 

not assumed 

  
2,012 38,239 ,051 ,47619 ,23666 -,00281 ,95519 

 

T-TEST GROUPS=PART_INFO_GENDER(9 10) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

 

FUN T-Test: NO INFO 50/50 FEMALE VS NONE FEMALE 

Notes 

Output Created 20-MAY-2017 14:05:56 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(9 

10) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,00 
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Elapsed Time 00:00:00,01 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I found the cart fun 

to do my groceries 

50/50_NO_info_fe

male 
21 3,7143 ,84515 ,18443 

none_female 17 4,1765 1,13111 ,27433 

 

Independent Samples Test 

 

Levene's Test for Equality of 

Variances t-test for Equality of Means 

F Sig. t df Sig. (2-tailed) 

Mean 

Difference 

Std. Error 

Difference 

95% Confidence Interval of the 

Difference 

Lower Upper 

I found the cart fun to do 

my groceries 

Equal variances assumed ,462 ,501 -1,442 36 ,158 -,46218 ,32057 -1,11233 ,18796 

Equal variances not 

assumed 

  
-1,398 28,993 ,173 -,46218 ,33056 -1,13827 ,21390 

 

T-TEST GROUPS=PART_INFO_GENDER(6 10) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

 

FUN T-Test: INFO 30/70 FEMALE VS NONE FEMALE 

Notes 

Output Created 20-MAY-2017 14:07:18 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 
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Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(6 

10) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,03 

Elapsed Time 00:00:00,02 

 

 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I found the cart fun 

to do my groceries 

30/70_info_female 20 3,6500 1,03999 ,23255 

none_female 17 4,1765 1,13111 ,27433 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I found the cart fun 

to do my groceries 

Equal variances 

assumed 
,110 ,742 -1,474 35 ,149 -,52647 ,35713 -1,25149 ,19855 

Equal variances 

not assumed 

  
-1,464 32,935 ,153 -,52647 ,35964 -1,25821 ,20527 

 

T-TEST GROUPS=PART_INFO_GENDER(2 7) 
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  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

 

FUN T-Test: NO INFO 30/70 MALE VS NO INFO 30/70 FEMALE 

Notes 

Output Created 20-MAY-2017 14:22:41 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(2 7) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I found the cart fun 

to do my groceries 

30/70_NO_info_ma

le 
12 3,6667 1,37069 ,39568 

30/70_NO_info_fe

male 
19 4,2105 ,78733 ,18063 
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Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I found the cart fun 

to do my groceries 

Equal variances 

assumed 
5,650 ,024 -1,408 29 ,170 -,54386 ,38627 -1,33388 ,24616 

Equal variances 

not assumed 

  
-1,250 15,647 ,230 -,54386 ,43496 -1,46763 ,37991 

 

T-TEST GROUPS=PART_INFO_GENDER(4 9) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

 

FUN T-Test: NO INFO 50/50 MALE VS NO INFO 50/50 FEMALE 

Notes 

Output Created 20-MAY-2017 14:27:21 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 
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Syntax T-TEST 

GROUPS=PART_INFO_GENDER(4 9) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I found the cart fun 

to do my groceries 

50/50_NO_info_ma

le 
10 4,2000 ,63246 ,20000 

50/50_NO_info_fe

male 
21 3,7143 ,84515 ,18443 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I found the cart fun 

to do my groceries 

Equal variances 

assumed 
,568 ,457 1,610 29 ,118 ,48571 ,30173 -,13140 1,10283 

Equal variances 

not assumed 

  
1,785 23,249 ,087 ,48571 ,27205 -,07674 1,04817 

 

T-TEST GROUPS=Partitioning(1 3) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

 

FUN T-Test: 30/70 VS NONE 

Notes 

Output Created 20-MAY-2017 14:57:05 
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Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST GROUPS=Partitioning(1 3) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,03 

 

 

Group Statistics 

 Which partitioning 

did the participant 

receive? N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I found the cart fun 

to do my groceries 

30/70 64 3,8125 1,02159 ,12770 

None 33 4,1818 ,95048 ,16546 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

taile

d) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I found the cart fun 

to do my groceries 

Equal variances 

assumed 
,733 ,394 -1,726 95 ,088 -,36932 ,21392 -,79401 ,05537 
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Equal variances 

not assumed 

  
-1,767 69,035 ,082 -,36932 ,20900 -,78627 ,04763 

 

T-TEST GROUPS=Partitioning(1 2) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

 

FUN T-Test: 30/70 VS 50/50 

Notes 

Output Created 20-MAY-2017 15:01:43 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST GROUPS=Partitioning(1 2) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 

 

Group Statistics 

 Which partitioning 

did the participant 

receive? N Mean 

Std. 

Deviation 

Std. Error 

Mean 
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I found the cart fun 

to do my groceries 

30/70 64 3,8125 1,02159 ,12770 

50/50 63 4,0159 ,77235 ,09731 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

taile

d) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I found the cart fun 

to do my groceries 

Equal variances 

assumed 
8,378 ,004 -1,264 125 ,209 -,20337 ,16090 -,52181 ,11506 

Equal variances 

not assumed 

  
-1,267 117,237 ,208 -,20337 ,16055 -,52132 ,11458 

 

T-TEST GROUPS=Partitioning(2 3) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

 

FUN T-Test: 50/50 VS NONE 

Notes 

Output Created 20-MAY-2017 15:02:46 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 
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Syntax T-TEST GROUPS=Partitioning(2 3) 

  /MISSING=ANALYSIS 

  /VARIABLES=Fun 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Which partitioning 

did the participant 

receive? N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I found the cart fun 

to do my groceries 

50/50 63 4,0159 ,77235 ,09731 

None 33 4,1818 ,95048 ,16546 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I found the cart fun 

to do my groceries 

Equal variances 

assumed 
2,245 ,137 -,922 94 ,359 -,16595 ,17991 -,52317 ,19128 

Equal variances 

not assumed 

  
-,865 54,593 ,391 -,16595 ,19195 -,55068 ,21879 

 

UNIANOVA More_Healthy BY Partitioning Information Gender WITH Age 

Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  /PLOT=PROFILE(Partitioning*Information Information*Partitioning 

Partitioning*Information*Gender 

    Information*Partitioning*Gender) 

  /EMMEANS=TABLES(OVERALL) WITH(Age=MEAN Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 
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  /EMMEANS=TABLES(Information) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Gender) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Partitioning*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Information*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning*Information*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 

  /DESIGN=Age Healthy_shopper Partitioning Information Gender Partitioning*Information 

    Partitioning*Gender Information*Gender Partitioning*Information*Gender. 

 

 

 

 

 

 

7.3.6 Two-way Anova: More Healthy 

 

MORE HEALTHY: Univariate Analysis of Variance 

Notes 

Output Created 20-MAY-2017 15:08:25 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 
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Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User-defined missing values are treated 

as missing. 

Cases Used Statistics are based on all cases with 

valid data for all variables in the model. 
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Syntax UNIANOVA More_Healthy BY 

Partitioning Information Gender WITH 

Age Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  

/PLOT=PROFILE(Partitioning*Informati

on Information*Partitioning 

Partitioning*Information*Gender 

    Information*Partitioning*Gender) 

  /EMMEANS=TABLES(OVERALL) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Gender) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  

/EMMEANS=TABLES(Partitioning*Info

rmation) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Partitioning*Gen

der) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Information*Gen

der) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Partitioning*Info

rmation*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ 

DESCRIPTIVE 
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  /CRITERIA=ALPHA(.05) 

  /DESIGN=Age Healthy_shopper 

Partitioning Information Gender 

Partitioning*Information 

    Partitioning*Gender 

Information*Gender 

Partitioning*Information*Gender. 

Resources Processor Time 00:00:02,79 

Elapsed Time 00:00:02,18 

 

 

Between-Subjects Factors 

 
Value Label N 

Which partitioning did the 

participant receive? 

1,00 30/70 64 

2,00 50/50 63 

3,00 None 33 

Did the participant receive 

information about the 

partitioning? 

1,00 Information 65 

2,00 No Information 62 

3,00 Not Applicable 33 

Gender 1,00 Male 62 

2,00 Female 98 

 

 

Descriptive Statistics 

Dependent Variable:   I bought more healthy food than expected   

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Gender Mean 

Std. 

Deviation N 

30/70 Information Male 2,0000 ,70711 13 

Female 3,0000 1,12390 20 

Total 2,6061 1,08799 33 

No Information Male 2,9167 1,44338 12 

Female 3,1579 ,89834 19 

Total 3,0645 1,12355 31 

Total Male 2,4400 1,19304 25 

Female 3,0769 1,01007 39 

Total 2,8281 1,12058 64 

50/50 Information Male 3,0909 1,04447 11 

Female 2,6190 1,07127 21 
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Total 2,7812 1,06965 32 

No Information Male 2,4000 ,69921 10 

Female 3,1905 ,98077 21 

Total 2,9355 ,96386 31 

Total Male 2,7619 ,94365 21 

Female 2,9048 1,05483 42 

Total 2,8571 1,01373 63 

None Not Applicable Male 2,8125 ,91059 16 

Female 2,9412 1,08804 17 

Total 2,8788 ,99240 33 

Total Male 2,8125 ,91059 16 

Female 2,9412 1,08804 17 

Total 2,8788 ,99240 33 

Total Information Male 2,5000 1,02151 24 

Female 2,8049 1,10044 41 

Total 2,6923 1,07417 65 

No Information Male 2,6818 1,17053 22 

Female 3,1750 ,93060 40 

Total 3,0000 1,04018 62 

Not Applicable Male 2,8125 ,91059 16 

Female 2,9412 1,08804 17 

Total 2,8788 ,99240 33 

Total Male 2,6452 1,04170 62 

Female 2,9796 1,03525 98 

Total 2,8500 1,04731 160 

 

 

 

 

 

Tests of Between-Subjects Effects 

Dependent Variable:   I bought more healthy food than expected   

Source 

Type III 

Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powerb 

Corrected Model 46,634a 11 4,239 4,911 ,000 ,267 54,019 1,000 

Intercept 6,808 1 6,808 7,887 ,006 ,051 7,887 ,797 

Age ,002 1 ,002 ,003 ,959 ,000 ,003 ,050 

Healthy_shopper 28,323 1 28,323 32,808 ,000 ,181 32,808 1,000 

Partitioning ,324 1 ,324 ,375 ,541 ,003 ,375 ,093 
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Information ,226 1 ,226 ,261 ,610 ,002 ,261 ,080 

Gender 1,153 1 1,153 1,336 ,250 ,009 1,336 ,209 

Partitioning * 

Information 
2,447 1 2,447 2,834 ,094 ,019 2,834 ,387 

Partitioning * Gender ,505 1 ,505 ,585 ,446 ,004 ,585 ,118 

Information * Gender ,887 1 ,887 1,027 ,312 ,007 1,027 ,172 

Partitioning * 

Information * Gender 
7,731 1 7,731 8,955 ,003 ,057 8,955 ,844 

Error 127,766 148 ,863 
     

Total 1474,000 160 
      

Corrected Total 174,400 159 
      

a. R Squared = ,267 (Adjusted R Squared = ,213) 

b. Computed using alpha = ,05 

 

Estimated Marginal Means 

 

1. Grand Mean 

Dependent Variable:   I bought more healthy food than 

expected   

Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

2,826a,b ,076 2,676 2,977 

a. Covariates appearing in the model are evaluated at the 

following values: Age = 51,5000, I am commited to healthy 

food = 4,1188. 

b. Based on modified population marginal mean. 

 

2. Which partitioning did the participant receive? 

Estimates 

Dependent Variable:   I bought more healthy food than expected   

Which partitioning did the 

participant receive? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

30/70 2,758a,b ,119 2,522 2,993 

50/50 2,863a,b ,124 2,617 3,109 

None 2,890a,b ,162 2,570 3,211 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, 

I am commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 



 

LXXXV 

 

Pairwise Comparisons 

Dependent Variable:   I bought more healthy food than expected   

(I) Which partitioning did 

the participant receive? 

(J) Which partitioning did 

the participant receive? 

Mean 

Difference (I-

J) Std. Error Sig.c 

95% Confidence Interval for 

Differencec 

Lower Bound Upper Bound 

30/70 50/50 -,106a,b ,172 1,000 -,523 ,312 

None -,133a,b ,202 1,000 -,621 ,355 

50/50 30/70 ,106a,b ,172 1,000 -,312 ,523 

None -,027a,b ,204 1,000 -,522 ,468 

None 30/70 ,133a,b ,202 1,000 -,355 ,621 

50/50 ,027a,b ,204 1,000 -,468 ,522 

Based on estimated marginal means 

a. An estimate of the modified population marginal mean (I). 

b. An estimate of the modified population marginal mean (J). 

c. Adjustment for multiple comparisons: Bonferroni. 

 

 

 

 

 

Univariate Tests 

Dependent Variable:   I bought more healthy food than expected   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
,496 2 ,248 ,287 ,751 ,004 ,575 ,095 

Error 127,766 148 ,863 
     

The F tests the effect of Which partitioning did the participant receive?. This test is based on the linearly 

independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 

 

3. Did the participant receive information about the partitioning? 

 

Estimates 

Dependent Variable:   I bought more healthy food than expected   

Did the participant receive 

information about the 

partitioning? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Information 2,765a,b ,122 2,523 3,006 

No Information 2,856a,b ,125 2,608 3,104 



 

LXXXVI 

 

Not Applicable 2,890a,b ,162 2,570 3,211 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, 

I am commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

Pairwise Comparisons 

Dependent Variable:   I bought more healthy food than expected   

(I) Did the participant 

receive information about 

the partitioning? 

(J) Did the participant 

receive information about 

the partitioning? 

Mean 

Difference (I-

J) Std. Error Sig.c 

95% Confidence Interval for 

Differencec 

Lower Bound Upper Bound 

Information No Information -,091a,b ,178 1,000 -,522 ,340 

Not Applicable -,126a,b ,204 1,000 -,620 ,369 

No Information Information ,091a,b ,178 1,000 -,340 ,522 

Not Applicable -,035a,b ,204 1,000 -,529 ,460 

Not Applicable Information ,126a,b ,204 1,000 -,369 ,620 

No Information ,035a,b ,204 1,000 -,460 ,529 

Based on estimated marginal means 

a. An estimate of the modified population marginal mean (I). 

b. An estimate of the modified population marginal mean (J). 

c. Adjustment for multiple comparisons: Bonferroni. 

 

Univariate Tests 

Dependent Variable:   I bought more healthy food than expected   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
,389 2 ,195 ,226 ,798 ,003 ,451 ,085 

Error 127,766 148 ,863 
     

The F tests the effect of Did the participant receive information about the partitioning?. This test is based on the 

linearly independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 

 

4. Gender 

 

Estimates 

Dependent Variable:   I bought more healthy food than expected   

Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Male 2,727a,b ,121 2,488 2,966 



 

LXXXVII 

 

Female 2,926a,b ,095 2,738 3,114 

a. Covariates appearing in the model are evaluated at the following 

values: Age = 51,5000, I am commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

Pairwise Comparisons 

Dependent Variable:   I bought more healthy food than expected   

(I) Gender (J) Gender 

Mean 

Difference (I-J) Std. Error Sig.c 

95% Confidence Interval for 

Differencec 

Lower Bound Upper Bound 

Male Female -,199a,b ,155 ,201 -,506 ,107 

Female Male ,199a,b ,155 ,201 -,107 ,506 

Based on estimated marginal means 

a. An estimate of the modified population marginal mean (I). 

b. An estimate of the modified population marginal mean (J). 

c. Adjustment for multiple comparisons: Bonferroni. 

 

Univariate Tests 

Dependent Variable:   I bought more healthy food than expected   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
1,422 1 1,422 1,647 ,201 ,011 1,647 ,247 

Error 127,766 148 ,863 
     

The F tests the effect of Gender. This test is based on the linearly independent pairwise comparisons among the 

estimated marginal means. 

a. Computed using alpha = ,05 

 

 

5. Which partitioning did the participant receive? * Did the participant receive 

information about the partitioning? 

Dependent Variable:   I bought more healthy food than expected   

Which partitioning 

did the participant 

receive? 

Did the participant 

receive information 

about the 

partitioning? Mean 

Std. 

Error 

95% Confidence 

Interval 

Lower 

Bound 

Upper 

Bound 

30/70 Information 2,567a ,168 2,236 2,898 

No Information 2,948a ,173 2,606 3,290 

Not Applicable .a,b . . . 

50/50 Information 2,963a ,175 2,618 3,307 



 

LXXXVIII 

 

No Information 2,764a ,179 2,409 3,118 

Not Applicable .a,b . . . 

None Information .a,b . . . 

No Information .a,b . . . 

Not Applicable 2,890a ,162 2,570 3,211 

a. Covariates appearing in the model are evaluated at the following values: Age = 

51,5000, I am commited to healthy food = 4,1188. 

b. This level combination of factors is not observed, thus the corresponding 

population marginal mean is not estimable. 

 

6. Which partitioning did the participant receive? * Gender 

Dependent Variable:   I bought more healthy food than expected   

Which partitioning did the 

participant receive? Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

30/70 Male 2,573a,b ,187 2,203 2,944 

Female 2,942a,b ,152 2,642 3,242 

50/50 Male 2,811a,b ,203 2,410 3,213 

Female 2,915a,b ,143 2,631 3,198 

None Male 2,864a,b ,234 2,402 3,327 

Female 2,916a,b ,225 2,471 3,362 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, I am 

commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

7. Did the participant receive information about the partitioning? * Gender 

Dependent Variable:   I bought more healthy food than expected   

Did the participant receive 

information about the 

partitioning? Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Information Male 2,735a,b ,194 2,351 3,118 

Female 2,795a,b ,147 2,506 3,085 

No Information Male 2,650a,b ,201 2,252 3,048 

Female 3,061a,b ,148 2,768 3,355 

Not Applicable Male 2,864a,b ,234 2,402 3,327 

Female 2,916a,b ,225 2,471 3,362 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, I am 

commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

 



 

LXXXIX 

 

8. Which partitioning did the participant receive? * Did the participant receive information about the 

partitioning? * Gender 

Dependent Variable:   I bought more healthy food than expected   

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Gender Mean 

Std. 

Error 

95% Confidence Interval 

Lower 

Bound 

Upper 

Bound 

30/70 Information Male 2,213a ,261 1,697 2,729 

Female 2,922a ,210 2,507 3,337 

No Information Male 2,934a ,272 2,397 3,471 

Female 2,962a ,216 2,535 3,389 

Not Applicable Male .a,b . . . 

Female .a,b . . . 

50/50 Information Male 3,256a ,282 2,699 3,814 

Female 2,669a ,203 2,267 3,071 

No Information Male 2,367a ,295 1,784 2,949 

Female 3,161a ,203 2,759 3,562 

Not Applicable Male .a,b . . . 

Female .a,b . . . 

None Information Male .a,b . . . 

Female .a,b . . . 

No Information Male .a,b . . . 

Female .a,b . . . 

Not Applicable Male 2,864a ,234 2,402 3,327 

Female 2,916a ,225 2,471 3,362 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, I am commited to 

healthy food = 4,1188. 

b. This level combination of factors is not observed, thus the corresponding population marginal mean is not 

estimable. 

 

Profile Plots 

 

 

 



 

XC 
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Which partitioning did the participant receive? * Did the participant receive 

information about the partitioning? * Gender 

 

 

 

 

Did the participant receive information about the partitioning? * Which 

partitioning did the participant receive? * Gender 



 

XCII 

 

 

 

 

T-TEST GROUPS=Condition(1 3) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 



 

XCIII 

 

MORE HEALTHY T-Test: 30/70 INFO VS 50/50 INFO 

Notes 

Output Created 20-MAY-2017 15:13:36 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST GROUPS=Condition(1 3) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,03 

Elapsed Time 00:00:00,02 

 

Group Statistics 

 Which condtion did 

the respondent 

receive N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

30/70 with info 33 2,6061 1,08799 ,18939 

50/50 with info 
32 2,7813 1,06965 ,18909 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 



 

XCIV 

 

Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
,188 ,666 -,654 63 ,515 -,17519 ,26770 -,71014 ,35976 

Equal variances 

not assumed 

  
-,655 62,987 ,515 -,17519 ,26763 -,71000 ,35963 

 

T-TEST GROUPS=Condition(1 2) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 

MORE HEALTHY T-Test: 30/70 INFO VS 30/70 NO INFO 

Notes 

Output Created 20-MAY-2017 15:15:55 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST GROUPS=Condition(1 2) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 



 

XCV 

 

 Which condtion did 

the respondent 

receive N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

30/70 with info 33 2,6061 1,08799 ,18939 

30/70 without info 
31 3,0645 1,12355 ,20180 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

taile

d) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
,245 ,622 -1,658 62 ,102 -,45846 ,27647 -1,01111 ,09420 

Equal variances 

not assumed 

  
-1,657 61,438 ,103 -,45846 ,27675 -1,01178 ,09486 

 

T-TEST GROUPS=Condition(1 4) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 

MORE HEALTHY T-Test: 30/70 INFO VS 50/50 NO INFO 

Notes 

Output Created 20-MAY-2017 15:18:27 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 



 

XCVI 

 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST GROUPS=Condition(1 4) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Which condtion did 

the respondent 

receive N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

30/70 with info 33 2,6061 1,08799 ,18939 

50/50 without info 
31 2,9355 ,96386 ,17311 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

taile

d) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
1,794 ,185 -1,279 62 ,206 -,32942 ,25757 -,84431 ,18546 

Equal variances 

not assumed 

  
-1,284 61,796 ,204 -,32942 ,25659 -,84237 ,18353 

 

T-TEST GROUPS=Condition(1 5) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 



 

XCVII 

 

MORE HEALTHY T-Test: 30/70 INFO VS NONE 

Notes 

Output Created 20-MAY-2017 15:19:32 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST GROUPS=Condition(1 5) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

Group Statistics 

 Which condtion did 

the respondent 

receive N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

30/70 with info 33 2,6061 1,08799 ,18939 

Control condition 
33 2,8788 ,99240 ,17275 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

taile

d) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 



 

XCVIII 

 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
,818 ,369 -1,064 64 ,291 -,27273 ,25635 -,78484 ,23939 

Equal variances 

not assumed 

  
-1,064 63,466 ,291 -,27273 ,25635 -,78492 ,23947 

 

T-TEST GROUPS=PART_INFO_GENDER(1 3) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 

 MORE HEALTHY T-Test: 30/70 INFO MALE VS 50/50 INFO MALE 

Notes 

Output Created 20-MAY-2017 15:33:48 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(1 3) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,03 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 



 

XCIX 

 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

30/70_info_male 13 2,0000 ,70711 ,19612 

50/50_info_male 
11 3,0909 1,04447 ,31492 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

taile

d) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
,674 ,421 -3,037 22 ,006 -1,09091 ,35916 -1,83576 -,34606 

Equal variances 

not assumed 

  
-2,941 17,115 ,009 -1,09091 ,37099 -1,87323 -,30859 

 

T-TEST GROUPS=PART_INFO_GENDER(1 2) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 

MORE HEALTHY T-Test: 30/70 INFO MALE VS 30/70 NO INFO MALE 

Notes 

Output Created 20-MAY-2017 15:35:41 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 



 

C 

 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(1 2) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

30/70_info_male 13 2,0000 ,70711 ,19612 

30/70_NO_info_ma

le 
12 2,9167 1,44338 ,41667 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

taile

d) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
4,957 ,036 -2,042 23 ,053 -,91667 ,44887 -1,84522 ,01189 

Equal variances 

not assumed 

  
-1,991 15,707 ,064 -,91667 ,46051 -1,89439 ,06106 

 

T-TEST GROUPS=PART_INFO_GENDER(2 4) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 



 

CI 

 

  /CRITERIA=CI(.95). 

 

MORE HEALTHY T-Test: 30/70 NO INFO MALE VS 50/50 NO INFO MALE 

 

Notes 

Output Created 20-MAY-2017 15:37:43 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(2 4) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,00 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

30/70_NO_info_ma

le 
12 2,9167 1,44338 ,41667 

50/50_NO_info_ma

le 
10 2,4000 ,69921 ,22111 



 

CII 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
2,909 ,104 1,033 20 ,314 ,51667 ,50040 -,52715 1,56049 

Equal variances 

not assumed 

  
1,095 16,471 ,289 ,51667 ,47170 -,48097 1,51430 

 

T-TEST GROUPS=PART_INFO_GENDER(3 4) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 

MORE HEALTHY T-Test: 50/50 INFO MALE VS 50/50 NO INFO MALE 

Notes 

Output Created 20-MAY-2017 15:39:47 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 



 

CIII 

 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(3 4) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,00 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

50/50_info_male 11 3,0909 1,04447 ,31492 

50/50_NO_info_ma

le 
10 2,4000 ,69921 ,22111 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
,090 ,767 1,762 19 ,094 ,69091 ,39220 -,12998 1,51180 

Equal variances 

not assumed 

  
1,796 17,551 ,090 ,69091 ,38479 -,11899 1,50081 

 

T-TEST GROUPS=PART_INFO_GENDER(1 5) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 

MORE HEALTHY T-Test: 30/70 INFO MALE VS NONE MALE 

Notes 

Output Created 20-MAY-2017 15:41:36 



 

CIV 

 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(1 5) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,00 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

30/70_info_male 13 2,0000 ,70711 ,19612 

none_male 
16 2,8125 ,91059 ,22765 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 



 

CV 

 

taile

d) Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
1,589 ,218 -2,633 27 ,014 -,81250 ,30856 -1,44561 -,17939 

Equal variances 

not assumed 

  
-2,704 26,963 ,012 -,81250 ,30047 -1,42906 -,19594 

 

T-TEST GROUPS=PART_INFO_GENDER(4 5) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 

MORE HEALTHY T-Test: 50/50 NO INFO MALE VS NONE MALE 

Notes 

Output Created 20-MAY-2017 15:44:10 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(4 5) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 



 

CVI 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

50/50_NO_info_ma

le 
10 2,4000 ,69921 ,22111 

none_male 16 2,8125 ,91059 ,22765 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

taile

d) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
,353 ,558 -1,222 24 ,234 -,41250 ,33764 -1,10936 ,28436 

Equal variances 

not assumed 

  
-1,300 22,813 ,207 -,41250 ,31735 -1,06929 ,24429 

 

T-TEST GROUPS=PART_INFO_GENDER(3 5) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 

MORE HEALTHY T-Test: 50/50 INFO MALE VS NONE MALE 

Notes 

Output Created 20-MAY-2017 15:45:40 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 



 

CVII 

 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(3 5) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

50/50_info_male 11 3,0909 1,04447 ,31492 

none_male 
16 2,8125 ,91059 ,22765 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
,018 ,895 ,736 25 ,469 ,27841 ,37850 -,50113 1,05795 

Equal variances 

not assumed 

  
,716 19,611 ,482 ,27841 ,38858 -,53319 1,09001 

 

T-TEST GROUPS=PART_INFO_GENDER(8 9) 



 

CVIII 

 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 

MORE HEALTHY T-Test: 50/50 INFO FEMALE VS 50/50 NO INFO FEMALE 

Notes 

Output Created 20-MAY-2017 15:54:28 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(8 9) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

50/50_info_female 21 2,6190 1,07127 ,23377 

50/50_NO_info_fe

male 
21 3,1905 ,98077 ,21402 



 

CIX 

 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

taile

d) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
,404 ,529 -1,803 40 ,079 -,57143 ,31694 -1,21200 ,06914 

Equal variances 

not assumed 

  
-1,803 39,692 ,079 -,57143 ,31694 -1,21215 ,06929 

 

T-TEST GROUPS=PART_INFO_GENDER(6 8) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 

MORE HEALTHY T-Test: 30/70 INFO FEMALE VS 50/50 INFO FEMALE 

Notes 

Output Created 20-MAY-2017 15:55:57 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 



 

CX 

 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(6 8) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,00 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

30/70_info_female 20 3,0000 1,12390 ,25131 

50/50_info_female 
21 2,6190 1,07127 ,23377 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
,031 ,860 1,111 39 ,273 ,38095 ,34282 -,31246 1,07437 

Equal variances 

not assumed 

  
1,110 38,630 ,274 ,38095 ,34323 -,31351 1,07541 

 

T-TEST GROUPS=PART_INFO_GENDER(7 9) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 

MORE HEALTHY T-Test: 30/70 NO INFO FEMALE VS 50/50 NO INFO 

FEMALE 



 

CXI 

 

Notes 

Output Created 20-MAY-2017 15:57:35 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(7 9) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

30/70_NO_info_fe

male 
19 3,1579 ,89834 ,20609 

50/50_NO_info_fe

male 
21 3,1905 ,98077 ,21402 

 

 

Independent Samples Test 

 
Levene's Test for Equality of 

Variances t-test for Equality of Means 



 

CXII 

 

F Sig. t df Sig. (2-tailed) 

Mean 

Difference 

Std. Error 

Difference 

95% Confidence Interval of the 

Difference 

Lower Upper 

I bought more healthy 

food than expected 

Equal variances assumed ,086 ,771 -,109 38 ,914 -,03258 ,29846 -,63678 ,57161 

Equal variances not 

assumed 

  
-,110 37,992 ,913 -,03258 ,29712 -,63407 ,56891 

 

T-TEST GROUPS=PART_INFO_GENDER(8 10) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 

 

MORE HEALTHY T-Test: 50/50 INFO FEMALE VS NONE FEMALE 

Notes 

Output Created 20-MAY-2017 15:59:23 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(8 

10) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 



 

CXIII 

 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

50/50_info_female 21 2,6190 1,07127 ,23377 

none_female 
17 2,9412 1,08804 ,26389 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
,066 ,799 -,915 36 ,366 -,32213 ,35195 -1,03592 ,39166 

Equal variances 

not assumed 

  
-,914 34,144 ,367 -,32213 ,35254 -1,03847 ,39421 

 

T-TEST GROUPS=PART_INFO_GENDER(9 10) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 

MORE HEALTHY T-Test: 50/50 NO INFO FEMALE VS NONE FEMALE 

Notes 

Output Created 20-MAY-2017 16:00:53 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 



 

CXIV 

 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(9 

10) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

50/50_NO_info_fe

male 
21 3,1905 ,98077 ,21402 

none_female 17 2,9412 1,08804 ,26389 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
,097 ,758 ,742 36 ,463 ,24930 ,33599 -,43211 ,93071 

Equal variances 

not assumed 

  
,734 32,665 ,468 ,24930 ,33977 -,44223 ,94083 

 



 

CXV 

 

T-TEST GROUPS=PART_INFO_GENDER(1 6) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 

MORE HEALTHY T-Test: 30/70 INFO MALE VS 30/70 INFO FEMALE 

Notes 

Output Created 20-MAY-2017 16:07:57 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(1 6) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

30/70_info_male 13 2,0000 ,70711 ,19612 



 

CXVI 

 

I bought more 

healthy food than 

expected 

30/70_info_female 

20 3,0000 1,12390 ,25131 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

taile

d) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
1,939 ,174 -2,853 31 ,008 -1,00000 ,35047 -1,71479 -,28521 

Equal variances 

not assumed 

  
-3,137 30,990 ,004 -1,00000 ,31878 -1,65016 -,34984 

 

T-TEST GROUPS=PART_INFO_GENDER(3 8) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 

MORE HEALTHY T-Test: 50/50 INFO MALE VS 50/50 INFO FEMALE 

Notes 

Output Created 20-MAY-2017 16:09:39 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 



 

CXVII 

 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(3 8) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

50/50_info_male 11 3,0909 1,04447 ,31492 

50/50_info_female 
21 2,6190 1,07127 ,23377 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
,402 ,531 1,193 30 ,242 ,47186 ,39542 -,33570 1,27942 

Equal variances 

not assumed 

  
1,203 20,886 ,242 ,47186 ,39220 -,34404 1,28776 

 

T-TEST GROUPS=PART_INFO_GENDER(4 9) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

 

MORE HEALTHY T-Test: 50/50 NO INFO MALE VS 50/50 NO INFO FEMALE 

 

Notes 

Output Created 20-MAY-2017 16:11:04 



 

CXVIII 

 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST 

GROUPS=PART_INFO_GENDER(4 9) 

  /MISSING=ANALYSIS 

  /VARIABLES=More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*INFO*GEND

ER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food than 

expected 

50/50_NO_info_ma

le 
10 2,4000 ,69921 ,22111 

50/50_NO_info_fe

male 
21 3,1905 ,98077 ,21402 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 
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Lower Upper 

I bought more 

healthy food than 

expected 

Equal variances 

assumed 
,262 ,612 -2,279 29 ,030 -,79048 ,34688 -1,49992 -,08103 

Equal variances 

not assumed 

  
-2,569 24,204 ,017 -,79048 ,30772 -1,42530 -,15565 

 

GET 

  FILE='\\Client\C$\Users\Wouter\Documents\1_Marketing 

Master\Thesis\MASTERPROEF_EVA_WOUTER_FINAAL.sav'. 

DATASET NAME DataSet1 WINDOW=FRONT. 

UNIANOVA More_Unhealthy BY Gender Partitioning Information WITH Age 

Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  /EMMEANS=TABLES(OVERALL) WITH(Age=MEAN Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Gender) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Partitioning) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Gender*Partitioning) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Gender*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Gender*Partitioning*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 

  /DESIGN=Age Healthy_shopper Gender Partitioning Information Gender*Partitioning 

    Gender*Information Partitioning*Information Gender*Partitioning*Information. 

 



 

CXX 

 

7.3.7 Two-way Anova: More unhealthy 

 

MORE UNHEALTHY: Univariate Analysis of Variance 

 

Notes 

Output Created 20-MAY-2017 17:26:10 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User-defined missing values are treated 

as missing. 

Cases Used Statistics are based on all cases with 

valid data for all variables in the model. 
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Syntax UNIANOVA More_Unhealthy BY 

Gender Partitioning Information WITH 

Age Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  /EMMEANS=TABLES(OVERALL) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Gender) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Partitioning) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  

/EMMEANS=TABLES(Gender*Partitio

ning) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Gender*Informa

tion) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Partitioning*Info

rmation) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Gender*Partitio

ning*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ 

DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 

  /DESIGN=Age Healthy_shopper 

Gender Partitioning Information 

Gender*Partitioning 
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    Gender*Information 

Partitioning*Information 

Gender*Partitioning*Information. 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,05 

 

 

[DataSet1] \\Client\C$\Users\Wouter\Documents\1_Marketing 

Master\Thesis\MASTERPROEF_EVA_WOUTER_FINAAL.sav 

 

Between-Subjects Factors 

 
Value Label N 

Gender 1,00 Male 62 

2,00 Female 98 

Which partitioning did the 

participant receive? 

1,00 30/70 64 

2,00 50/50 63 

3,00 None 33 

Did the participant receive 

information about the 

partitioning? 

1,00 Information 65 

2,00 No Information 62 

3,00 Not Applicable 33 

 

Descriptive Statistics 

Dependent Variable:   I bought more unhealthy food than expected   

Gender 

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Mean 

Std. 

Deviation N 

Male 30/70 Information 2,1538 ,89872 13 

No Information 2,1667 1,11464 12 

Total 2,1600 ,98658 25 

50/50 Information 2,7273 1,00905 11 

No Information 2,3000 ,94868 10 

Total 2,5238 ,98077 21 

None Not Applicable 2,6875 1,25000 16 

Total 2,6875 1,25000 16 

Total Information 2,4167 ,97431 24 

No Information 2,2273 1,02036 22 

Not Applicable 2,6875 1,25000 16 

Total 2,4194 1,06430 62 

Female 30/70 Information 2,3000 1,12858 20 
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No Information 2,4737 ,84119 19 

Total 2,3846 ,98983 39 

50/50 Information 2,1905 1,03049 21 

No Information 2,3333 ,91287 21 

Total 2,2619 ,96423 42 

None Not Applicable 2,1765 1,18508 17 

Total 2,1765 1,18508 17 

Total Information 2,2439 1,06725 41 

No Information 2,4000 ,87119 40 

Not Applicable 2,1765 1,18508 17 

Total 2,2959 1,00728 98 

Total 30/70 Information 2,2424 1,03169 33 

No Information 2,3548 ,95038 31 

Total 2,2969 ,98689 64 

50/50 Information 2,3750 1,03954 32 

No Information 2,3226 ,90874 31 

Total 2,3492 ,96985 63 

None Not Applicable 2,4242 1,22552 33 

Total 2,4242 1,22552 33 

Total Information 2,3077 1,02961 65 

No Information 2,3387 ,92228 62 

Not Applicable 2,4242 1,22552 33 

Total 2,3438 1,02820 160 

 

Tests of Between-Subjects Effects 

Dependent Variable:   I bought more unhealthy food than expected   

Source 

Type III 

Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powerb 

Corrected Model 16,011a 11 1,456 1,416 ,171 ,095 15,581 ,727 

Intercept 59,489 1 59,489 57,892 ,000 ,281 57,892 1,000 

Age 10,262 1 10,262 9,986 ,002 ,063 9,986 ,881 

Healthy_shopper ,011 1 ,011 ,011 ,918 ,000 ,011 ,051 

Gender 1,757 1 1,757 1,710 ,193 ,011 1,710 ,255 

Partitioning ,471 1 ,471 ,459 ,499 ,003 ,459 ,103 

Information ,318 1 ,318 ,309 ,579 ,002 ,309 ,086 

Gender * Partitioning 1,144 1 1,144 1,113 ,293 ,007 1,113 ,182 

Gender * Information ,511 1 ,511 ,498 ,482 ,003 ,498 ,108 

Partitioning * 

Information 
,530 1 ,530 ,516 ,474 ,003 ,516 ,110 
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Gender * Partitioning * 

Information 
,472 1 ,472 ,459 ,499 ,003 ,459 ,103 

Error 152,083 148 1,028 
     

Total 1047,000 160 
      

Corrected Total 168,094 159 
      

a. R Squared = ,095 (Adjusted R Squared = ,028) 

b. Computed using alpha = ,05 

 

 

Estimated Marginal Means 

 

1. Grand Mean 

Dependent Variable:   I bought more unhealthy food than 

expected   

Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

2,357a,b ,083 2,193 2,521 

a. Covariates appearing in the model are evaluated at the 

following values: Age = 51,5000, I am commited to healthy 

food = 4,1188. 

b. Based on modified population marginal mean. 

 

 

2. Gender 

 

 

Estimates 

Dependent Variable:   I bought more unhealthy food than expected   

Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Male 2,443a,b ,132 2,182 2,703 

Female 2,271a,b ,104 2,066 2,475 

a. Covariates appearing in the model are evaluated at the following 

values: Age = 51,5000, I am commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

Pairwise Comparisons 

Dependent Variable:   I bought more unhealthy food than expected   
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(I) Gender (J) Gender 

Mean 

Difference (I-J) Std. Error Sig.c 

95% Confidence Interval for 

Differencec 

Lower Bound Upper Bound 

Male Female ,172a,b ,169 ,312 -,163 ,506 

Female Male -,172a,b ,169 ,312 -,506 ,163 

Based on estimated marginal means 

a. An estimate of the modified population marginal mean (I). 

b. An estimate of the modified population marginal mean (J). 

c. Adjustment for multiple comparisons: Bonferroni. 

 

Univariate Tests 

Dependent Variable:   I bought more unhealthy food than expected   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
1,058 1 1,058 1,030 ,312 ,007 1,030 ,172 

Error 152,083 148 1,028 
     

The F tests the effect of Gender. This test is based on the linearly independent pairwise comparisons among the 

estimated marginal means. 

a. Computed using alpha = ,05 

 

 

 

3. Which partitioning did the participant receive? 

 

Estimates 

Dependent Variable:   I bought more unhealthy food than expected   

Which partitioning did the 

participant receive? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

30/70 2,263a,b ,130 2,006 2,520 

50/50 2,391a,b ,136 2,122 2,659 

None 2,476a,b ,177 2,126 2,826 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, 

I am commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

Pairwise Comparisons 

Dependent Variable:   I bought more unhealthy food than expected   
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(I) Which partitioning did 

the participant receive? 

(J) Which partitioning did 

the participant receive? 

Mean 

Difference (I-

J) Std. Error Sig.c 

95% Confidence Interval for 

Differencec 

Lower Bound Upper Bound 

30/70 50/50 -,127a,b ,188 1,000 -,583 ,328 

None -,212a,b ,220 1,000 -,745 ,320 

50/50 30/70 ,127a,b ,188 1,000 -,328 ,583 

None -,085a,b ,223 1,000 -,625 ,455 

None 30/70 ,212a,b ,220 1,000 -,320 ,745 

50/50 ,085a,b ,223 1,000 -,455 ,625 

Based on estimated marginal means 

a. An estimate of the modified population marginal mean (I). 

b. An estimate of the modified population marginal mean (J). 

c. Adjustment for multiple comparisons: Bonferroni. 

 

Univariate Tests 

Dependent Variable:   I bought more unhealthy food than expected   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
1,056 2 ,528 ,514 ,599 ,007 1,027 ,133 

Error 152,083 148 1,028 
     

The F tests the effect of Which partitioning did the participant receive?. This test is based on the linearly 

independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 

 

 

4. Did the participant receive information about the partitioning? 

Estimates 

Dependent Variable:   I bought more unhealthy food than expected   

Did the participant receive 

information about the 

partitioning? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Information 2,273a,b ,133 2,010 2,536 

No Information 2,381a,b ,137 2,111 2,651 

Not Applicable 2,476a,b ,177 2,126 2,826 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, 

I am commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

Pairwise Comparisons 
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Dependent Variable:   I bought more unhealthy food than expected   

(I) Did the participant 

receive information about 

the partitioning? 

(J) Did the participant 

receive information about 

the partitioning? 

Mean 

Difference (I-

J) Std. Error Sig.c 

95% Confidence Interval for 

Differencec 

Lower Bound Upper Bound 

Information No Information -,108a,b ,194 1,000 -,578 ,362 

Not Applicable -,203a,b ,223 1,000 -,742 ,337 

No Information Information ,108a,b ,194 1,000 -,362 ,578 

Not Applicable -,095a,b ,223 1,000 -,634 ,445 

Not Applicable Information ,203a,b ,223 1,000 -,337 ,742 

No Information ,095a,b ,223 1,000 -,445 ,634 

Based on estimated marginal means 

a. An estimate of the modified population marginal mean (I). 

b. An estimate of the modified population marginal mean (J). 

c. Adjustment for multiple comparisons: Bonferroni. 

 

 

 

 

Univariate Tests 

Dependent Variable:   I bought more unhealthy food than expected   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
,882 2 ,441 ,429 ,652 ,006 ,859 ,119 

Error 152,083 148 1,028 
     

The F tests the effect of Did the participant receive information about the partitioning?. This test is based on the 

linearly independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 

 

 

5. Gender * Which partitioning did the participant receive? 

Dependent Variable:   I bought more unhealthy food than expected   

Gender 

Which partitioning did the 

participant receive? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Male 30/70 2,193a,b ,204 1,790 2,597 

50/50 2,520a,b ,222 2,082 2,959 

None 2,785a,b ,256 2,280 3,290 

Female 30/70 2,333a,b ,165 2,006 2,660 

50/50 2,261a,b ,156 1,952 2,570 

None 2,166a,b ,246 1,680 2,652 
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a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, I am 

commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

 

6. Gender * Did the participant receive information about the partitioning? 

Dependent Variable:   I bought more unhealthy food than expected   

Gender 

Did the participant receive 

information about the 

partitioning? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Male Information 2,370a,b ,212 1,951 2,788 

No Information 2,344a,b ,220 1,910 2,779 

Not Applicable 2,785a,b ,256 2,280 3,290 

Female Information 2,176a,b ,160 1,861 2,492 

No Information 2,417a,b ,162 2,097 2,737 

Not Applicable 2,166a,b ,246 1,680 2,652 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, I am 

commited to healthy food = 4,1188. 

b. Based on modified population marginal mean. 

 

 

7. Which partitioning did the participant receive? * Did the participant receive 

information about the partitioning? 

Dependent Variable:   I bought more unhealthy food than expected   

Which partitioning 

did the participant 

receive? 

Did the participant 

receive information 

about the 

partitioning? Mean 

Std. 

Error 

95% Confidence 

Interval 

Lower 

Bound 

Upper 

Bound 

30/70 Information 2,142a ,183 1,780 2,503 

No Information 2,385a ,189 2,012 2,758 

Not Applicable .a,b . . . 

50/50 Information 2,404a ,190 2,028 2,781 

No Information 2,377a ,196 1,990 2,764 

Not Applicable .a,b . . . 

None Information .a,b . . . 

No Information .a,b . . . 

Not Applicable 2,476a ,177 2,126 2,826 

a. Covariates appearing in the model are evaluated at the following values: Age = 

51,5000, I am commited to healthy food = 4,1188. 
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b. This level combination of factors is not observed, thus the corresponding 

population marginal mean is not estimable. 

 

 

8. Gender * Which partitioning did the participant receive? * Did the participant receive information 

about the partitioning? 

Dependent Variable:   I bought more unhealthy food than expected   

Gender 

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Mean 

Std. 

Error 

95% Confidence Interval 

Lower 

Bound 

Upper 

Bound 

Male 30/70 Information 2,075a ,285 1,512 2,638 

No Information 2,312a ,296 1,727 2,897 

Not Applicable .a,b . . . 

50/50 Information 2,664a ,308 2,056 3,272 

No Information 2,377a ,322 1,741 3,012 

Not Applicable .a,b . . . 

None Information .a,b . . . 

No Information .a,b . . . 

Not Applicable 2,785a ,256 2,280 3,290 

Female 30/70 Information 2,209a ,229 1,756 2,662 

No Information 2,457a ,236 1,992 2,923 

Not Applicable .a,b . . . 

50/50 Information 2,144a ,222 1,706 2,583 

No Information 2,378a ,222 1,939 2,816 

Not Applicable .a,b . . . 

None Information .a,b . . . 

No Information .a,b . . . 

Not Applicable 2,166a ,246 1,680 2,652 

a. Covariates appearing in the model are evaluated at the following values: Age = 51,5000, I am commited to 

healthy food = 4,1188. 

b. This level combination of factors is not observed, thus the corresponding population marginal mean is not 

estimable. 

 

UNIANOVA Partition_Influence BY Gender Partitioning Information WITH Age 

Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  /PLOT=PROFILE(Information*Gender Gender*Information) 

  /EMMEANS=TABLES(OVERALL) WITH(Age=MEAN Healthy_shopper=MEAN) 
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  /EMMEANS=TABLES(Gender) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Partitioning) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Gender*Partitioning) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Gender*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Gender*Partitioning*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 

  /DESIGN=Age Healthy_shopper Gender Partitioning Information Gender*Partitioning 

    Gender*Information Partitioning*Information Gender*Partitioning*Information. 

 

7.3.8 Two-way Anova: Partition influence 

 

PARTITION INFLUENCE: Univariate Analysis of Variance 

 

Notes 

Output Created 20-MAY-2017 17:30:28 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 
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Missing Value Handling Definition of Missing User-defined missing values are treated 

as missing. 

Cases Used Statistics are based on all cases with 

valid data for all variables in the model. 
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Syntax UNIANOVA Partition_Influence BY 

Gender Partitioning Information WITH 

Age Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  /PLOT=PROFILE(Information*Gender 

Gender*Information) 

  /EMMEANS=TABLES(OVERALL) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Gender) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Partitioning) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  

/EMMEANS=TABLES(Gender*Partitio

ning) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Gender*Informa

tion) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Partitioning*Info

rmation) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Gender*Partitio

ning*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ 

DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 
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  /DESIGN=Age Healthy_shopper 

Gender Partitioning Information 

Gender*Partitioning 

    Gender*Information 

Partitioning*Information 

Gender*Partitioning*Information. 

Resources Processor Time 00:00:01,40 

Elapsed Time 00:00:00,83 

 

 

Between-Subjects Factors 

 
Value Label N 

Gender 1,00 Male 45 

2,00 Female 81 

Which partitioning did the 

participant receive? 

1,00 30/70 63 

2,00 50/50 63 

Did the participant receive 

information about the 

partitioning? 

1,00 Information 65 

2,00 
No Information 61 

 

 

Descriptive Statistics 

Dependent Variable:   The partitioning of the cart had an influence on my shopping behavior   

Gender 

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Mean 

Std. 

Deviation N 

Male 30/70 Information 2,0000 1,08012 13 

No Information 2,1818 1,07872 11 

Total 2,0833 1,05981 24 

50/50 Information 2,7273 1,42063 11 

No Information 2,3000 1,05935 10 

Total 2,5238 1,24976 21 

Total Information 2,3333 1,27404 24 

No Information 2,2381 1,04426 21 

Total 2,2889 1,16037 45 

Female 30/70 Information 2,0000 1,07606 20 

No Information 2,6842 1,15723 19 

Total 2,3333 1,15470 39 

50/50 Information 1,7619 ,88909 21 

No Information 2,6190 1,11697 21 
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Total 2,1905 1,08736 42 

Total Information 1,8780 ,97967 41 

No Information 2,6500 1,12204 40 

Total 2,2593 1,11555 81 

Total 30/70 Information 2,0000 1,06066 33 

No Information 2,5000 1,13715 30 

Total 2,2381 1,11752 63 

50/50 Information 2,0938 1,17389 32 

No Information 2,5161 1,09151 31 

Total 2,3016 1,14490 63 

Total Information 2,0462 1,11005 65 

No Information 2,5082 1,10488 61 

Total 2,2698 1,12721 126 

 

 

Tests of Between-Subjects Effects 

Dependent Variable:   The partitioning of the cart had an influence on my shopping behavior   

Source 

Type III 

Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powerb 

Corrected Model 22,249a 9 2,472 2,100 ,035 ,140 18,897 ,853 

Intercept 7,117 1 7,117 6,045 ,015 ,050 6,045 ,684 

Age ,148 1 ,148 ,126 ,724 ,001 ,126 ,064 

Healthy_shopper 5,708 1 5,708 4,848 ,030 ,040 4,848 ,588 

Gender ,317 1 ,317 ,269 ,605 ,002 ,269 ,081 

Partitioning ,726 1 ,726 ,616 ,434 ,005 ,616 ,122 

Information 1,365 1 1,365 1,159 ,284 ,010 1,159 ,187 

Gender * Partitioning 1,670 1 1,670 1,418 ,236 ,012 1,418 ,219 

Gender * Information 6,542 1 6,542 5,557 ,020 ,046 5,557 ,647 

Partitioning * 

Information 
,296 1 ,296 ,251 ,617 ,002 ,251 ,079 

Gender * Partitioning * 

Information 
1,106 1 1,106 ,940 ,334 ,008 ,940 ,161 

Error 136,576 116 1,177 
     

Total 808,000 126 
      

Corrected Total 158,825 125 
      

a. R Squared = ,140 (Adjusted R Squared = ,073) 

b. Computed using alpha = ,05 

 

Estimated Marginal Means 
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1. Grand Mean 

Dependent Variable:   The partitioning of the cart had an 

influence on my shopping behavior   

Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

2,292a ,101 2,091 2,492 

a. Covariates appearing in the model are evaluated at the 

following values: Age = 50,8254, I am commited to healthy 

food = 4,1270. 

 

2. Gender 

Estimates 

Dependent Variable:   The partitioning of the cart had an influence on my 

shopping behavior   

Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Male 2,345a ,165 2,019 2,671 

Female 2,238a ,122 1,997 2,479 

a. Covariates appearing in the model are evaluated at the following 

values: Age = 50,8254, I am commited to healthy food = 4,1270. 

 

 

 

 

 

Pairwise Comparisons 

Dependent Variable:   The partitioning of the cart had an influence on my shopping behavior   

(I) Gender (J) Gender 

Mean 

Difference (I-J) Std. Error Sig.a 

95% Confidence Interval for 

Differencea 

Lower Bound Upper Bound 

Male Female ,107 ,207 ,605 -,302 ,517 

Female Male -,107 ,207 ,605 -,517 ,302 

Based on estimated marginal means 

a. Adjustment for multiple comparisons: Bonferroni. 

 

 

Univariate Tests 

Dependent Variable:   The partitioning of the cart had an influence on my shopping behavior   
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Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
,317 1 ,317 ,269 ,605 ,002 ,269 ,081 

Error 136,576 116 1,177 
     

The F tests the effect of Gender. This test is based on the linearly independent pairwise comparisons among the 

estimated marginal means. 

a. Computed using alpha = ,05 

 

3. Which partitioning did the participant receive? 

Estimates 

Dependent Variable:   The partitioning of the cart had an influence on my shopping behavior   

Which partitioning did the 

participant receive? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

30/70 2,212a ,141 1,933 2,491 

50/50 2,371a ,146 2,083 2,660 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, 

I am commited to healthy food = 4,1270. 

 

 

 

 

 

Pairwise Comparisons 

Dependent Variable:   The partitioning of the cart had an influence on my shopping behavior   

(I) Which partitioning did 

the participant receive? 

(J) Which partitioning did 

the participant receive? 

Mean 

Difference (I-

J) Std. Error Sig.a 

95% Confidence Interval for 

Differencea 

Lower Bound Upper Bound 

30/70 50/50 -,159 ,203 ,434 -,561 ,242 

50/50 30/70 ,159 ,203 ,434 -,242 ,561 

Based on estimated marginal means 

a. Adjustment for multiple comparisons: Bonferroni. 

 

Univariate Tests 

Dependent Variable:   The partitioning of the cart had an influence on my shopping behavior   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
,726 1 ,726 ,616 ,434 ,005 ,616 ,122 
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Error 136,576 116 1,177 
     

The F tests the effect of Which partitioning did the participant receive?. This test is based on the linearly 

independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 

 

4. Did the participant receive information about the partitioning? 

 

Estimates 

Dependent Variable:   The partitioning of the cart had an influence on my shopping behavior   

Did the participant receive 

information about the 

partitioning? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Information 2,178a ,143 1,895 2,461 

No Information 2,405a ,150 2,109 2,702 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, 

I am commited to healthy food = 4,1270. 

 

 

Pairwise Comparisons 

Dependent Variable:   The partitioning of the cart had an influence on my shopping behavior   

(I) Did the participant 

receive information about 

the partitioning? 

(J) Did the participant 

receive information about 

the partitioning? 

Mean 

Difference (I-

J) Std. Error Sig.a 

95% Confidence Interval for 

Differencea 

Lower Bound Upper Bound 

Information No Information -,228 ,211 ,284 -,646 ,191 

No Information Information ,228 ,211 ,284 -,191 ,646 

Based on estimated marginal means 

a. Adjustment for multiple comparisons: Bonferroni. 

 

Univariate Tests 

Dependent Variable:   The partitioning of the cart had an influence on my shopping behavior   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
1,365 1 1,365 1,159 ,284 ,010 1,159 ,187 

Error 136,576 116 1,177 
     

The F tests the effect of Did the participant receive information about the partitioning?. This test is based on the 

linearly independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 
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5. Gender * Which partitioning did the participant receive? 

Dependent Variable:   The partitioning of the cart had an influence on my shopping behavior   

Gender 

Which partitioning did the 

participant receive? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Male 30/70 2,144a ,225 1,698 2,589 

50/50 2,547a ,238 2,076 3,017 

Female 30/70 2,280a ,178 1,928 2,632 

50/50 2,196a ,168 1,864 2,528 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, I am 

commited to healthy food = 4,1270. 

 

 

 

 

6. Gender * Did the participant receive information about the partitioning? 

Dependent Variable:   The partitioning of the cart had an influence on my shopping behavior   

Gender 

Did the participant receive 

information about the 

partitioning? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Male Information 2,471a ,227 2,021 2,922 

No Information 2,219a ,242 1,739 2,699 

Female Information 1,884a ,171 1,545 2,223 

No Information 2,592a ,174 2,248 2,936 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, I am 

commited to healthy food = 4,1270. 

 

 

7. Which partitioning did the participant receive? * Did the participant receive 

information about the partitioning? 

Dependent Variable:   The partitioning of the cart had an influence on my shopping 

behavior   

Which partitioning 

did the participant 

receive? 

Did the participant 

receive information 

about the 

partitioning? Mean 

Std. 

Error 

95% Confidence 

Interval 

Lower 

Bound 

Upper 

Bound 

30/70 Information 2,047a ,196 1,659 2,436 

No Information 2,377a ,209 1,963 2,790 

50/50 Information 2,308a ,204 1,904 2,712 

No Information 2,434a ,211 2,017 2,851 
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a. Covariates appearing in the model are evaluated at the following values: Age = 

50,8254, I am commited to healthy food = 4,1270. 

 

 

8. Gender * Which partitioning did the participant receive? * Did the participant receive information 

about the partitioning? 

Dependent Variable:   The partitioning of the cart had an influence on my shopping behavior   

Gender 

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Mean 

Std. 

Error 

95% Confidence Interval 

Lower 

Bound 

Upper 

Bound 

Male 30/70 Information 2,121a ,306 1,515 2,727 

No Information 2,167a ,334 1,506 2,827 

50/50 Information 2,822a ,330 2,168 3,475 

No Information 2,271a ,345 1,588 2,955 

Female 30/70 Information 1,974a ,246 1,487 2,460 

No Information 2,586a ,253 2,086 3,087 

50/50 Information 1,795a ,237 1,324 2,265 

No Information 2,597a ,238 2,126 3,068 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, I am commited to 

healthy food = 4,1270. 
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USE ALL. 

COMPUTE filter_$=(INFO_GENDER < 5). 

VARIABLE LABELS filter_$ 'INFO_GENDER < 5 (FILTER)'. 

VALUE LABELS filter_$ 0 'Not Selected' 1 'Selected'. 

FORMATS filter_$ (f1.0). 

FILTER BY filter_$. 

EXECUTE. 

T-TEST GROUPS=INFO_GENDER(1 3) 

  /MISSING=ANALYSIS 

  /VARIABLES=Partition_Influence 

  /CRITERIA=CI(.95). 

 

 PARTITION INFLUENCE T-Test: INFO MALE VS INFO FEMALE 

Notes 

Output Created 20-MAY-2017 17:53:49 
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Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter INFO_GENDER < 5 (FILTER) 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
127 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST GROUPS=INFO_GENDER(1 

3) 

  /MISSING=ANALYSIS 

  /VARIABLES=Partition_Influence 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,00 

Elapsed Time 00:00:00,01 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

INFO*GENDER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

The partitioning of 

the cart had an 

influence on my 

shopping behavior 

INFO MALE 24 2,3333 1,27404 ,26006 

INFO FEMALE 

41 1,8780 ,97967 ,15300 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 
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Lower Upper 

The partitioning of 

the cart had an 

influence on my 

shopping behavior 

Equal variances 

assumed 
3,138 ,081 1,616 63 ,111 ,45528 ,28178 -,10780 1,01837 

Equal variances 

not assumed 

  
1,509 38,991 ,139 ,45528 ,30173 -,15503 1,06560 

 

T-TEST GROUPS=INFO_GENDER(2 4) 

  /MISSING=ANALYSIS 

  /VARIABLES=Partition_Influence 

  /CRITERIA=CI(.95). 

 

PARTITION INFLUENCE T-Test: NO INFO MALE VS NO INFO FEMALE 

 

Notes 

Output Created 20-MAY-2017 17:56:16 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter INFO_GENDER < 5 (FILTER) 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
127 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST GROUPS=INFO_GENDER(2 

4) 

  /MISSING=ANALYSIS 

  /VARIABLES=Partition_Influence 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,00 

Elapsed Time 00:00:00,01 
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Group Statistics 

 Grouping variable 

for T-test: 

INFO*GENDER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

The partitioning of 

the cart had an 

influence on my 

shopping behavior 

NO INFO MALE 21 2,2381 1,04426 ,22788 

NO INFO FEMALE 

40 2,6500 1,12204 ,17741 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

The partitioning of 

the cart had an 

influence on my 

shopping behavior 

Equal variances 

assumed 
1,490 ,227 -1,394 59 ,168 -,41190 ,29543 -1,00305 ,17925 

Equal variances 

not assumed 

  
-1,426 43,413 ,161 -,41190 ,28879 -,99415 ,17034 

 

T-TEST GROUPS=INFO_GENDER(3 4) 

  /MISSING=ANALYSIS 

  /VARIABLES=Partition_Influence 

  /CRITERIA=CI(.95). 

 

PARTITION INFLUENCE T-Test: INFO FEMALE VS NO INFO FEMALE 

Notes 

Output Created 20-MAY-2017 17:58:07 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter INFO_GENDER < 5 (FILTER) 

Weight <none> 

Split File <none> 
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N of Rows in Working Data 

File 
127 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST GROUPS=INFO_GENDER(3 

4) 

  /MISSING=ANALYSIS 

  /VARIABLES=Partition_Influence 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,01 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

INFO*GENDER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

The partitioning of 

the cart had an 

influence on my 

shopping behavior 

INFO FEMALE 41 1,8780 ,97967 ,15300 

NO INFO FEMALE 

40 2,6500 1,12204 ,17741 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. (2-

tailed) 

Mean 

Differen

ce 

Std. 

Error 

Differen

ce 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

The partitioning of 

the cart had an 

influence on my 

shopping behavior 

Equal variances 

assumed 1,897 ,172 -3,301 79 ,001 -,77195 ,23388 -1,23747 

-

,3064

3 

Equal variances 

not assumed 
  

-3,295 77,037 ,001 -,77195 ,23427 -1,23844 

-

,3054

6 
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T-TEST GROUPS=INFO_GENDER(1 4) 

  /MISSING=ANALYSIS 

  /VARIABLES=Partition_Influence 

  /CRITERIA=CI(.95). 

 

PARTITION INFLUENCE T-Test: INFO MALE VS NO INFO MALE 

Notes 

Output Created 20-MAY-2017 17:59:45 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter INFO_GENDER < 5 (FILTER) 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
127 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST GROUPS=INFO_GENDER(1 

4) 

  /MISSING=ANALYSIS 

  /VARIABLES=Partition_Influence 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,00 

Elapsed Time 00:00:00,01 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

INFO*GENDER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

INFO MALE 24 2,3333 1,27404 ,26006 
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The partitioning of 

the cart had an 

influence on my 

shopping behavior 

NO INFO FEMALE 

40 2,6500 1,12204 ,17741 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

The partitioning of 

the cart had an 

influence on my 

shopping behavior 

Equal variances 

assumed 
,439 ,510 -1,039 62 ,303 -,31667 ,30486 -,92607 ,29274 

Equal variances 

not assumed 

  
-1,006 43,795 ,320 -,31667 ,31481 -,95121 ,31788 

 

FILTER OFF. 

USE ALL. 

EXECUTE. 

UNIANOVA Partition_More_Healthy BY Gender Partitioning Information WITH Age 

Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  /EMMEANS=TABLES(OVERALL) WITH(Age=MEAN Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Gender) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Partitioning) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Gender*Partitioning) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Gender*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 
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  /EMMEANS=TABLES(Partitioning*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Gender*Partitioning*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 

  /DESIGN=Age Healthy_shopper Gender Partitioning Information Gender*Partitioning 

    Gender*Information Partitioning*Information Gender*Partitioning*Information. 

 

7.3.9 Two-way Anova: Partition more healthy 

 

PARTITION MORE HEALTHY: Univariate Analysis of Variance 

Notes 

Output Created 20-MAY-2017 18:05:04 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User-defined missing values are treated 

as missing. 

Cases Used Statistics are based on all cases with 

valid data for all variables in the model. 
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Syntax UNIANOVA Partition_More_Healthy BY 

Gender Partitioning Information WITH 

Age Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  /EMMEANS=TABLES(OVERALL) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Gender) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Partitioning) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  

/EMMEANS=TABLES(Gender*Partitio

ning) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Gender*Informa

tion) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Partitioning*Info

rmation) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Gender*Partitio

ning*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ 

DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 

  /DESIGN=Age Healthy_shopper 

Gender Partitioning Information 

Gender*Partitioning 
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    Gender*Information 

Partitioning*Information 

Gender*Partitioning*Information. 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,03 

 

 

Between-Subjects Factors 

 
Value Label N 

Gender 1,00 Male 45 

2,00 Female 81 

Which partitioning did the 

participant receive? 

1,00 30/70 63 

2,00 50/50 63 

Did the participant receive 

information about the 

partitioning? 

1,00 Information 65 

2,00 
No Information 61 

 

 

Descriptive Statistics 

Dependent Variable:   I bought more healthy food cause of the partitioning of the cart   

Gender 

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Mean 

Std. 

Deviation N 

Male 30/70 Information 1,9231 ,75955 13 

No Information 2,0000 ,89443 11 

Total 1,9583 ,80645 24 

50/50 Information 2,6364 1,28629 11 

No Information 2,4000 ,96609 10 

Total 2,5238 1,12335 21 

Total Information 2,2500 1,07339 24 

No Information 2,1905 ,92839 21 

Total 2,2222 ,99747 45 

Female 30/70 Information 2,1500 1,08942 20 

No Information 2,1579 ,60214 19 

Total 2,1538 ,87475 39 

50/50 Information 2,0952 ,94365 21 

No Information 2,2381 ,76842 21 

Total 2,1667 ,85302 42 

Total Information 2,1220 1,00487 41 
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No Information 2,2000 ,68687 40 

Total 2,1605 ,85815 81 

Total 30/70 Information 2,0606 ,96629 33 

No Information 2,1000 ,71197 30 

Total 2,0794 ,84818 63 

50/50 Information 2,2813 1,08462 32 

No Information 2,2903 ,82436 31 

Total 2,2857 ,95763 63 

Total Information 2,1692 1,02423 65 

No Information 2,1967 ,77071 61 

Total 2,1825 ,90687 126 

 

 

Tests of Between-Subjects Effects 

Dependent Variable:   I bought more healthy food cause of the partitioning of the cart   

Source 

Type III 

Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powerb 

Corrected Model 11,648a 9 1,294 1,647 ,110 ,113 14,824 ,736 

Intercept 5,594 1 5,594 7,119 ,009 ,058 7,119 ,754 

Age ,078 1 ,078 ,099 ,754 ,001 ,099 ,061 

Healthy_shopper 7,007 1 7,007 8,917 ,003 ,071 8,917 ,842 

Gender ,715 1 ,715 ,909 ,342 ,008 ,909 ,157 

Partitioning 2,778 1 2,778 3,536 ,063 ,030 3,536 ,462 

Information ,271 1 ,271 ,344 ,558 ,003 ,344 ,090 

Gender * Partitioning 1,381 1 1,381 1,757 ,188 ,015 1,757 ,260 

Gender * Information ,354 1 ,354 ,450 ,504 ,004 ,450 ,102 

Partitioning * 

Information 
,040 1 ,040 ,051 ,822 ,000 ,051 ,056 

Gender * Partitioning * 

Information 
,376 1 ,376 ,479 ,490 ,004 ,479 ,105 

Error 91,153 116 ,786 
     

Total 703,000 126 
      

Corrected Total 102,802 125 
      

a. R Squared = ,113 (Adjusted R Squared = ,045) 

b. Computed using alpha = ,05 

 

Estimated Marginal Means 
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1. Grand Mean 

Dependent Variable:   I bought more healthy food cause of the 

partitioning of the cart   

Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

2,209a ,083 2,045 2,373 

a. Covariates appearing in the model are evaluated at the 

following values: Age = 50,8254, I am commited to healthy 

food = 4,1270. 

 

2. Gender 

Estimates 

Dependent Variable:   I bought more healthy food cause of the partitioning 

of the cart   

Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Male 2,289a ,134 2,023 2,555 

Female 2,128a ,099 1,931 2,325 

a. Covariates appearing in the model are evaluated at the following 

values: Age = 50,8254, I am commited to healthy food = 4,1270. 

 

 

Pairwise Comparisons 

Dependent Variable:   I bought more healthy food cause of the partitioning of the cart   

(I) Gender (J) Gender 

Mean 

Difference (I-J) Std. Error Sig.a 

95% Confidence Interval for 

Differencea 

Lower Bound Upper Bound 

Male Female ,161 ,169 ,342 -,173 ,495 

Female Male -,161 ,169 ,342 -,495 ,173 

Based on estimated marginal means 

a. Adjustment for multiple comparisons: Bonferroni. 

 

 

Univariate Tests 

Dependent Variable:   I bought more healthy food cause of the partitioning of the cart   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
,715 1 ,715 ,909 ,342 ,008 ,909 ,157 
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Error 91,153 116 ,786 
     

The F tests the effect of Gender. This test is based on the linearly independent pairwise comparisons among the 

estimated marginal means. 

a. Computed using alpha = ,05 

 

3. Which partitioning did the participant receive? 

Estimates 

Dependent Variable:   I bought more healthy food cause of the partitioning of the cart   

Which partitioning did the 

participant receive? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

30/70 2,053a ,115 1,825 2,281 

50/50 2,364a ,119 2,129 2,600 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, 

I am commited to healthy food = 4,1270. 

 

Pairwise Comparisons 

Dependent Variable:   I bought more healthy food cause of the partitioning of the cart   

(I) Which partitioning did 

the participant receive? 

(J) Which partitioning did 

the participant receive? 

Mean 

Difference (I-

J) Std. Error Sig.a 

95% Confidence Interval for 

Differencea 

Lower Bound Upper Bound 

30/70 50/50 -,312 ,166 ,063 -,640 ,017 

50/50 30/70 ,312 ,166 ,063 -,017 ,640 

Based on estimated marginal means 

a. Adjustment for multiple comparisons: Bonferroni. 

 

 

Univariate Tests 

Dependent Variable:   I bought more healthy food cause of the partitioning of the cart   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
2,778 1 2,778 3,536 ,063 ,030 3,536 ,462 

Error 91,153 116 ,786 
     

The F tests the effect of Which partitioning did the participant receive?. This test is based on the linearly 

independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 

 

 

4. Did the participant receive information about the partitioning? 
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Estimates 

Dependent Variable:   I bought more healthy food cause of the partitioning of the cart   

Did the participant receive 

information about the 

partitioning? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Information 2,259a ,117 2,028 2,491 

No Information 2,158a ,122 1,915 2,400 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, 

I am commited to healthy food = 4,1270. 

 

Pairwise Comparisons 

Dependent Variable:   I bought more healthy food cause of the partitioning of the cart   

(I) Did the participant 

receive information about 

the partitioning? 

(J) Did the participant 

receive information about 

the partitioning? 

Mean 

Difference (I-

J) Std. Error Sig.a 

95% Confidence Interval for 

Differencea 

Lower Bound Upper Bound 

Information No Information ,101 ,173 ,558 -,241 ,443 

No Information Information -,101 ,173 ,558 -,443 ,241 

Based on estimated marginal means 

a. Adjustment for multiple comparisons: Bonferroni. 

 

 

Univariate Tests 

Dependent Variable:   I bought more healthy food cause of the partitioning of the cart   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
,271 1 ,271 ,344 ,558 ,003 ,344 ,090 

Error 91,153 116 ,786 
     

The F tests the effect of Did the participant receive information about the partitioning?. This test is based on the 

linearly independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 

 

5. Gender * Which partitioning did the participant receive? 

Dependent Variable:   I bought more healthy food cause of the partitioning of the cart   

Gender 

Which partitioning did the 

participant receive? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Male 30/70 2,023a ,184 1,659 2,387 

50/50 2,556a ,194 2,171 2,940 

Female 30/70 2,083a ,145 1,796 2,370 
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50/50 2,173a ,137 1,902 2,444 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, I am 

commited to healthy food = 4,1270. 

 

6. Gender * Did the participant receive information about the partitioning? 

Dependent Variable:   I bought more healthy food cause of the partitioning of the cart   

Gender 

Did the participant receive 

information about the 

partitioning? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Male Information 2,396a ,186 2,028 2,764 

No Information 2,183a ,198 1,791 2,575 

Female Information 2,123a ,140 1,846 2,400 

No Information 2,133a ,142 1,852 2,414 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, I am 

commited to healthy food = 4,1270. 

 

 

7. Which partitioning did the participant receive? * Did the participant receive 

information about the partitioning? 

Dependent Variable:   I bought more healthy food cause of the partitioning of the cart   

Which partitioning 

did the participant 

receive? 

Did the participant 

receive information 

about the 

partitioning? Mean 

Std. 

Error 

95% Confidence 

Interval 

Lower 

Bound 

Upper 

Bound 

30/70 Information 2,085a ,160 1,768 2,402 

No Information 2,021a ,170 1,683 2,358 

50/50 Information 2,434a ,167 2,103 2,764 

No Information 2,295a ,172 1,954 2,636 

a. Covariates appearing in the model are evaluated at the following values: Age = 

50,8254, I am commited to healthy food = 4,1270. 

 

 

8. Gender * Which partitioning did the participant receive? * Did the participant receive information 

about the partitioning? 

Dependent Variable:   I bought more healthy food cause of the partitioning of the cart   

Gender 

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Mean 

Std. 

Error 

95% Confidence Interval 

Lower 

Bound 

Upper 

Bound 

Male 30/70 Information 2,053a ,250 1,558 2,548 

No Information 1,992a ,273 1,452 2,532 
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50/50 Information 2,738a ,270 2,204 3,272 

No Information 2,373a ,282 1,815 2,931 

Female 30/70 Information 2,117a ,201 1,719 2,514 

No Information 2,049a ,207 1,640 2,459 

50/50 Information 2,129a ,194 1,745 2,514 

No Information 2,217a ,194 1,832 2,602 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, I am commited to 

healthy food = 4,1270. 

 

USE ALL. 

COMPUTE filter_$=(Partitioning < 3). 

VARIABLE LABELS filter_$ 'Partitioning < 3 (FILTER)'. 

VALUE LABELS filter_$ 0 'Not Selected' 1 'Selected'. 

FORMATS filter_$ (f1.0). 

FILTER BY filter_$. 

EXECUTE. 

T-TEST GROUPS=Partitioning(1 2) 

  /MISSING=ANALYSIS 

  /VARIABLES=Partition_More_Healthy 

  /CRITERIA=CI(.95). 

 

PARTITION MORE HEALTHY T-Test: 30/70 VS 50/50 

Notes 

Output Created 20-MAY-2017 18:08:26 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter Partitioning < 3 (FILTER) 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
127 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 
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Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST GROUPS=Partitioning(1 2) 

  /MISSING=ANALYSIS 

  /VARIABLES=Partition_More_Healthy 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,00 

Elapsed Time 00:00:00,01 

 

 

 

Group Statistics 

 Which partitioning 

did the participant 

receive? N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I bought more 

healthy food cause 

of the partitioning of 

the cart 

30/70 63 2,0794 ,84818 ,10686 

50/50 

63 2,2857 ,95763 ,12065 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

taile

d) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I bought more 

healthy food cause 

of the partitioning 

of the cart 

Equal variances 

assumed 
1,825 ,179 -1,280 124 ,203 -,20635 ,16117 -,52535 ,11265 

Equal variances 

not assumed 

  
-1,280 122,217 ,203 -,20635 ,16117 -,52539 ,11270 

 

FILTER OFF. 

USE ALL. 

EXECUTE. 
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UNIANOVA Partition_More_Unhealthy BY Partitioning Information Gender WITH Age 

Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  /EMMEANS=TABLES(OVERALL) WITH(Age=MEAN Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Gender) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Partitioning*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Information*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning*Information*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 

  /DESIGN=Age Healthy_shopper Partitioning Information Gender Partitioning*Information 

    Partitioning*Gender Information*Gender Partitioning*Information*Gender. 

 

7.3.10 Two-way Anova: Partition more unhealthy 

 

PARTITION MORE UNHEALTHY: Univariate Analysis of Variance 

Notes 

Output Created 20-MAY-2017 19:21:25 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 
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Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User-defined missing values are treated 

as missing. 

Cases Used Statistics are based on all cases with 

valid data for all variables in the model. 
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Syntax UNIANOVA Partition_More_Unhealthy 

BY Partitioning Information Gender 

WITH Age Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  /EMMEANS=TABLES(OVERALL) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Gender) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  

/EMMEANS=TABLES(Partitioning*Info

rmation) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Partitioning*Gen

der) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Information*Gen

der) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Partitioning*Info

rmation*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ 

DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 

  /DESIGN=Age Healthy_shopper 

Partitioning Information Gender 

Partitioning*Information 
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    Partitioning*Gender 

Information*Gender 

Partitioning*Information*Gender. 

Resources Processor Time 00:00:00,05 

Elapsed Time 00:00:00,06 

 

 

[DataSet1] \\Client\C$\Users\Wouter\Documents\1_Marketing 

Master\Thesis\MASTERPROEF_EVA_WOUTER_FINAAL.sav 

 

Between-Subjects Factors 

 
Value Label N 

Which partitioning did the 

participant receive? 

1,00 30/70 63 

2,00 50/50 63 

Did the participant receive 

information about the 

partitioning? 

1,00 Information 65 

2,00 
No Information 61 

Gender 1,00 Male 45 

2,00 Female 81 

 

 

Descriptive Statistics 

Dependent Variable:   I bought more unhealthy food cause of the partitioning of the cart   

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Gender Mean 

Std. 

Deviation N 

30/70 Information Male 2,1538 ,80064 13 

Female 1,8500 ,67082 20 

Total 1,9697 ,72822 33 

No Information Male 2,2727 1,27208 11 

Female 2,1053 ,65784 19 

Total 2,1667 ,91287 30 

Total Male 2,2083 1,02062 24 

Female 1,9744 ,66835 39 

Total 2,0635 ,82056 63 

50/50 Information Male 1,8182 ,75076 11 

Female 1,8095 ,74960 21 

Total 1,8125 ,73780 32 

No Information Male 2,2000 ,63246 10 
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Female 2,0000 ,77460 21 

Total 2,0645 ,72735 31 

Total Male 2,0000 ,70711 21 

Female 1,9048 ,75900 42 

Total 1,9365 ,73776 63 

Total Information Male 2,0000 ,78019 24 

Female 1,8293 ,70365 41 

Total 1,8923 ,73150 65 

No Information Male 2,2381 ,99523 21 

Female 2,0500 ,71432 40 

Total 2,1148 ,81850 61 

Total Male 2,1111 ,88478 45 

Female 1,9383 ,71319 81 

Total 2,0000 ,77974 126 

 

 

Tests of Between-Subjects Effects 

Dependent Variable:   I bought more unhealthy food cause of the partitioning of the cart   

Source 

Type III 

Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powerb 

Corrected Model 4,526a 9 ,503 ,816 ,602 ,060 7,345 ,388 

Intercept 10,352 1 10,352 16,801 ,000 ,127 16,801 ,982 

Age ,784 1 ,784 1,273 ,262 ,011 1,273 ,201 

Healthy_shopper ,283 1 ,283 ,459 ,499 ,004 ,459 ,103 

Partitioning ,535 1 ,535 ,868 ,353 ,007 ,868 ,152 

Information ,802 1 ,802 1,302 ,256 ,011 1,302 ,205 

Gender ,819 1 ,819 1,330 ,251 ,011 1,330 ,208 

Partitioning * 

Information 
,092 1 ,092 ,149 ,700 ,001 ,149 ,067 

Partitioning * Gender ,115 1 ,115 ,187 ,666 ,002 ,187 ,071 

Information * Gender ,002 1 ,002 ,004 ,951 ,000 ,004 ,050 

Partitioning * 

Information * Gender 
,229 1 ,229 ,371 ,543 ,003 ,371 ,093 

Error 71,474 116 ,616 
     

Total 580,000 126 
      

Corrected Total 76,000 125 
      

a. R Squared = ,060 (Adjusted R Squared = -,013) 

b. Computed using alpha = ,05 
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Estimated Marginal Means 

1. Grand Mean 

Dependent Variable:   I bought more unhealthy food cause of 

the partitioning of the cart   

Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

2,025a ,073 1,880 2,171 

a. Covariates appearing in the model are evaluated at the 

following values: Age = 50,8254, I am commited to healthy 

food = 4,1270. 

 

2. Which partitioning did the participant receive? 

 

Estimates 

Dependent Variable:   I bought more unhealthy food cause of the partitioning of the cart   

Which partitioning did the 

participant receive? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

30/70 2,094a ,102 1,892 2,296 

50/50 1,957a ,105 1,748 2,166 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, 

I am commited to healthy food = 4,1270. 

 

 

 

 

 

Pairwise Comparisons 

Dependent Variable:   I bought more unhealthy food cause of the partitioning of the cart   

(I) Which partitioning did 

the participant receive? 

(J) Which partitioning did 

the participant receive? 

Mean 

Difference (I-

J) Std. Error Sig.a 

95% Confidence Interval for 

Differencea 

Lower Bound Upper Bound 

30/70 50/50 ,137 ,147 ,353 -,154 ,427 

50/50 30/70 -,137 ,147 ,353 -,427 ,154 

Based on estimated marginal means 

a. Adjustment for multiple comparisons: Bonferroni. 

 

Univariate Tests 

Dependent Variable:   I bought more unhealthy food cause of the partitioning of the cart   
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Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
,535 1 ,535 ,868 ,353 ,007 ,868 ,152 

Error 71,474 116 ,616 
     

The F tests the effect of Which partitioning did the participant receive?. This test is based on the linearly 

independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 

 

3. Did the participant receive information about the partitioning? 

 

Estimates 

Dependent Variable:   I bought more unhealthy food cause of the partitioning of the cart   

Did the participant receive 

information about the 

partitioning? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Information 1,938a ,103 1,733 2,143 

No Information 2,113a ,108 1,898 2,327 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, 

I am commited to healthy food = 4,1270. 

 

 

Pairwise Comparisons 

Dependent Variable:   I bought more unhealthy food cause of the partitioning of the cart   

(I) Did the participant 

receive information about 

the partitioning? 

(J) Did the participant 

receive information about 

the partitioning? 

Mean 

Difference (I-

J) Std. Error Sig.a 

95% Confidence Interval for 

Differencea 

Lower Bound Upper Bound 

Information No Information -,175 ,153 ,256 -,477 ,128 

No Information Information ,175 ,153 ,256 -,128 ,477 

Based on estimated marginal means 

a. Adjustment for multiple comparisons: Bonferroni. 

 

Univariate Tests 

Dependent Variable:   I bought more unhealthy food cause of the partitioning of the cart   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
,802 1 ,802 1,302 ,256 ,011 1,302 ,205 

Error 71,474 116 ,616 
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The F tests the effect of Did the participant receive information about the partitioning?. This test is based on the 

linearly independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 

 

4. Gender 

Estimates 

Dependent Variable:   I bought more unhealthy food cause of the 

partitioning of the cart   

Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Male 2,112a ,119 1,876 2,347 

Female 1,939a ,088 1,765 2,114 

a. Covariates appearing in the model are evaluated at the following 

values: Age = 50,8254, I am commited to healthy food = 4,1270. 

 

 

 

 

Pairwise Comparisons 

Dependent Variable:   I bought more unhealthy food cause of the partitioning of the cart   

(I) Gender (J) Gender 

Mean 

Difference (I-J) Std. Error Sig.a 

95% Confidence Interval for 

Differencea 

Lower Bound Upper Bound 

Male Female ,172 ,150 ,251 -,124 ,469 

Female Male -,172 ,150 ,251 -,469 ,124 

Based on estimated marginal means 

a. Adjustment for multiple comparisons: Bonferroni. 

 

 

Univariate Tests 

Dependent Variable:   I bought more unhealthy food cause of the partitioning of the cart   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
,819 1 ,819 1,330 ,251 ,011 1,330 ,208 

Error 71,474 116 ,616 
     

The F tests the effect of Gender. This test is based on the linearly independent pairwise comparisons among the 

estimated marginal means. 

a. Computed using alpha = ,05 
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5. Which partitioning did the participant receive? * Did the participant receive 

information about the partitioning? 

Dependent Variable:   I bought more unhealthy food cause of the partitioning of the 

cart   

Which partitioning 

did the participant 

receive? 

Did the participant 

receive information 

about the 

partitioning? Mean 

Std. 

Error 

95% Confidence 

Interval 

Lower 

Bound 

Upper 

Bound 

30/70 Information 2,035a ,142 1,754 2,316 

No Information 2,153a ,151 1,854 2,452 

50/50 Information 1,841a ,148 1,549 2,134 

No Information 2,073a ,152 1,771 2,374 

a. Covariates appearing in the model are evaluated at the following values: Age = 

50,8254, I am commited to healthy food = 4,1270. 

 

 

6. Which partitioning did the participant receive? * Gender 

Dependent Variable:   I bought more unhealthy food cause of the partitioning of the cart   

Which partitioning did the 

participant receive? Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

30/70 Male 2,212a ,163 1,890 2,534 

Female 1,976a ,128 1,721 2,230 

50/50 Male 2,011a ,172 1,671 2,352 

Female 1,903a ,121 1,663 2,143 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, I am 

commited to healthy food = 4,1270. 

 

 

7. Did the participant receive information about the partitioning? * Gender 

Dependent Variable:   I bought more unhealthy food cause of the partitioning of the cart   

Did the participant receive 

information about the 

partitioning? Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Information Male 2,029a ,165 1,703 2,355 

Female 1,847a ,124 1,602 2,093 

No Information Male 2,194a ,175 1,847 2,541 

Female 2,031a ,126 1,782 2,280 
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a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, I am 

commited to healthy food = 4,1270. 

 

 

8. Which partitioning did the participant receive? * Did the participant receive information about the 

partitioning? * Gender 

Dependent Variable:   I bought more unhealthy food cause of the partitioning of the cart   

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Gender Mean 

Std. 

Error 

95% Confidence Interval 

Lower 

Bound 

Upper 

Bound 

30/70 Information Male 2,202a ,221 1,764 2,640 

Female 1,867a ,178 1,516 2,219 

No Information Male 2,222a ,241 1,744 2,700 

Female 2,084a ,183 1,721 2,446 

50/50 Information Male 1,855a ,239 1,383 2,328 

Female 1,827a ,172 1,487 2,168 

No Information Male 2,167a ,250 1,673 2,661 

Female 1,978a ,172 1,637 2,319 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, I am commited to 

healthy food = 4,1270. 

 

UNIANOVA Equal_Allocation BY Partitioning Information Gender WITH Age 

Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  /PLOT=PROFILE(Partitioning*Gender Gender*Partitioning) 

  /EMMEANS=TABLES(OVERALL) WITH(Age=MEAN Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Gender) WITH(Age=MEAN Healthy_shopper=MEAN) 

COMPARE ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Partitioning*Information) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 
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  /EMMEANS=TABLES(Information*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning*Information*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 

  /DESIGN=Age Healthy_shopper Partitioning Information Gender Partitioning*Information 

    Partitioning*Gender Information*Gender Partitioning*Information*Gender. 

 

7.3.11 Two-way Anova: Equal allocation 

 

EQUAL ALLOCATION: Univariate Analysis of Variance 

Notes 

Output Created 20-MAY-2017 19:24:40 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User-defined missing values are treated 

as missing. 

Cases Used Statistics are based on all cases with 

valid data for all variables in the model. 
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Syntax UNIANOVA Equal_Allocation BY 

Partitioning Information Gender WITH 

Age Healthy_shopper 

  /METHOD=SSTYPE(3) 

  /INTERCEPT=INCLUDE 

  /PLOT=PROFILE(Partitioning*Gender 

Gender*Partitioning) 

  /EMMEANS=TABLES(OVERALL) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /EMMEANS=TABLES(Partitioning) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Information) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  /EMMEANS=TABLES(Gender) 

WITH(Age=MEAN 

Healthy_shopper=MEAN) COMPARE 

ADJ(BONFERRONI) 

  

/EMMEANS=TABLES(Partitioning*Info

rmation) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Partitioning*Gen

der) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Information*Gen

der) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  

/EMMEANS=TABLES(Partitioning*Info

rmation*Gender) WITH(Age=MEAN 

Healthy_shopper=MEAN) 

  /PRINT=OPOWER ETASQ 

DESCRIPTIVE 

  /CRITERIA=ALPHA(.05) 
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  /DESIGN=Age Healthy_shopper 

Partitioning Information Gender 

Partitioning*Information 

    Partitioning*Gender 

Information*Gender 

Partitioning*Information*Gender. 

Resources Processor Time 00:00:03,90 

Elapsed Time 00:00:01,84 

 

 

Between-Subjects Factors 

 
Value Label N 

Which partitioning did the 

participant receive? 

1,00 30/70 63 

2,00 50/50 63 

Did the participant receive 

information about the 

partitioning? 

1,00 Information 65 

2,00 
No Information 61 

Gender 1,00 Male 45 

2,00 Female 81 

 

 

Descriptive Statistics 

Dependent Variable:   I tried to fill both parts of the cart equally   

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Gender Mean 

Std. 

Deviation N 

30/70 Information Male 2,3077 1,31559 13 

Female 2,1500 1,03999 20 

Total 2,2121 1,13901 33 

No Information Male 2,8182 1,40130 11 

Female 3,0000 1,20185 19 

Total 2,9333 1,25762 30 

Total Male 2,5417 1,35066 24 

Female 2,5641 1,18754 39 

Total 2,5556 1,24146 63 

50/50 Information Male 3,5455 1,03573 11 

Female 2,4286 1,24786 21 

Total 2,8125 1,28107 32 

No Information Male 3,4000 1,34990 10 
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Female 2,7143 1,14642 21 

Total 2,9355 1,23654 31 

Total Male 3,4762 1,16701 21 

Female 2,5714 1,19231 42 

Total 2,8730 1,25070 63 

Total Information Male 2,8750 1,32902 24 

Female 2,2927 1,14551 41 

Total 2,5077 1,23899 65 

No Information Male 3,0952 1,37495 21 

Female 2,8500 1,16685 40 

Total 2,9344 1,23651 61 

Total Male 2,9778 1,33976 45 

Female 2,5679 1,18256 81 

Total 2,7143 1,25129 126 

 

Tests of Between-Subjects Effects 

Dependent Variable:   I tried to fill both parts of the cart equally   

Source 

Type III 

Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powerb 

Corrected Model 29,385a 9 3,265 2,277 ,022 ,150 20,494 ,886 

Intercept 13,277 1 13,277 9,259 ,003 ,074 9,259 ,855 

Age 2,017 1 2,017 1,406 ,238 ,012 1,406 ,217 

Healthy_shopper 2,480 1 2,480 1,730 ,191 ,015 1,730 ,257 

Partitioning 6,155 1 6,155 4,293 ,040 ,036 4,293 ,538 

Information 1,679 1 1,679 1,171 ,281 ,010 1,171 ,189 

Gender 6,140 1 6,140 4,282 ,041 ,036 4,282 ,537 

Partitioning * 

Information 
2,451 1 2,451 1,709 ,194 ,015 1,709 ,254 

Partitioning * Gender 5,567 1 5,567 3,883 ,051 ,032 3,883 ,498 

Information * Gender 1,595 1 1,595 1,112 ,294 ,009 1,112 ,182 

Partitioning * 

Information * Gender 
,004 1 ,004 ,003 ,956 ,000 ,003 ,050 

Error 166,329 116 1,434 
     

Total 1124,000 126 
      

Corrected Total 195,714 125 
      

a. R Squared = ,150 (Adjusted R Squared = ,084) 

b. Computed using alpha = ,05 

 

Estimated Marginal Means 
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1. Grand Mean 

Dependent Variable:   I tried to fill both parts of the cart equally   

Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

2,797a ,112 2,575 3,018 

a. Covariates appearing in the model are evaluated at the 

following values: Age = 50,8254, I am commited to healthy 

food = 4,1270. 

 

2. Which partitioning did the participant receive? 

 

Estimates 

Dependent Variable:   I tried to fill both parts of the cart equally   

Which partitioning did the 

participant receive? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

30/70 2,565a ,156 2,257 2,873 

50/50 3,029a ,161 2,710 3,347 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, 

I am commited to healthy food = 4,1270. 

 

Pairwise Comparisons 

Dependent Variable:   I tried to fill both parts of the cart equally   

(I) Which partitioning did 

the participant receive? 

(J) Which partitioning did 

the participant receive? 

Mean 

Difference (I-

J) Std. Error Sig.b 

95% Confidence Interval for 

Differenceb 

Lower Bound Upper Bound 

30/70 50/50 -,464* ,224 ,040 -,907 -,020 

50/50 30/70 ,464* ,224 ,040 ,020 ,907 

Based on estimated marginal means 

*. The mean difference is significant at the ,05 level. 

b. Adjustment for multiple comparisons: Bonferroni. 

 

Univariate Tests 

Dependent Variable:   I tried to fill both parts of the cart equally   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
6,155 1 6,155 4,293 ,040 ,036 4,293 ,538 

Error 166,329 116 1,434 
     



 

CLXXII 

 

The F tests the effect of Which partitioning did the participant receive?. This test is based on the linearly 

independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 

 

3. Did the participant receive information about the partitioning? 

Estimates 

Dependent Variable:   I tried to fill both parts of the cart equally   

Did the participant receive 

information about the 

partitioning? Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Information 2,671a ,158 2,358 2,983 

No Information 2,923a ,165 2,595 3,250 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, 

I am commited to healthy food = 4,1270. 

 

Pairwise Comparisons 

Dependent Variable:   I tried to fill both parts of the cart equally   

(I) Did the participant 

receive information about 

the partitioning? 

(J) Did the participant 

receive information about 

the partitioning? 

Mean 

Difference (I-

J) Std. Error Sig.a 

95% Confidence Interval for 

Differencea 

Lower Bound Upper Bound 

Information No Information -,252 ,233 ,281 -,715 ,210 

No Information Information ,252 ,233 ,281 -,210 ,715 

Based on estimated marginal means 

a. Adjustment for multiple comparisons: Bonferroni. 

 

 

Univariate Tests 

Dependent Variable:   I tried to fill both parts of the cart equally   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
1,679 1 1,679 1,171 ,281 ,010 1,171 ,189 

Error 166,329 116 1,434 
     

The F tests the effect of Did the participant receive information about the partitioning?. This test is based on the 

linearly independent pairwise comparisons among the estimated marginal means. 

a. Computed using alpha = ,05 

 

4. Gender 

Estimates 
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Dependent Variable:   I tried to fill both parts of the cart equally   

Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Male 3,033a ,182 2,673 3,392 

Female 2,561a ,134 2,295 2,827 

a. Covariates appearing in the model are evaluated at the following 

values: Age = 50,8254, I am commited to healthy food = 4,1270. 

 

Pairwise Comparisons 

Dependent Variable:   I tried to fill both parts of the cart equally   

(I) Gender (J) Gender 

Mean 

Difference (I-J) Std. Error Sig.b 

95% Confidence Interval for 

Differenceb 

Lower Bound Upper Bound 

Male Female ,472* ,228 ,041 ,020 ,924 

Female Male -,472* ,228 ,041 -,924 -,020 

Based on estimated marginal means 

*. The mean difference is significant at the ,05 level. 

b. Adjustment for multiple comparisons: Bonferroni. 

 

Univariate Tests 

Dependent Variable:   I tried to fill both parts of the cart equally   

 
Sum of 

Squares df 

Mean 

Square F Sig. 

Partial Eta 

Squared 

Noncent. 

Parameter 

Observed 

Powera 

Contras

t 
6,140 1 6,140 4,282 ,041 ,036 4,282 ,537 

Error 166,329 116 1,434 
     

The F tests the effect of Gender. This test is based on the linearly independent pairwise comparisons among the 

estimated marginal means. 

a. Computed using alpha = ,05 

 

 

5. Which partitioning did the participant receive? * Did the participant receive 

information about the partitioning? 

 

Dependent Variable:   I tried to fill both parts of the cart equally   

Which partitioning 

did the participant 

receive? 

Did the participant 

receive information 

about the 

partitioning? Mean 

Std. 

Error 

95% Confidence 

Interval 

Lower 

Bound 

Upper 

Bound 

30/70 Information 2,293a ,216 1,864 2,721 



 

CLXXIV 

 

No Information 2,837a ,230 2,381 3,293 

50/50 Information 3,048a ,225 2,602 3,495 

No Information 3,009a ,232 2,549 3,469 

a. Covariates appearing in the model are evaluated at the following values: Age = 

50,8254, I am commited to healthy food = 4,1270. 

 

 

6. Which partitioning did the participant receive? * Gender 

Dependent Variable:   I tried to fill both parts of the cart equally   

Which partitioning did the 

participant receive? Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

30/70 Male 2,579a ,248 2,087 3,070 

Female 2,551a ,196 2,163 2,939 

50/50 Male 3,487a ,262 2,967 4,007 

Female 2,570a ,185 2,204 2,937 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, I am 

commited to healthy food = 4,1270. 

 

 

7. Did the participant receive information about the partitioning? * Gender 

Dependent Variable:   I tried to fill both parts of the cart equally   

Did the participant receive 

information about the 

partitioning? Gender Mean Std. Error 

95% Confidence Interval 

Lower Bound Upper Bound 

Information Male 3,025a ,251 2,528 3,522 

Female 2,316a ,189 1,942 2,690 

No Information Male 3,040a ,267 2,511 3,570 

Female 2,805a ,192 2,426 3,185 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, I am 

commited to healthy food = 4,1270. 

 

 

8. Which partitioning did the participant receive? * Did the participant receive information about the 

partitioning? * Gender 

Dependent Variable:   I tried to fill both parts of the cart equally   

Which partitioning did 

the participant receive? 

Did the participant 

receive information 

about the partitioning? Gender Mean 

Std. 

Error 

95% Confidence Interval 

Lower 

Bound 

Upper 

Bound 

30/70 Information Male 2,419a ,338 1,750 3,087 
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Female 2,167a ,271 1,630 2,703 

No Information Male 2,739a ,368 2,009 3,468 

Female 2,936a ,279 2,383 3,489 

50/50 Information Male 3,631a ,364 2,910 4,353 

Female 2,466a ,262 1,947 2,984 

No Information Male 3,342a ,381 2,588 4,096 

Female 2,675a ,263 2,155 3,195 

a. Covariates appearing in the model are evaluated at the following values: Age = 50,8254, I am commited to 

healthy food = 4,1270. 

 

 

 

 

 

 

Profile Plots 
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USE ALL. 

COMPUTE filter_$=(Condition<5). 

VARIABLE LABELS filter_$ 'Condition<5 (FILTER)'. 

VALUE LABELS filter_$ 0 'Not Selected' 1 'Selected'. 

FORMATS filter_$ (f1.0). 

FILTER BY filter_$. 

EXECUTE. 

T-TEST GROUPS=Partitioning(1 2) 

  /MISSING=ANALYSIS 

  /VARIABLES=Equal_Allocation 

  /CRITERIA=CI(.95). 

 

EQUAL ALLOCATION T-Test: 30/70 VS 50/50 

 

Notes 

Output Created 20-MAY-2017 19:30:52 
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Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter Condition<5 (FILTER) 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
127 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST GROUPS=Partitioning(1 2) 

  /MISSING=ANALYSIS 

  /VARIABLES=Equal_Allocation 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,00 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Which partitioning 

did the participant 

receive? N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I tried to fill both 

parts of the cart 

equally 

30/70 63 2,5556 1,24146 ,15641 

50/50 
63 2,8730 1,25070 ,15757 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

taile

d) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 
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I tried to fill both 

parts of the cart 

equally 

Equal variances 

assumed 
,052 ,819 -1,430 124 ,155 -,31746 ,22202 -,75690 ,12198 

Equal variances 

not assumed 

  
-1,430 123,993 ,155 -,31746 ,22202 -,75690 ,12198 

 

T-TEST GROUPS=Gender(1 2) 

  /MISSING=ANALYSIS 

  /VARIABLES=Equal_Allocation 

  /CRITERIA=CI(.95). 

 

 

EQUAL ALLOCATION T-Test: MALE VS FEMALE 

Notes 

Output Created 20-MAY-2017 19:35:11 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter Condition<5 (FILTER) 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
127 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST GROUPS=Gender(1 2) 

  /MISSING=ANALYSIS 

  /VARIABLES=Equal_Allocation 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,03 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 
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Gender N Mean Std. Deviation Std. Error Mean 

I tried to fill both parts of the 

cart equally 

Male 45 2,9778 1,33976 ,19972 

Female 81 2,5679 1,18256 ,13140 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I tried to fill both 

parts of the cart 

equally 

Equal variances 

assumed 
,404 ,526 1,777 124 ,078 ,40988 ,23066 -,04667 ,86642 

Equal variances 

not assumed 

  
1,714 81,894 ,090 ,40988 ,23907 -,06571 ,88546 

 

T-TEST GROUPS=PART_GENDER(1 2) 

  /MISSING=ANALYSIS 

  /VARIABLES=Equal_Allocation 

  /CRITERIA=CI(.95). 

 

EQUAL ALLOCATION T-Test: 30/70 MALE VS 50/50 MALE 

Notes 

Output Created 20-MAY-2017 19:40:17 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter Condition<5 (FILTER) 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
127 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 



 

CLXXX 

 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST GROUPS=PART_GENDER(1 

2) 

  /MISSING=ANALYSIS 

  /VARIABLES=Equal_Allocation 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,03 

Elapsed Time 00:00:00,03 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*GENDER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I tried to fill both 

parts of the cart 

equally 

30/70 male 24 2,5417 1,35066 ,27570 

50/50 male 
21 3,4762 1,16701 ,25466 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I tried to fill both 

parts of the cart 

equally 

Equal variances 

assumed 
1,372 ,248 -2,465 43 ,018 -,93452 ,37905 -1,69895 -,17009 

Equal variances 

not assumed 

  
-2,490 42,996 ,017 -,93452 ,37532 -1,69143 -,17762 

 

T-TEST GROUPS=PART_GENDER(2 4) 

  /MISSING=ANALYSIS 

  /VARIABLES=Equal_Allocation 

  /CRITERIA=CI(.95). 
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EQUAL ALLOCATION T-Test: 50/50 MALE VS 50/50 FEMALE 

Notes 

Output Created 20-MAY-2017 19:41:40 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter Condition<5 (FILTER) 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
127 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST GROUPS=PART_GENDER(2 

4) 

  /MISSING=ANALYSIS 

  /VARIABLES=Equal_Allocation 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,02 

Elapsed Time 00:00:00,02 

 

 

Group Statistics 

 Grouping variable 

for T-test: 

PART*GENDER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I tried to fill both 

parts of the cart 

equally 

50/50 male 21 3,4762 1,16701 ,25466 

30/70 female 
39 2,5641 1,18754 ,19016 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 
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F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I tried to fill both 

parts of the cart 

equally 

Equal variances 

assumed 
,250 ,619 2,855 58 ,006 ,91209 ,31952 ,27250 1,55168 

Equal variances 

not assumed 

  
2,870 41,698 ,006 ,91209 ,31783 ,27055 1,55362 

 

 

EQUAL ALLOCATION: T-Test 50/50 MALE VS 30/70 FEMALE 

Notes 

Output Created 23-MAY-2017 19:27:52 

Input Data \\Client\C$\Users\eva\Documents\2016

-2017\Master 

Thesis\MASTERPROEF_EVA_WOUT

ER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User defined missing values are treated 

as missing. 

Cases Used Statistics for each analysis are based 

on the cases with no missing or out-of-

range data for any variable in the 

analysis. 

Syntax T-TEST GROUPS=PART_GENDER(2 

4) 

  /MISSING=ANALYSIS 

  /VARIABLES=Equal_Allocation 

  /CRITERIA=CI(.95). 

Resources Processor Time 00:00:00,00 

Elapsed Time 00:00:00,01 

 

 

Group Statistics 
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 Grouping variable 

for T-test: 

PART*GENDER N Mean 

Std. 

Deviation 

Std. Error 

Mean 

I tried to fill both 

parts of the cart 

equally 

50/50 male 21 3,4762 1,16701 ,25466 

30/70 female 
39 2,5641 1,18754 ,19016 

 

 

Independent Samples Test 

 

Levene's Test for 

Equality of Variances t-test for Equality of Means 

F Sig. t df 

Sig. 

(2-

tailed) 

Mean 

Differenc

e 

Std. Error 

Differenc

e 

95% Confidence 

Interval of the 

Difference 

Lower Upper 

I tried to fill both 

parts of the cart 

equally 

Equal variances 

assumed 
,250 ,619 2,855 58 ,006 ,91209 ,31952 ,27250 1,55168 

Equal variances 

not assumed 

  
2,870 41,698 ,006 ,91209 ,31783 ,27055 1,55362 

 

T-TEST GROUPS=PART_GENDER(2 4) 

  /MISSING=ANALYSIS 

  /VARIABLES=Equal_Allocation 

  /CRITERIA=CI(.95). 

FILTER OFF. 

USE ALL. 

EXECUTE. 

CROSSTABS 

  /TABLES=Photo_Validation BY Condition 

  /FORMAT=AVALUE TABLES 

  /STATISTICS=CHISQ PHI 

  /CELLS=COUNT EXPECTED COLUMN 

  /COUNT ROUND CELL. 

 

7.3.12 Crosstabs for photo validation and condition 
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Crosstabs: PHOTO VALIDATION AND CONDITION 

Notes 

Output Created 20-MAY-2017 19:45:29 

Input Data \\Client\C$\Users\Wouter\Documents\1

_Marketing 

Master\Thesis\MASTERPROEF_EVA_

WOUTER_FINAAL.sav 

Active Dataset DataSet1 

Filter <none> 

Weight <none> 

Split File <none> 

N of Rows in Working Data 

File 
160 

Missing Value Handling Definition of Missing User-defined missing values are treated 

as missing. 

Cases Used Statistics for each table are based on all 

the cases with valid data in the specified 

range(s) for all variables in each table. 

Syntax CROSSTABS 

  /TABLES=Photo_Validation BY 

Condition 

  /FORMAT=AVALUE TABLES 

  /STATISTICS=CHISQ PHI 

  /CELLS=COUNT EXPECTED 

COLUMN 

  /COUNT ROUND CELL. 

Resources Processor Time 00:00:00,03 

Elapsed Time 00:00:00,02 

Dimensions Requested 2 

Cells Available 349496 

 

 

Case Processing Summary 

 

Cases 

Valid Missing Total 

N Percent N Percent N Percent 

Did the participant follow the 

partitioning? * Which 

condtion did the respondent 

receive 

160 100,0% 0 0,0% 160 100,0% 
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Did the participant follow the partitioning? * Which condtion did the respondent receive Crosstabulation 

 

Which condtion did the respondent receive 

Total 

30/70 with 

info 

30/70 without 

info 

50/50 with 

info 

50/50 without 

info 

Control 

condition 

Did the participant follow 

the partitioning? 

Used Count 27 10 21 6 0 64 

Expected Count 13,2 12,4 12,8 12,4 13,2 64,0 

% within Which condtion 

did the respondent 

receive 

81,8% 32,3% 65,6% 19,4% 0,0% 40,0% 

Not Used Count 5 20 10 24 0 59 

Expected Count 12,2 11,4 11,8 11,4 12,2 59,0 

% within Which condtion 

did the respondent 

receive 

15,2% 64,5% 31,3% 77,4% 0,0% 36,9% 

Reversed Used Count 1 1 1 1 0 4 

Expected Count ,8 ,8 ,8 ,8 ,8 4,0 

% within Which condtion 

did the respondent 

receive 

3,0% 3,2% 3,1% 3,2% 0,0% 2,5% 

Not Applicable Count 0 0 0 0 33 33 

Expected Count 6,8 6,4 6,6 6,4 6,8 33,0 

% within Which condtion 

did the respondent 

receive 

0,0% 0,0% 0,0% 0,0% 100,0% 20,6% 

Total Count 33 31 32 31 33 160 

Expected Count 33,0 31,0 32,0 31,0 33,0 160,0 

% within Which condtion 

did the respondent 

receive 

100,0% 100,0% 100,0% 100,0% 100,0% 100,0% 

 

Chi-Square Tests 

 
Value df 

Asymptotic 

Significance (2-

sided) 

Pearson Chi-Square 201,600a 12 ,000 

Likelihood Ratio 198,238 12 ,000 

Linear-by-Linear 

Association 
86,289 1 ,000 

N of Valid Cases 160 
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a. 5 cells (25,0%) have expected count less than 5. The minimum 

expected count is ,78. 

 

Symmetric Measures 

 
Value 

Approximate 

Significance 

Nominal by Nominal Phi 1,122 ,000 

Cramer's V ,648 ,000 

N of Valid Cases 160 
 

 

 

 

 


